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ABSTRACT

REACHABLE SET COMPUTATION AND ANALYSIS FOR PERTURBED
LINEAR SYSTEMS

PRABHJEET SINGH ARORA, M.S.

The University of Texas at Arlington, 2018

Supervising Professor: Dr. Kamesh Subbarao

Determination of the set of all possible states, which a system can attain, plays
an important role in safety for critical application. Prior knowledge of this set for
the complete run-time provides critical information about how a system may evolve,
providing accurate information of all the states, which could violate constraints. The
knowledge of these states, helps in estimating control input, which can control the
system, such that, these states are eliminated from the reachable set.

Computation of reachable set of a dynamic system for a set of initial conditions
can be easily performed, provided the analytical solution of the system for all initial
conditions can be obtained. However, obtaining analytical solutions for nonlinear
systems is a non-trivial task. Therefore, numerical methods are constructed, to obtain
approximate solutions for these systems.

Owing to the recent advancements in computational technology, it is now pos-
sible to tackle nonlinear systems using numerical methods. The reduction in compu-
tational errors and the increase in the rate of computation have enhanced the quality

of results obtained from discrete approximations of continuous systems. The iterative



property of these discrete approximations can be implemented in the form of algo-
rithms. These algorithms, in turn, compute precise numerical solutions of systems
for which analytical solutions are otherwise difficult to obtain.

The primary objective of this thesis is to formulate and construct algorithms to
compute reachable sets for linear systems and extending these algorithms to compute
reachable sets for linear systems with perturbations. The secondary objective is to
apply and verify the algorithms on a real-world application, previously studied in the
open literature, and to discuss the results obtained.

The computation of a reachable set is carried out in MATLAB® and the com-
puted reachable sets for representative mathematical models of dynamic systems are

presented and different ideas of reachable states are discussed.

vi
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CHAPTER 1
INTRODUCTION

1.1 Motivation and Background

Mathematical modelling has been a significant and an important tool for progress
in various fields. “Seven Bridges of Konigsberg”, is one of the most notable examples
of this. The problem, after being solved by Leonhard Euler, gave rise to Graph Theory
and laid foundation for Topology. The problem also gives a very abstract idea about
reachability, “Given, 7 bridges connecting 4 lands around the city of Konigsberg in
Prussia (“System”). Is there a way to start from any of the lands (“Initial Condition”)
and go through each of the bridges once and only once?(“Reachability?”)”. With the
recent progress in mathematical modelling and computational technology, analysis of
various properties of system has become easier. These properties are related to the
states of the system, more specifically ‘dynamic systems’. These states are primarily
defined as points in a normed vector space. Knowledge of all the possible values of
these states for various initial conditions and applied inputs can be used in effective

utilization of the systems.

The Reachable Set is the set of all possible values a state can take, for a given
dynamic system, subject to the constraints over control input and the states. On the
other hand, Positive Invariant Set is the set of all possible states, which can be prop-
agated without violating state constraints. Various physical systems are represented
by mathematical models to acquire information of the states these physical systems

can attain. A survey paper written by F. Blanchini [1], describes the extensive re-



search, which has been carried out to compute various invariant sets. While, other
survey paper written by Oded Maler [2], compiles the research which has been carried

out in the field of reachable sets.

The theory of reachable sets is extensively used in the context of unmanned
vehicle systems. One of the primary intentions of the study is Collision Avoidance
([3],4],[5]) and Obstacle Avoidance [6] - where computing the Reachable Set is used for
confirming safety. Motion Planning [7] - utilises computation of optimal reachable set
for effective planning. Interaction between multiple unmanned vehicles ([8],[9],[10]) -
building upon a network of reachable sets and performing tasks related to cooperative
control. Error Tracking for robust control ([11],[12]) - computation of forward reach-
able set of errors are carried out to estimate the actual state with respect to desired
state. However, the extension of this theory is being carried into other research fields,
as well. “Computing the Projected Reachable Set of Stochastic Biochemical Reaction
Networks Modeled by Switched Affine Systems”, by F. Parise, M. E. Valcher and J.
Lygeros [13], and “Predicting Voltage Instability of Power System via Hybrid System
Reachability Analysis”, by Y. Susuki and T. Hikihara [14] are two of the examples of

such extensions of the theory of reachable set into different application areas.

Recently, the study of computing reachable sets has received a significant im-
petus. New procedures and methods are being developed by extending the notion
of a reachable state to fit different schema. These methods are based on level set
methods [15], stochastic approach to reachable sets [10], flow-pipe based reachable
sets [16], polyhedral set based reachable sets ([17],[18],[19]) and ellipsoidal set meth-

ods ([20],[21]). In this thesis polyhedral and ellipsoidal based approaches will be



looked into.

The progress is not only being carried out by building various methods, but also
by refining the computation methods and reducing approximation errors. These re-
searches primarily centralize around linear systems while focusing upon other aspects
of reachable set computation. These aspects include truncation errors from approx-
imating continuous system equations to discrete system equations, and to increase
efficiency in the computation of a reachable set for the system ([22],[23],[24]). A brief

discussion over the truncation errors will be carried out in this thesis.

1.2 Outline

This thesis will encapsulate multiple methods of computation of reachable sets
and invariant sets. These methods of computation will be built for two types of sets,
namely, Polyhedral Sets and Ellipsoidal Sets. The mathematical formulation of these
sets will be done for the linear systems and the algorithms will be built based upon the
mathematical formulation. The algorithms will then be extended over to perturbed
systems. Consequently, the reachable set will be computed for various systems and
comparison of algorithms will be made. A concise preview of each chapter is given
below -

e Chapter-2 Mathematical Preliminaries - This chapter will primarily focus
upon various definitions and theorems. Discussion will highlight the stability of
discrete approximation of continuous systems.

e Chapter-3 Problem Statements - This chapter will comprise of a brief dis-
cussion of the problem statements. It will provide an outlook over the structure

of this thesis.



e Chapter-4 Solution Methodology - Mathematical formulation of reachable
set and invariant set will be done for linear systems. Algorithms will be provided
to compute these sets. Conditions of controllability will be derived for perturbed
systems. The algorithms will be extended to compute reachable and invariant
sets for perturbed systems. Utilising these theories, computation of forward
reachable sets for a multi-rotor problem will be carried out.

e Chapter-5 Application, Results and Discussion - Results for all the prob-
lems stated in Chapter-3 will be stated and observed. A brief discussion will be
carried out tying up the observations.

e Chapter-6 Summary and Conclusion - A concise review of the results and
methods will be carried out. Concluding remarks will be made.

e Chapter-7 Future Work - Prospective notions for extending the methods

and procedure will be debated upon.



CHAPTER 2
MATHEMATICAL PRELIMINARIES

The definitions and theorems which shall be used for the entirety of the thesis,
are discussed in this chapter. This way the discussion of a specific topic will not
divert into explaining the preliminaries.

The chapter is divided into four sections for clarity. The sections are shown below:
1. Functional Analysis Preliminaries - Definition of norms and other matrix prop-
erties will be discussed.
2. Set Terminology - Basic literature of sets will be discussed
3. Mathematical model of Dynamic Systems - Various dynamic model and method
of discretization will be discussed.
4. Controllable, Reachable and Invariant Sets - All the definitions needed for com-

putation of Reachable Sets will be discussed.

2.1 Functional Analysis Preliminaries

These definitions are common preliminaries in functional analysis and can be
found in [25],[26]. Thus, the discussion will mostly be done on the topic which needs
specific attention.
Definition 2.1. (Normed metric spaces or Banach spaces) Let X denote a linear
space over R or C. A norm in X is a real valued function: X — R, denoted as x|,

for every x € X, with the following properties,



1. Positivity,
IIx|| >0 if, x#0; ||x]|=0 if, x=0 (2.1)
2. Homogenity, for all a € R,
[lox|| = [ [Ix]| (2.2)
3. Subadditivity,
Ix+yll <lxl+lyll, vx,y € X (2.3)

Example 2.1. (Norms) For any vector, x € X, following are some example of norms,

n

%[l = Z |24 (1-norm)

=1

Ixl[2 = \ Z |22 (Euclidean norm)
i=1
Ixll, = i Z |:iP (p-norm for p > 1)
i=1
00 = i infinit
[} {i:111,12ii-}f,n} |2 (infinity norm)
Remark 2.1. In all the upcoming sections of this thesis, || - |2 will be denoted as,

- 1-
Definition 2.2. (Induced Matriz Norms) Let, A : X — Y be a bounded linear map

of one Banach space X into another Banach space Y, defined as A(x) = Ax. The

induced matrix norm, ||Al|,, is defined as,

Ax
1Al = sup 12Xl
Ixlizo 1%l

For all x € X.



Alternately,

[A]l, = sup [[Ax]], (2.5)

lIxll=1
Definition 2.3. (Condition Number) For any invertible matrix, A € R"*", the con-

dition number, k(A), is defined as,
K(A) = [|A[|ATY]

Definition 2.4. (Resolvent set and Spectrum)
1. The Resolvent set of A : X — Y consists of, A\ € C for which, [A\I — A] is
invertible. The resolvent set is denoted by, p(A).
2. The Spectrum of A : X — Y consists of, A\ € C for which, [\I — A] is not
invertible. The spectrum is denoted by, o(A).
Theorem 2.1. (Gelfand’s Theorem) Let, A : X — Y be a bounded linear map of
one Banach space X into another Banach space Y. Then,
1. The spectrum o(A) is a closed, bounded, non-empty set in C.
2. The Spectral Radius of A, denoted as |o(A)|, is defined as,

A)= m A 2.6
7(A)] = max |\ 26)
Thus,
lo(A)| = lim A"/ (2.7)
n—oo

Proof of this theorem can be found in [25].
Theorem 2.2. (Gronwall’s Inequality) Let {z,}5%,, {an}s>, and {b,}22, be se-

quence of real numbers with b, > 0, which satisfy,

n—1
xngan—l—ijxj, n=ng,ng+1,- - (2.8)

j=no



For any integer N > ng, let S(ng, N) = {k where xk(Hﬁ;io(l—i-bj))_l is maximized in {ng,--- , N}.

Then, for any 6 € S(ng, N),

k—1
v < ag [J(1+05) (2.9)
Jj=no
In particular,
k—1
xn, <min{ag : 0 € S(ng, N)} H (1+b;) (2.10)
J=no

Proof of this theorem can be found in [27].

2.1.1 Boundedness of Norm of Matrix Powers

The discrete systems are iterative mappings of vector xy (xo € X). The map-
ping function ®, also known as State Transition Matriz (discussed later), is used to
map X to another vector x;. The vector x; is again mapped to X, using the same
matrix ®. Iterating this k times implies, that vector x, was mapped to x; using the
matrix, ®*. Thus, to assure that vector x; remains bounded, ||®*|| is required to be
bounded.
(See [28] for more details.)
The topics which shall be discussed are - behaviour of norm of non-normal matrix
powers, and the upper bound of norm of matrix powers.

Behaviour of Norm of Non-Normal Matrix Powers - To study this topic, two matrices

will be considered and the behaviour of their norms will be compared. The matrices

that are considered are shown below,

097 0 0 1 —01 0
Ai=]0 08 0| andAy=1| 0 1 —01 (2.11)
0 0 06 —04 02 04



The behaviour of norm for ||A}|| and ||A%|| show a huge difference. The difference

being, ||A%|| shows an oscillating nature, while, ||A¥|| has a strict decreasing nature.

Behaviour of Norm of Normal Matrix Powers

Behaviour of Norm of Non-normal Matrix Powers

Value of Norm vs Power k

K|
Ll

I
IIA.

Value of Norm vs Power k

50

I
100

150

(a) Norm of matrix Aj - ||A¥||

. . . . . 0 . .
200 250 300 350 400 450 500 0 50 100
Power k

Figure 2.1: Behaviour

L
150

. . .
200 250 300
Matrix Power k

of Norm of Matrix Powers

I
350

I
400

(b) Norm of matrix Ay - ||AK]|

I
450

500

This implies that the usage of ||A*|| < ||A|*, becomes useless for non-normal

matrices and another method to upper bound these matrices is necessary.

Remark 2.2. The matrix As is chosen in such a manner, because most of the matrices

that will be dealt with are of this kind. For example, Euler 1-step discretization

obtained from a continuous dynamical system,

where,

Ay, =13+ AaAtL

0 -1 0
AaAt=|0 0o -=1/0.1
-4 2 -6

A A are the type of matrices a normal system produces.

9



Upper Bound of Norm of Matrix Powers - Using Gelfand’s Theorem, it can be as-

serted that, norm of matrix powers tend to 0 if spectral radius is less than 1. How-
ever, a substantial amount of research has been performed to study e-pseudospectra
([29],[30]) of the matrices. The conclusion being, these matrices can be upper bounded

in the following manner,

|A%]| < Mlo(A)[* (2.12)

where, M > 1 and |0(A) = |0(A)| + ¢ where ¢ > 0, and o(A). belongs to e-
pseudospectra of A.

The upper bounds of the same matrices mentioned in eqn.(2.11) are shown below,

Upper Bound of Norm of Matrix Powers Upper Bound of Norm of Matrix Powers

3.5

T T T
Value of Norm vs Power k Value of Norm vs Power k
O  Upper Bound O  Upper Bound

o
©

o
3
=

25

o
J

o
>

Iland Mio(A,) I*
o .
&
;
Il and Mio(A,) I*

k
1
o
IS

k
2

1A
1A

o o
) w

o

o

. . . . . | | T
0 50 100 150 200 250 300 350 400 450 500 0 50 100 150 200 250 300 350 400 450 500
Power k Matrix Power k

(a) Upper Bound of - || A¥|| (b) Upper Bound of - || A%||

Figure 2.2: Upper Bound of Norm of Matrix Powers

2.2 Set Terminology

All the definitions provided in this section are derived from ([31],[32]).

10



Definition 2.5. (Convex Set) A set S C R" is said to be convex if for all x;,x2 € S,
ax;+(l—a)xs €S, 0<a<l (2.13)

Definition 2.6. (Convexr Hull) For a given set, S, the convex hull is defined as the

smallest convex set containing S.

2.2.1 Set Operations for Convex Sets
Definition 2.7. (Set Scaling) Let, A € R" and o € R. Then, the scaled set of A

denoted by set, aA, is defined as,
aAd ={x=aa; Vaec A} (2.14)

Definition 2.8. (Set Addition/Minkowski Sum) Let, A, B € R"™. Then, the Minkowski

sum be denoted by set, C = A ® B, is defined as,
C={x=a+b: Vac A behB} (2.15)

Definition 2.9. (Set Subtraction/Erosion) Let, A, B € R™. Then, the erosion of A

w.r.t. B be denoted by set, D = A6 B, is defined as,

D={x: x+be A, VYbeB} (2.16)

2.2.2  Set Types

The type of sets which will be used in further discussion are - H-polytope,
V-polytope, Zonotope, and Ellipsoidal Sets.
Definition 2.10. (Halfspace) Let, H € R™" and h € R, then a halfspace in R" is a

set X, defined as,

X ={xeR": Hx<h} (2.17)

11



Definition 2.11. (Polyhedral Set) A polyhedral set is the intersection of finitely
many halfspaces. Let, H € R™*" and h € R™, then a polyhedral set in R" is a set

X, defined as,
X ={xeR": Hx <h} (2.18)

Definition 2.12. (Polytope)A bounded polyhedral set is called polytope.
Remark 2.3. Polytopes are divided into two types: H-polytope, which are poly-
tope defined using halfspaces and V-polytope, which are defined using vertices of a
polytope.
Remark 2.4. The initial set of states x and inputs u will be chosen as polytopes,
unless specified otherwise. For x the polytope set will be represented as X and for u
the polytope set will be represented as U.
Definition 2.13. (Zonotope) A zonotope is a set such that,
p
Z={xeR": x=c+) ao'g’, —1<a' <1} (2.19)
i=1
with ¢, g!,---,g? € R". The order of the zonotope is defined as P and the short
notation is, Z = {c,g', -+ ,g?}.[18, 19]
Definition 2.14. (Ellipsoidal Set) Let, P € R™*™ be a positive definite matrix and

c € R” be the center, then the Ellipsoidal Set, denoted by &, is defined as,

E={xeR": (x—c)'/P(x—c) <1} (2.20)

12



2.3  Mathematical Model of Dynamic System
2.3.1 Linear Dynamic System
The mathematical model of a SIMO linear time invariant (LTI) system, defined

in continuous time domain is,

x(t) = Ax(t) + Bu(t)
(2.21)
y(t) = Cx(t) + Du(t)
where: x(t) € X C R", u(t) € U, A € R™" B € R y(t) € R’, C € R™™,
D € RP*!. Assuming that the entire state is accessible, we note, C = I, (i.e,
I’fl — Inxrn) and D — Ole‘
The mathematical model of corresponding linear time invariant system, defined

in discrete time domain is,
Xk+1 = (I)Xk + I‘uk (222)

where, x, € X, up, €U, P € R, T, € R

2.3.2 State Transition Matrix

For the LTI system described in eqn.(2.21), with input u(¢) = 0, and initial
condition xg = x(ty) € X, the map, ® : X xR, xR, — X, maps X, to x(t) € X. The
matrix ®(t,ty) is defined as state transition matrix for dynamic system in continuous

time domain.

Remark 2.5. The state transition matrix satisfies the following differential equation,

D(t,t0) = A®(t,t0) ;  P(lo,to) =1
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For the linear system described in eqn.(2.22), with input u; = 0, Yk € N, the

map, ® : X — X, maps x; € X to x11 € &,
Xk+1 = @Xk (224)

Definition 2.15. (Kalman Controllability Criterion) - An event (¢,x) is controllable
iff it can be transferred to 0 in finite time by an appropriate choice of the input
function wu(t).[33]

Further discussion, over these topics, is carried out in depth in ([34],[33]).

2.3.3 Perturbed Dynamic System

Mathematical model of a Non-Linear Dynamic System - Let, f : X xU xR, xR, —

X, then the mathematical model of a dynamic system in continuous time is shown

below,
x(t) = f(x,u,t,tg) (2.25)

Mathematical model of Non-Linear Dynamic System Affine in Input - Let, f : X x

R, xRy — X, and gou : U — X, then the mathematical model of the non-linear

dynamic system affine in input in continuous time domain is shown below,
x(t) = f(x,t,to) + g(x,t,to)u(t) (2.26)

Perturbed Linear Dynamic Systems - Let, A : X - X, B: U — X, and f : X X

R, xR, — X, then the mathematical model of perturbed linear dynamic system in

continuous time domain is shown below,
x(t) = Ax(t) + Bu(t) + f(x,t, o) (2.27)

The function f(x,¢,ty), which shall be taken into consideration will be Lipschitz Con-

tinuous.
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Definition 2.16. (Lipschitz Continuity) The function, f : R” x R — R", is globally
Lipschitz, if and only if there exists a piecewise continuous function ¢ : R — R, if

for all x;,x5 € R" |, t € R,
I (x1, 1) — £(x2, )] < £(1)][x1 — x2| (2.28)

The types of functions that will be dealt with, are time independent. Thus, the
definition shall be used appropriately with those functions. The function, f : R” —

R", is locally Lipschitz, iff there exists ¢ € R, , for all x1,x5 € R",
£ (x1) = £(x2)|[ < €]Jx1 — x2| (2.29)

The dynamic system equation for perturbed system which shall be used is shown

below,

x(t) = Ax(t) + Bu(t) + £(x) (2.30)

2.3.4 Euler 1-step Discretization
The systems that shall be discussed in this thesis are continuous systems, which
shall be discretized using Euler 1-step discretization. For example, the system given

in eqn.(2.30), will be discretized using time step At as,

Xk%;}(k = Ax; + By, +f(xx) = xp1 = T+ AA)x;, + BAtuy, + f(x;) At

Additional discussion over this type of discretisation can be found in [35].

This discretization contains truncation errors, but, aside from truncation errors, the
stability of the system is also affected. The choice of At affects the spectral radius of
the discrete state transition matrix. This implies that, while discretizing, an appro-
priate time step needs to be chosen. For example, a stable system will be taken and

discretized using At; = 0.1s and Aty = 0.01s and simulated for total time 7" = 5s
15



and their norms will be compared over time. The norms give proof of existence of a
unit vector which may go unbounded if mapped using the unstable discrete transition

matrix. The continuous system matrix A, shall be taken as,

0 1
A_:

—-25 =25
This is used to obtain, ®; = I, + AAt; and @5 = I, + AA#,.

Stability for A t, = 0.01s

. Unstability for A t, =0.1s
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(a) Unstable for At =0.1s (b) Stable for At = 0.01s

Figure 2.3: Comparing Stability of Euler 1-step Discretized systems for different time
step.

Thus, the choice over time step must be made so that, the stability of the system
is not compromised Additional information on discretization affecting stability can

be found in ([36],[37]).

2.4 Controllable, Reachable and Invariant Sets
The definitions mentioned in this section are adopted from [38],[32],[39].

Two types of systems, will be used for the following definitions:
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1. Autonomous System -
Xp1 = 8a(Xk) (2.31)
2. Systems subject to external inputs -
Xg+1 = g(Xk, uk) (232)
Both the systems are subject to state and input constraints -

XkEX, ukEZ/I, vk >0 (233)

xo = x(0) and ug = u(0). The sets X and U are polyhedral sets. Let, S C X, be a
set of initial states.
Definition 2.17. (Precursor set for autonomous system) For the autonomous system

(2.31), the precursor set to the set S is denoted as,
Pre(S) = {x € R" : g.(x) € S}

Definition 2.18. (Precursor Set) For the system (2.32), the precursor set to the set

S is denoted as,
Pre(S) ={x € R" : Juel s.t. g(x,u) € S}

Definition 2.19. (Successor set for autonomous system) For the autonomous system

(2.31), the successor set from the set S is denoted as,
Suc(S) = {x e R" : 3Ix(0) € S s.t. x =g,(x(0))}

Definition 2.20. (Successor Set) For the system (2.32), the successor set from the

set § is denoted as,

Suc(S) ={x e R" : Ix(0) € S, Fu(0) e U s.t. x = g(x(0),u(0))}
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Remark 2.6. Pre(S) and Suc(S) are also called “One-step backward reachable set”
and “One-step forward reachable set”, respectively.

Definition 2.21. (N-Step Controllable Set Kn(S)) For a given target set S C X, the
N-step controllable set Cn(S) of the system (2.31), (2.32) subject to the constraints

2.33 is defined recursively as:
K(S) = Pre(K;1(S)) N X, Ko(S) =S, je{l,- N}

Definition 2.22. (N-Step Reachable Set R (X)) For a given initial set Xy C X, the
N-step reachable set Ry (Xy) of the system (2.31), (2.32) subject to the constraints

2.33 is defined as:
RiJrl(XO) = SUC<R1(X0)) M X, R()(Xo) = .)('0, 9, = O, 1, e ,N -1

Definition 2.23. (Positive Invariant Set) A set O C X is said to be positive invariant

set for the autonomous system (2.31) subject to constraints in (2.33), if
xp €0 = gu(xx) €0, VkeN,.

Definition 2.24. (Mazimal Positive Invariant Set O.) The set O, C X is the
maximal positive invariant set of the autonomous system (2.31) subject to constraints
in (2.33), if O is invariant and O, contains all the invariant sets contained in X

Definition 2.25. (Control Invariant Set) A set C C X is said to be control invariant

set for the system (2.32) subject to constraints in (2.33), if
x €C = Fu, €U = g(xp,u,) €C, VkeN,.

Definition 2.26. (Mazimal Control Invariant Set C,) The set Co, € X is the max-
imal control invariant set of the system (2.32) subject to constraints in (2.33), if Co,

is control invariant and C., contains all the control invariant sets contained in X.
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Two types of systems, will be used for the following definitions:

1. Autonomous System -
X1 = Ba(Xp, Wi) (2.34)

2. Systems subject to external inputs -
Xp+1 = 8(Xps Uk, W) (2.35)
Both the systems are subject to disturbance w, with state and input constraints -
x,eX, up€lU, wpeW, Vk>0 (2.36)

xo = x(0) and ug = u(0). The sets X', U and W are polyhedral sets.
Definition 2.27. (Robust Positive Invariant Set) A set O C X is said to be robust

positive invariant set for the autonomous system (2.34) subject to constraints in

(2.36), if
X €O = x,€0, Vw,e W, Vk€N+.

Definition 2.28. (Mazimal Robust Positive Invariant Set Oy) The set Oy, C X is
the maximal robust positive invariant set of the autonomous system (2.34) subject
to constraints in (2.36), if O is robust invariant and O contains all the robust
invariant sets contained in X

Definition 2.29. (Robust Control Invariant Set) A set C C X is said to be robust

control invariant set for the system (2.35) subject to constraints in (2.36), if
xp €C = Jup, el = g(xp,ur, wi) €C, Vwr, €W, VkeN,.

Definition 2.30. (Mazimal Robust Control Invariant Set C,) The set Coo C X is
the maximal robust control invariant set of the system (2.35) subject to constraints
in (2.36), if C» is robust control invariant and C, contains all the robust control

invariant sets contained in X.
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CHAPTER 3
PROBLEM STATEMENTS

Analysis of reachable set and control invariant set will be performed and a
procedure to estimate these sets will be developed for various types of systems. The
following topics will be discussed in the order provided below.

1. Maximal control invariant set for discrete system.
2. Reachable Set for LTI System.
3. Perturbed Linear System.
4. Perturbed Linear System with Compensation.
Each system will be used to build upon theory of reachable sets. Thus, the order will

be maintained for all the subsequent chapters.

3.1 Maximal Control Invariant Set for Discrete system

For an unstable system, which is controllable, the maximal control invariant set
will be determined. It will help in showing that, for an unstable system, given the
state constraint and control input constraint, what the initial set should be such that,
the states remain within the state constraints. This is done due to the constrained
control input. Unconstrained control input has no problem over any controllable
system. However once constrained, the states which can be controlled, require to be
estimated.
For this section the problem has been derived from [38]. The reason for taking this

problem is to begin the discussion over computation of invariant set and to extend
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this topic for perturbed system.

The system considered is in discrete state space form, and is shown below,

1.5 0 1
Xk+1 — X + Up (31)
1 —15 0

This system is subject to state constraints (X) and input constraints (U), shown

below,

3.2

U={ueR: Hu<h,}

where, for the state constraints,

1 0 10

0 1 10
H, = and hy =

-1 0 10

0 -1 10

3.2 Reachable Set for LTI System

The reachable set provides us the information of whether a given system under
state and control input constraints, will ever be able to attain a desired state or a
set of states. If the desired state or set of states is contained within the reachable
set, those states are called reachable. Before proceeding with perturbed systems,
the linear dynamic system shall be discussed. The procedure of building a reachable
set will then be extended to perturbed systems. Furthermore, the maximal control

invariant set will also be formulated so as to compare it with the maximal control
21



invariant set of perturbed system.
The system discussed in this section is a Spring-Mass-Damper (SMD) system, with

the system being stable. The state equation of this system is,

T
Defining, x(t) = [m(t) Q;Q(t)} , the eqn.(3.3) can be written in state space form as,

X(t) = Ax(t) + Bu(t) (3.4)

where,

0 1 0
A= and B =
—10 =5 1
Now, for the given state and control input constraints, X C R? and & C R, the

reachable set and control invariant set for system eqn.(3.4) is to be estimated.

The state constraint set X and control input constraint set U is as shown below,

XOZ{XGR: H[)Xgho} (35)

U={ueR: H,u<h,}

where, for the state constraints,

1 0 10

0 1 10
HO - and ho =

-1 0 10

0 -1 10

and, for the control input constraints,

umax

1
H, = and h, =
-1 Umax

Various ., Will be chosen to obtain the result and will be mentioned in result section

about the choice.
22



3.3 Perturbed Linear Dynamic System

The procedure to compute reachable set and control invariant set for perturbed
system will be built upon. This will be done by extending the idea of reachable set
and control invariant set from linear systems to perturbed systems.
The system under consideration, is the same Spring-Mass-Damper (SMD) system
with additional perturbation ¢sin(xs). The state equation of this system is shown

below,

To(t) = —10x1 (t) — Hao(t) + u(t) + fsin(xq)

T T
Defining, x(t) = [m(t) $2(t):| , f(x) = [0 gsm(@)] , the eqn.(3.6) is written in

state space form,

x(t) = Ax(t) + Bu(t) + f(x) (3.7)
where,
0 1
A = and B =
—-10 -5 1

The system (3.7) is discretized using Euler 1-step discretization, with time step At
holding control input u(kAt) = uy from time kAt — (k+ 1)At. This will be the only

discretization scheme focused upon.

Xi+1 — Xk

Thus, an approximate mathematical model of the perturbed system in discrete time

is obtained.

Xpr1 = Pxp + Tuyg + f(Xk)At (38)
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where, ® = (I+ AAt), and I' = BA¢.

The function f(xy) is s.t. it is globally Lipschitz. Implying that,
[£(x1) — £(x2)|| < l[x1 — %o (3.9)

The coefficient of the perturbation sin(xs), was chosen to be stated as ¢ for the same

reason. The Lipschitz constant of sin(z) is 1, thus, sin(z) will have Lipschitz constant

l.

3.4 Perturbed Linear Dynamic System with Compensation

The same theory shall now be extended to a practical problem - Multi-rotor
System under First-order Aerodynamic Effects [12]. The aim is to estimate the outer
approximated Forward Reachable Set (FRS) for the system. The purpose for esti-
mating the outer approximated FRS rather than the exact reachable set, is to bypass
handling the rotation matrix that appears in the perturbation. Furthermore, different
sets will be used to compute and analyse the reachable sets.
For all the cases, prior to this, polytopes will be used, while in this case, ellipsoidal
sets will be focused upon. Moreover, no constraints shall be considered for the states.
The system formulation has already been done in few papers ([12],[40],[41],[42]). Thus,
the formulation will not be discussed in depth, instead the system will be described

directly. The system’s dynamic equation is shown below -
p = —ges + vz, — GGRIIR™p — ¢,RIIR™P (3.10)

.
Here, p € R?, is the position of the multi-rotor, v € R, is the input, e3 = {() 0 1} ,
Zp, is the multi-rotor body z-axis unit vector expressed in inertial frame, ¢4 € R, is
estimated coefficient of first-order aerodynamic effect, ¢; € R, is the residual error

while estimating éq, and other errors, R € R3*3, is the rotation matrix of the multi-
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rotor and, IT = I3 — ezel.

Remark 3.1. The rotation dynamics is not mentioned, because the only property of
rotation matrix, which will be utilised is - ||R|| = 1. Furthermore, ||II|| = 1, proof of

this is trivial. Thus, |RIIRT|| < 1.

Defining, e, and e, as the errors in position and velocity w.r.t. reference position,
and velocity respectively. The reference trajectory position and velocity is denoted
by, p, and p,, respectively. Therefore, e, = p — p, and e, = p — D,
The control input is designed by taking into account,

1. Feedback - Fp, = —K,ep, — K,e,.

2. Upward thrust - ges.

3. Reference acceleration - p,.

4. Compensation - ¢4p.

All these inputs are used to produce desired acceleration. The desired acceleration
is used to compute the control input, v, as normalised thrust and zy?, as the desired

thrust direction.

p* =Fp, + ges + Pr + cap

..d

d P
74 = — 3.11
v = 5] (3.1

v = (p? — éap)"zp

Using aforementioned equations (3.10, 3.11), the equation for position dynamics is
converted into set of equations of error dynamics. The position of multi-rotor is now
defined with the help of error around the reference trajectory. A set of initial errors
is considered and the forward reachable set of those initial set of errors will be de-

termined. These sets determine where the multi-rotor will be, around the reference
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position. The dynamics in error form is shown below,

é, = Igev
’ (3.12)

6 = —Kyep — Kuey + [p]lssu — ZRIIRTD
The value of |s,| < 0.052 (~ sin(3°)), this upper limit will be denoted by 5, = 0.052.

Rewriting the system (3.12), using e = |e, e,

. » 03,3
é = Ae + BJ|p?||spu — (3.13)
&RIIRTP
Here,
0 I 0
A= 7 7 (K,=10L;, K,=6L;) and B= |
K, -K, I,

Using Euler 1-step discretization, with time step At = 0.05s, eqn. (3.13) is discretized.

d 033
err1 = ey + TPy |[ssur — At (3.14)

&R IIR Py,

® = (Is + AAt) and, T' = BACt.

The discrete equation (3.14), will be further divided into linear system equation,
with e being the linear counterpart, and de being the correction, ie. e = € + de. The
set of errors form an ellipsoidal set, &, = {eg | eJPoey < 1}, where, €y is the initial
value of e, and initial condition for de is, deq = 0. Thus, the initial condition for the

linear set can be defined as, & = {&; | €]P¢eo < 1}.

26



The reference trajectory for the system is taken as,

.
pPr = {5sin(0.47rt) +1 b5cos(0.47t) 1} m
(3.15)

.
pr = |:27TCOS(O.47Tt) —27sin(0.47t) O] m s

Where, t is time, with total run-time of 7" = 5s.

Two different sizes of initial sets for error are considered, so as to observe difference

in the results, if it exists. The two set of initial errors are taken as,

) 100L; 044

Eos = &os = {€0 | €]Pos€y < 1}, Pos = (3.16)
055 251,

. 1.56L; Oy

Eob = Eon = {€0 | €)Pweo < 1}, Py, = (3.17)
055 0.30L

The FRS of these initial sets need to be estimated for two cases:
1. Uncompensated Case - In this condition, ¢; = 0 and ¢4 = 0.35.

2. Compensated Case - In this condition, ¢; = 0.30 and ¢; = 0.05.
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CHAPTER 4
SOLUTION METHODOLOGY

The problems will be addressed in the same order as they were presented in
Chapter 3. Each procedure obtained will either be used in further cases, or will be

extended further to comply with the problem.

4.1 Maximal Control Invariant Set for Discrete system

The system can be represented as,
Xk+1 = (I)Xk + I‘uk (41)

where,

0
d = and I' = (4.2)
1 =15 0

The above mentioned system is unstable, yet controllable. If no condition is applied
on uy, every state can be kept within the state constraints. However, given the
control input constraints, a limitation develops over the states that can be kept within
the state constraints. Control invariant set is used in determining which states will
never violate the state constraints, when constraint over control is applied. This
is done to determine Safe Sets. To construct the maximal control invariant set,
the algorithm was constructed and written in line with theory mentioned in these

references ([38],[39]). The algorithm is given below,
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Algorithm 4.1.1: Computation of Maximal Control Invariant Set
Data: &y, U, ¢, T’

Result: Maximal Control Invariant Set Co
k < 0;

X_p +— Ap;

repeat

Xy — (X ® (<) oU)) o ®;

C <+ X_(pp1) N Xy;

X_(k+1) < C;

k<« k+1;

until X_k = X—k—l—l;

Cx =C

4.2 Reachable Set for LTI System

The system is of the form:

x =Ax+ Bu (4.3)

The discretization of the system (4.3) can be carried out using multiple methods.
The method which will be focused upon is “Euler 1-step discretization”. The forward
reachable set will be estimated, using different time steps. This is to show the differ-
ence that occurs in computation of forward reachable set due to large time step and

small time step.

29



Using the discretization that was mentioned, the discrete system will have the form -

Xk+1 = ‘I)Xk + I‘uk (44)

where, ® = (I + AAt) and I' = BAt. The procedure to find reachable set of the set

Xy will be discussed in parts, building up the whole procedure step-wise.

4.2.1 Reachable Set for Autonomous Linear System

The theory to build a reachable set for autonomous linear system is very com-
mon and can be referred to in [39]. However, the discussion over this method will
still be made.
The reachable set of a Linear System with no control input (autonomous) shall be

looked upon first. This system will be represented as,
Xk+1 = @Xk (45)

Now taking the initial set and state constraints, as Xy = {x € R" :  Hyx < hg},

where,
1 0 10
0 1 10
HO = and ho = (46)
-1 0 10
0 -1 10

Considering that ® is invertible, the successor set of X, can be obtained as follows,

Xo = @71)(1
Hoxo = Hy® 'x; < hy
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Applying this condition,
SUC(X()) = {X eR": H(](Irlx < ho} (47)

The intersection of Suc(Xp) and A will give us the 1-step forward reachable set R, ;.
The intersection implies that x must follow the constraints of Xy and Suc(Xp). These

constraints can be concatenated to be written as a single set of constraint,

H, hy
H1 = and h1 = (48)
Hy®! h,

The 1-step forward reachable set can be represented using the new constraints given
in eqn. (4.8), as follows,

Defining, &} = R, and iterating the same procedure for &} as used for Ay. The

successor set Suc(X;) will be given as follows,

Suc(X)) ={xe€R": H;® 'x <h;}

HOCI)_I hO (410)
= {x e R": x < }
H,® 2 h,

Taking the intersection, Suc(X;) N Ay, the constraints are updated,

H, hg
H; = |H,®!'| and hy = [h, (4.11)
H,® 2 hy

The 2-step reachable set can be similarly represented as shown in eqn.(4.9),

Ry ={xeR": Hyx <hy} (4.12)
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Thus, iterating this over k-steps, produces the k-step reachable set Ry. The set thus

formed is represented as,

Rk = {X e R": HkX < hk} (413)
Where,
H, hy
Hyd ! hy
H,®* hy

This is the basic procedure around which the n-step reachable set is formulated which
leads to a discussion of feasibility of the method. The discussion is broken down as
follows,

1. The size of Hy and hy - Let’s say, the full run-time of a system is 7" = 10s,
and the time step is taken as At = 0.01s. Thus, the total number to steps will
be, k; = 10*. If the size of our initial constraint matrix Hy is 4 x 2, the final
constraint matrix Hj will be of size 40,000 x 2. Any higher run-time or lower
discretization time step, will only increase this size.

2. What if ® is not invertible? - The formulation of the reachable set, was based on
the idea that ® is invertible, but for non invertible matrix, the above formulation
becomes useless.

To address these problems, the idea will be shifted from constraints to vertices of the
polytope. The mapping done by the matrix ® is linear, which implies that mapping
of a line using ®, remains a line. Thus, taking two points from that given line and
mapping them using ®, the new points will be on the same mapped line. This implies,

the polytope mapped using ®, can be obtained using its vertices.
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Remark 4.1. For all the discussion on vertices following notation will be used - Vj,
is vertices of A}.

To work with vertices, convex hull of all points will be needed. This will provide
an appropriate number of vertices to form the polytope. The only problem being,
there is no mathematical formulation of this method. Thus, an algorithm to compute
the reachable set is developed, which will give the desired result. This algorithm was
written in line with the theory mentioned in references [38],[39]. The algorithm is

shown below,

Algorithm 4.2.1: Computation of Reachable Set of Linear Autonomous

System
Data: &, ®, ky.

Result: kj-step Reachable Set Ry, .
k < 0;

X +— Xo;

Vo « con2vert(AXp);

Vi < Vo;

while £ < k; do

Vig1 < ® o Vy;

X1 < vert2con(Viy1);

R <+ X1 N Xy;

Vit1 < con2vert(R);

k<+ k+1;

end

33



Remark 4.2. The functions described as “con2vert” and “vert2con”, are func-
tions con2vert.m[43] and vert2con.m[44] written in MATLAB®, by ‘Michael Kleder’.
Below are the use of each function:
1. con2vert - Function to obtain vertices of polytope from constraints of polytope.
2. vert2con - Function to obtain constraints of polytope from vertices of polytope.
These functions will be used to describe their roles in the algorithm.
Remark 4.3. For detailed information of Minkowski sum of polytopes, one can refer
to [45].
Remark 4.4. For detailed information on polytopes and zonotopes and their ap-
proximate conversions, so as to implement changes in the algorithm s.t. computation

time can be reduced further (see [46]).

4.2.2 Reachable Set for Linear System

The theory of building the procedure and algorithm of reachable sets for Linear
Systems, was referred from [18],[19]. The procedure to construct reachable set of linear
autonomous system shall be extended, for linear systems with control input. Firstly,
the system (4.4) whose initial state is xg = 0, needs to be considered. Secondly, the
set of all the possible states reachable using the control, uy, needs to be computed.

Accordingly, from the eqn.(4.4),
Xpy1 = Dug + ®Tup_q + -+ + Ty (4.15)
We know that, |ug| < tq,. Using this, eqn.(4.15) is rewritten as,

Xk, = Umaz[Lar, -1 + ®Tag, o+ -+ + O 1 Tay), V0 <i< kr—1, a; € [-1,1]
(4.16)
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The set of x;, which is formed is called a zonotope. Hence, the reachable set will be

Ri, = {xx, ER", up, €U, ay, € [-1,1], VO <k < ky € Ny :
ky—1 (4.17)
Xky = Umax Z (p(kf_l)_irai}

i=0
If the initial state is non-zero (x¢ # 0), the zonotope will be centred around ®*/x;.
Thus, the reachable set will be,
ka :{ka ER”, ukEZ/l, oy € [—1,1], VOSkSkaNO:
kr—1 (4.18)

Xp, = ®FIx) + Unas Z ®ki—D=pq,}
i=0

Thereafter, if the initial state itself belongs to a set, and the reachable set for all
those states is needed to be determined, then Minkowski sum of all the states ®*/x,
and the zonotope needs to be performed. The algorithm was written in line with the
theory mentioned in these references [38],[39]. The algorithm to estimate the forward
reachable set of linear systems, is written below,

Remark 4.5. For boundedness of all states in reachable set, see [47].
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Algorithm 4.2.2: Computation of Reachable Set of Linear System
Data: &y, U, ®, I', ky

Result: ks-step Reachable Set Ry, .
k < 0;

X — AXp;

Vo < con2vert(AXp);

Vi < Vo;

while k£ < k; do

Vi1  (®oVy) @ (T old);

X1 < vert2con(Vei1);

R X1 N Ay

Vit1 < con2vert(R);

k<< k+1;

end

4.3 Perturbed Linear Dynamic System

For the perturbed system (3.6), finding the appropriate condition over £sin(z5)
is first priority. Although, (A, B) are controllable, the value of ¢ determines if the
state remains bounded. Thus, a general perturbation f(x) shall be taken and the
condition over ¢ will be determined.

The choice over the time step for Euler 1-step discretization, will be carried out in
linear dynamic system section. Thus, the discretized system (3.8) will be taken as it

is.
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4.3.1 Condition for Lipschitz Constant

The principle of superposition cannot be applied because of the nonlinear per-
turbation f(x). Hence, the discrete equation is separated such that, x; = Xj + 0xx.
The separation is carried in such a way that, X, follows the linear dynamic system,
and 0xy, is the correction.
All the states in linear system will be denoted by X; and the states in non-linear
system will be denoted by xy.
The discretization of both system is done using Euler 1-step discretization. Therefore,
the system in discrete time becomes,

Linear system -

Xkl = (I + AAt)f(k + BAtuy

Perturbed linear system -

Comparing both systems,

Xk+1 — ik-{-l = @(Xk — ik) + f(Xk)At
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We know from Lipschitz condition that, ||(f(x1) — f(x2))|| < ¢||(x; — x2)||. This can

be re-written as, ||(f(x1) — f(x2))|| = al||(x1 — x2)||, where 0 < o < 1.

X1 — K1 = (P(xp — Xp,) + el || (x5 — %) ||[Ee A + £(x5,) At
= (® (x4 — Xp) + aplfie]l]|(x), — Xp) || €At + f(Xy) At
= (‘I) + OékgfkézAt)(Xk - )Zk) + f(ik)At

= (‘I) + OékECkAt)(Xk — )_(k:) + f()_(k>At

where, Cy, = f.&].

Now, as stated earlier x; = X + 0Xg, thus, substituting, x; — X = 0xx.

5X1€+1 = ((I) + oszCkAt)&(k + f(f(k;)At

The matrix, (® + axlC,At) changes at each step, thus, use of the Jordan canonical
form is restricted. Therefore, aplCpAt is separated completely and only ®dx; is

eliminated.

5Xk;+1 = @(5Xk + f(f(k)At + oszCkAt(Sxk

= <I>5xk —|— f(ik)At —|— OzkECkATﬁXk
k
= P ox, + Z + &*) 0, 0Ci0%; ) At
=0

The initial condition for both systems is the same, xy = Xy, which leads to dxy = 0.

k
0xpe1 = Y _(PETIE(x;) + @* D00 Ciox;) At

=0

0% 11| = ”Z (®Ff(x,) + @F D, 0Ciox,) At

16 41|l < | Zq’ ;) At|| +Z 12 [[|asl il ol At
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It should be noted that, 0 < a; < 1,||C;|| =1 ,¥i > 0.

10X 2] < ] Z‘I’(k ;) At +£( Z 1“2 [[6xil ) At (4.19)

Denoting, Sk, = || ZZ o PEIE(x,)At|], the equation is hereby, simplified to,

k
1631 < Si + €Y @ [l9%, ) At (4.20)
=0
Defining D C R as a set of ||0xx||, Vk € Ny (i.e., D = {|[0x0]|, [|0x1]],- -, [|[0xxs]})-

For ||0xx|| to be bounded, sup(D) must exist. Let, the supremum be denoted by
Om € Ry, de., [[0xk]| < O, V|| 0xk|| € D.

We also know that, [|®*| will be bounded if the spectral radius is less than 1
(lo(®)] < 1). It is established that, |®*| < M|o(®).|*, where o(®). belongs to

the e-pseudospectra of ®.

k
6% ]| < S5+ €03 Mo(®)+5,) At
=0
L — |o(®)[+D)
<
‘&+<1—W@M

(M6, At
1= lo(®)|

The above condition is for all 0 < k < ky — 1. Subtracting d,, from both sides we get,

)EMdmAt

< S+

M6, At
_ < "
0%k s1]] — Om < Sk + = o (@) Om

For some k, ||0xg11]| — 6 = 0, leading to,

(M6, At
1= o(®)|

CM At
= <
‘i(ll—wwﬂ%—&

0< Sk + — O
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0, was defined as the supremum or the least upper bound of D. Thus, having another

number larger than ¢,, can guarantee the existence of it. This leads to the condition

shown below,

1- ’U((I))e’
g PR D A )
S TMA

(4.21)

It is not a necessary, but just a sufficient condition. The reason for this condition to be

just sufficient, is that it guarantees existence but does not guarantee unboundedness

when the condition is violated. If, say the range-space of f is the same as Bu,At and

is bounded, it will be seen how this condition is not needed.

Remark 4.6. For verifying the condition over Lipschitz constant ¢, the derivation of

the same condition will be done using ‘Gronwall’s Inequality’. Using eqn.(4.20) and

1®*]| < Mo (®)|", we get,
k
1631l < Sp + MECY_ Jo(@)e[*"[l6x]) At

=0

Dividing the equation by |o(®).|**!,

MéAt

6

k
|o(@)| "V |01 ]| < Jor (@) THTV Sy + Z )|~ [loxil))
=0

Applying the ’Gronwall’s Inequality’,

(@)~ 634 | < o (@)~ S, (1 +

‘k—l—l

Multiplying |o(®). to the equation,

1041l < (D) Sin(|o(@)e| + MEAL)*

For ||0x441]|, to be upper bounded, (|o(®).| + M{At) needs to be less than 1, i.e.,

(lo(®) | + MEAt) < 1. Thus,

1—|o(®)
E PR D A )
S TTMAL

Thus, verifying the condition over Lipschitz constant ¢.
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4.3.2 Case 1 - f is in the Range-space of Control Input (i.e. T'u) and is Bounded

This is a very special case. The reason being, if f is bounded and in the range-
space of control input, it is controllable no matter the value of Lipschitz constant.
However, for the sake of completeness, the condition shall be derived. Considered
below, are two systems for this case, linear system and perturbed system. The aim
will be to determine, the additional control input needed for the reachable set of linear
system to completely bound the reachable set of perturbed system. The discrete
state transition matrix (®) and control matrix (T') for both the systems shall be
taken same. The condition over control input, for linear system shall be taken as,
U, = {urr € R |ugr] < Upmaer}, and for perturbed system shall be taken as,
Uy = {urny € R ugn| < Umaz N }-

1. Linear system.
Xpt1,0 = Pxpp + Tug (4.23)
2. Perturbed System.
Xpr1,N = Pxp v + Tup v + T f(x5,3) (4.24)

Remark 4.7. f(x; ) is in range-space of T'u, thus, it is represented as I' f(xy v ).

Let, x; N — Xy, = 0Xy, also let, ug v —ug,, = Auy. Now, subtracting eqn.(4.23) from

eqn.(4.24),
6Xk+1 = (I)(SXk + FAuk + ]-_‘f(xk,N) (425)
Taking, xo y = X0, = 0%x¢ = 0. Taking k = 1, it can be observed that,

(5X1 = I‘Aul + I‘f<X1,N>

= I‘(Aul + f(Xl,N))
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Choosing Auy, s.t.,
Auy + f(xin) =0 = x3 =0 (4.26)

It can be guaranteed that x; ;, = x; v, i.e., the state reachable by perturbed system
after the 1st step, is also reachable by the Linear System with higher control.
Now, this procedure can be iterated for all k; steps, giving us the condition over

control law as such,
Auk + f(xk,N) =0 (427)

If the choice over Ay, is actually feasible, it will be possible to guarantee that, x; 1, =
k, N, i.e., the state reachable by perturbed system after k-steps, is also reachable by
the Linear System with higher control.

Re-writing eqn. (4.27), by substituting Awuy with w, v — w1,

wp,r, = upN + f(Xpn)

As stated before, Vk, f(xgn) is bounded. Let, the bound on f(x,n) be F, i.ec.
f(xgn) < F VY0 < k < ky. Now, the control input constraint of Linear system,

Umaz,r, 18 chosen s.t.,
‘uk,L’ < Umaz,L = Wmaz,N +F (428)

The choice over w,q,,;, mentioned in (4.28) is made such that, Auy > f(x ). This,
implies that the choice of Auy, as mentioned in eqn. (4.27), is feasible.

Now, that the constraint over control input for linear system has been determined, it
can be stated that -

"All the States Reachable by Perturbed System (4.24), are also Reachable by the Lin-

ear System (4.23), given the constraint over control input Umaes 1., s chosen as shown
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in eqn.(4.28). Thus, for bounded perturbations in range-space of T'u, the Perturbed
System is controllable.’
In other words, if Ry ;. is reachable set of Perturbed System (4.24), and Ry ;. be

the reachable set of Linear System (4.23), Ry, nv C Ri,.1; if Umaz,z = Umaen + F.

Therefore, as the reachable set of the perturbed system is always upper bounded
by the reachable set of the linear system, no condition over the Lipschitz constant
¢, is hence, required for this case. The problem in focus of this section is exactly of
this kind. Where, fsin(x2) is a bounded function, thus, —oo < ¢ < oo works for the
system.

Remark 4.8. Equation (4.28) will be used to evaluate t,,q, for computation of upper

bounding reachable set.

4.3.3 Case 2 - f is in the Range-space of Control Input (i.e. T'u) and is Lipschitz
Continuous

As in the previous case, it was demonstrated that perturbed system is bounded
using, Ry N C R L and Ry 5L 18 bounded. The same procedure will be followed,
and the condition over ¢ will be estimated for this case. Both identical systems shall
be taken, but, the control law, for the linear system shall be taken little differently,
ie., upr = vpr + Kgxg, where, |vg 1| < Upmagr. The perturbed system control is
taken same, |ug n| < Unmaz v. The systems shall be stated once again.

1. Linear system.
Xk+1,L = ka,L + I‘(Uk,L + Kka,L) (429)
2. Perturbed System.

Xk—i-l,N = (PX]C,N + I‘ukJV + I‘f(Xk’N) (430)
43



Remark 4.9. f(x; ) is in range-space of T'u, thus, it is represented as I' f(xj v ).
Let, X v — Xg.1 = 0Xg, also let, ug v — v, = Auy. Now, subtracting eqn.(4.29) from

eqn.(4.30),
5Xk+1 = @5Xk + I‘(Auk — kak,L) + Ff(xk,N) (431)
Taking, xo y = X0, = 0X¢ = 0. Observing the system for k£ =1,

5X1 = I‘(Au1 - K1X17L) -+ Ff(XLN)

= I‘(Aul — K1X1’L + f(XI,N)>
Choosing Auy, s.t.,
Aup — K1X1’L + f(Xl,N) =0 = ox; =0 (432)

It can be guaranteed that x;; = x; n, i.e., the state reachable by the perturbed
system after the 1st step, is also reachable by the linear system with higher control.
This procedure is iterated for all ks steps, giving us the condition over control law

such as,
Auy — Kipxpp + f(xXpn) =0 (4.33)

If the choice over Auy, Ky, is actually feasible, it will be possible to guarantee
that, x; 1 = X v, i.e., the state reachable by perturbed system after k-steps, is also
reachable by the linear system with higher control.

Rewriting eqn. (4.33), by substituting Awy, with ug ny — vk, and getting,
Ok, + KiXpn = upn + f(Xkn)
It is not known, if f(0) will be 0.

Vg, + KipXp,o = upny + (f(xev) — £(0)) + f(0) (4.34)

44



Let, f(0) = Fp, s.t., |Fy| < 0.

The first part of control law ug 1, |vg 1| < Vmas 1, is then chosen as shown below,
|Uk,L| S Umaz, L = Umaz,N + F() (435)

This implies, Auy can be chosen s.t. Au, = f(0). Focusing on the other half of
the control law Kyxy 1, it can be noted that Kj is chosen s.t., x5 = Xp.nv = Xi.

Rewriting eqn. (4.34) and considering eqn. (4.35),

Kyxi, = (f(xx) — f(0))

It is known that,

1(f () = FOO)| < £lIx]] (4.36)
Also, re-writing x; = ||xx||Xx, where X, is the unit vector along x,
(Kexk) Ixi]| = (f(xx) — f(0)) (4.37)

Using the definition of induced norms, it can be implied that [|[Ky| > (KiXx). Hereby,
the choice over K}, is feasible. This choice over v, and Ky, implies that the reachable
set of the perturbed system will be a subset of reachable set of linear system.
However, this leads to a different problem with the linear system, where ® + I'Kj,
is a time-dependent system. Thus, determining the condition over ¢, which can keep
¢ +T'K,, stable must be formulated. This way, it can be safely said that the perturbed
system will be stable.

For stability a similar pattern is followed as given in “Stability of time-varying linear
system”, [48].

Taking the autonomous system, as only stability is in question.

Xgt+1 = @Xk + FKka (438)
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Substituting for x;, only in ®x;, and iterating this till x,

k
Xep = ®xo + ) S TKx

=0

Taking norm on both sides,
1] < Mo (@) 1o +ZM|0 el ITKG |1l
Using @y = [[xp+41],

P < Mlo(®) [ + 3" Mlo(®)/[TK |z
1=0
Dividing the whole equation by |o(®).|*1, and also substituting ||TK;|| < ¢||T]|.

k

|0(®) | F Vg < Mag + Z
=0

MIZIIFH

®)e| ;)

Using the Gronwall’s inequality,

k
M|
0(®)|~* Vg < Mg H(l + | ”) (4.39)
= @41 < Mo (®)|zo(|o(®)e] + ML|T|)" (4.40)
Thereupon, we get the required condition which is desired.
(@) + MLT]| <1 (4.41)

Taking I" as BAt (||B|| being 1), it again leads us to the same equation which had

been derived, eqn.(4.21).
0(®)| + MIAE < 1 (4.42)

Thus, confirming the result.
Now, that the condition over ¢ has been determined, it can be safely claimed that
RN C R, and that Ry, r will remain bounded, if the condition is followed.

Remark 4.10. For additional details, see [49],[50].
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4.3.4 Computation of Reachable Set for Perturbed System

The computation of reachable set for perturbed system is done by directly
extending algorithm (4.2.2), by incorporating f(x)At in the successor set of Xj. The
procedure that is followed is the direct result of definition (2.22) and theory mentioned
in these references ([38],[39]). It should be noted that this method uses intersection
to compute the reachable set. This process in turn can be represented as a process
of elimination. Thus, the algorithm will only provide us with reachable states at
specific time 7". The discussion of results (5.3.1) obtained using this method, leads

to question of all the reachable states within time 7.

Algorithm 4.3.1: Computation of Reachable Set of Perturbed System
Data: Xy, U, @, T', fAt, ky

Result: kj-step Reachable Set Ry, .

k < 0;

X — Ap;

Vo < con2vert(Ap);

Vi < Vo

while k < k; do

Vi1 < ®Po (Vi) @T o (U) & fALo (Vy);
Xpy1 < vert2con(Vii1);

R <+ X1 N X;

Vit1 < con2vert(R);

k<« k+1;

end
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4.3.5 Method-2 for - Computation of Total Reachable Set for Perturbed System
The Total Reachable Set shall be defined as a union of all the reachable sets
of the perturbed system obtained after settling time. To compute a reachable set
containing all the states, we shall begin with a reachable set obtained using algorithm
(4.3.1) and define it as AX,. The set AAX] shall be called Initiating Set. Any set
obtained by transitioning this set, over time will become part of the Reachable Set.
This way all the states reachable at different times will be included within the total
reachable set. The algorithm to compute reachable set was constructed, by adopting
the theory of reachable set mentioned in [2],[17],[51],[52]. The algorithm to obtain

the said set is given below.
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Algorithm 4.3.2: Computation of Total Reachable Set of Perturbed

System
Data: Xy, AX,, U, ®, T, fAL, ky

Result: kj-step Reachable Set Ry, .
k < 0;

AX), — AXp;

AV + con2vert(AAXp);

AV — AVy;

while £ < k; do

AV Po (AVy) @ T o (U) ® fAL o (AVy);
AXyy 1 « vert2con(AVg,1);
AXjy1 ¢ AX UAX;

R+ AXpiq;

AVyi1 < con2vert(R);

k<« k+1;

end

4.3.6 Computation of Maximal Robust Control Invariant Set for Perturbed System

Extending the algorithm of Maximal Control Invariant (MCI) set to build MCI
set for perturbed systems is extremely complex. The function f(x) may not be a
bijective function, thus, incorporating it into the H matrix for MCI set becomes
highly complex. Thus, for the case of bounded function, the perturbation is treated

as disturbance and this set of disturbance can be defined as WW. Accordingly, the idea

49



of Maximal Robust Control Invariant Set (definition 2.30) is extended for perturbed
systems. The algorithm is constructed, by adopting the theory of control invariant

sets mentioned in [38],[39].
Algorithm 4.3.3: Computation of Maximal Robust Control Invari-

ant Set
Data: &y, U, W, &, I

Result: Maximal Control Invariant Set C

k < 0;

X_p — Ap;

repeat

X_(g+1) « (XpoW) & ((-T) o U)) o @;
C <+ X (k1) N A g

X_(k41) < C;

k<« k+1;

until X_k = X—k—i—l;

Cx =C

4.4 Perturbed Linear Dynamic System with Compensation

The computation of Forward Reachable Set for this section will be executed in
two segments. The first segment will be evaluating Forward Reachable Set (FRS) of
errors in linear system dynamics and second segment will be evaluating the norm of
correction to be added. The final FRS for the complete system will then be evaluated

by doing minkowski sum of both the sets.
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4.4.1 Linear Counterpart Forward Reachable Set

The discrete system mentioned in eqn. (3.14), has the non-linear term, ¢;R;IIR[pAt.
The focus of this section, is solely on the linear part. As stated earlier, the states will
be divided as such - e, = €, + dey, where, €; is the linear counterpart and de; being

the correction. The linear system is represented as follows,
€.y 1 = Pey (4.43)

The control is not included in linear system, as the control is the compensation for
the non-linearity and will be looked upon with the error correction.

We now construct the FRS in the similar manner that we used to construct FRS
in linear autonomous section (4.2.1). We know that the ® we have is invertible,
therefore, it will be used to construct the ellipsoidal set for all the steps. This theory
was referred from ([20],[21])

Taking a general ellipsoidal set for initial set,
o=1{e €R": & Pye, <1} (4.44)
Using the eqn.(4.43), we can say that,
R (4.45)
Constructing the ellipsoid condition using the eqn.(4.45),
e Poey = e (&) TP d Fe, (4.46)
Defining Py, = (@ *)TPy® %, we get the k-step FRS.

& =f{er e R°: e[Pre, <1} (4.47)

51



4.4.2 Correction System Analysis
The error in perturbed system, as mentioned before, will be evaluated by adding
the correction, de, to the linear errors, € (note - e = e+ de). Using eqn. (3.14),(4.43),

the system of correction is formulated.

0
St = ey, + |2l sy — 5 At (4.48)

caRLIIR] Py,
The non-linear function mentioned in eqn. (4.48), is Lipschitz continuous, ie. ||¢;RIIRp| <
|éa|||P||- The Lipschitz constant, £ = |¢y].

The equation can be re-written as,

Sepi1 = ®dey + T(||Pf|spur — EaRLIIR] py) (4.49)

The term, ®dey, is completely eliminated by substituting previous steps (till, ®*15ey),

and deg = 0.
k
dersr < > EIT|(||p¢su; — GRIIRTD;) (4.50)
i=0
This will further be divided into equations for dey ,, dey,, by indexing the matrices

(®*9T) into (®*IT); 513, (BFIT)s613,

k
deriip = Y _(PFIT) 50 5(1|B] | sou: — GRIIR )
o (4.51)
ders1e = Y (B¥IT) g0 5([Bf]I5su — GRIIR]P;)
=0

The norm of the eqn. (4.51), will be used to evaluate the FRS.

k
I6eri1pll <D I@FIT) s sl (1556w — EaRITRT ;) |
o (4.52)
10eri1oll < D I@FIT) s sl (1B ssw — ERITRI ;) |

1=0
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It shall be noted, || RIIRT|| = 1. Furthermore, eqn. (4.51), depends upon p = e, +p;..
Let p, be the linear component of p, s.t. p — p = de,. Therefore, p = p, + €.

The term ||(||pd[|seu; — ¢4RIIR]P;)|| can be reduced to,
) . : _ s . _ 1
(B 1 spui — CaRIIRIP)|| < (Ai + 56| F ol + (Solléall + lleall) ([les]l + ([loei,[|* + l10es0]1*)2)

Where, Ay, = [éal [Pl + 54[lges + capy, + Brll-

Thus, the final set of equations which is obtained,

[6€r+1,] < Z (@Y7L ) 1 51,5/ (Ait-56[|F gl + (Ssllall + NI all)
(lleill + (loesp||* + ll0eiu[*)%)
(4.53)
[0€k11,]l < Z (@Y7L 61,3 (Ait-56[|F gl + (Ssllall + NI €all)
(lleill + (loeip]* + ll0eiu[*)%)

The term A, is the only term which depends upon the input, as well as the
non-linearity. The values of {k,, ky, Pr, Pr, &}, are controller gain and system prereq-
uisites. Using these values, and the values of estimated system parameters, A, can be
pre-estimated. An error profile can be generated using various pre-determined values
of A and the behaviour of the system can be observed.

These norms, themselves can be treated as n-circular sets. Let the set of dey, be
denoted as, 0&,. Accordingly, we can define this set as,
k
Okp = {dery ER®: (0e] derp)? <D II(@F )1l (Ai + 5ol|F ol +
i=0 (4.54)
>+ [l6eilI*)2))

(Sslléall + lléall) (lle:ll + ([loe,
The set &, can also be formulated in the same procedure.
The reachable set of linear system can now be indexed into reachable set of position

errors Ek,p and reachable set of velocity errors & ,. Thus, the forward reachable set
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for the perturbed system can be denoted as &5, k. The set of position errors can

thus, be represented as,

£k,p = gk,p D 5€k,p (455)

Thus, after evaluating both linear system FRS and correction FRS, we can obtain

perturbed system FRS.

4.4.3 Computation of Reachable Set for Perturbed System with Compensation
The ellipsoidal sets will be represented with the positive definite matrix and

centre, used to define the set, for the algorithm. For example,
§(Pop,c)={eeR": (e—c)"Py(e—c) <1}

To be noted, ||£(Py, c)|| implies, that all the states within the set £(Py, ¢) are mapped
to their respective norms.

Furthermore, max{||{(Py, c)||} implies, maximum of all the norms of states within
the set £(Py, c).

The requirement is to estimate the Forward Reachable Set of Position errors, thus,
the states in the set will be split accordingly, using the ‘index()’ command. This
command will split all the states within £(P,c,),, into position states £(P, c,), and
velocity states.

Remark 4.11. For computing ellipsoidal sets, see [53].

Remark 4.12. For Minkowski sum of different ellipsoids, see [54].

The algorithm to compute the Forward Reachable set is thus, given below,
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Algorithm 4.4.1: Computation of Forward Reachable Set

Data: {(Py,0), ®, I', A, 54, ks, pr, Pr

Result: Maximal Control Invariant Set C

k <« 0;

16€xpll < O;

[6€x.o]| = 0;

(P, 0) <= £(Po, 0);

£(Py, 0) <= &§(Po, 0);

lex[l < max{]|§(P, 0)]]);

while k < k; do

E(Pri1,0) = E((271)TPL 27", 0);

rp 4= o 1@ IT) 1,5l (A + 561 F ol + (5glléall +
leal (&l + (15eip |1 + ll6es0112)2);

ro = 2o [(@F D) 46,8 (A + 86| Fall + (55lléall +
leal)(lleill + (10es 1% + 15es012)2);

(0P i1, 0),  G6(1,0);

0 (0P 41, 0), < GE(L, 0);

(€(Prt1,0)p, E(Pr1,0)y) < index(§(Pp1,0));
E(Pr11,0)p < (§(Prs1,0), @ 0E(0Pk11,0),);
Ri+1p ¢ E(Prt1; Prg+1)p U Rip;

[0€k+1,p]| +— max{|[0§(6P k11, 0), | };

[0€k+1,0]| <= max{[|6§(6Pk11,0)0l|};

[€-+1]| <= max{[|€(Pri1,0)[|};

k<« k+1,

end

ka %Rk;
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CHAPTER 5
APPLICATION, RESULTS AND DISCUSSION

5.1 Maximal Control Invariant Set for Discrete system
The Maximal Control Invariant (MCI) Set for unstable discrete system (fig-
ure 5.1), was computed using Algorithm(4.1.1).

The input that was taken, is given below,

15 0 1
P = T=| |, k=1 (5.1)
1 -15 0

The maximal control invariant set is computed within 75 steps. The polytope equation

of the Maximal Control Invariant set was computed to be -

Coo = {X eR%: HfX < hf} (52)
where,
2 =3 8
-2 3 8
H; = and hy =
0 2 8
0 -2 8
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Maximal Control Invariant Set

10 State constraints B
Maximal Control Invariant set

-10< X2§10
o
T
|

! ! ! ! ! ! ! ! ! ! !
-10 -8 -6 -4 -2 0 2 4 6 8 10
-10< X1§10

Figure 5.1: Maximal Controllable Set

Remark 5.1. As the number of constraints were less, it was feasible to write the
obtained MCI set. However, for the other problems, these sets obtained have a large

number of constraints, thus, no final set constraints are exhibited for other results.
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5.2 Reachable Set for LTI System
5.2.1 Effect of At on Reachable Set

The choice of At affects the precision with which the reachable set is computed.
The Euler 1-step discretization, produces truncation error in each step, thus, having a

low At will generate more precise results, and it can be seen in the exhibited results.

Reachable Set for Linear (SMD) System

T
10 — State Constraints |
Reachable Set
8 - i
6 _ i
\ Progression of
4l \ eachable Set i
o 2t .
V]

<' ol .

g |

\
T 2r N\ i
\ \\
_4 — \\\ \\ —
W\
N\ N
-6 L o -
AN )
\ \
-8 - I S .
\ \\\ \\
-10 | | AN ]
| | | | | | | | | | |

-10< X1§1O

Figure 5.2: Reachable Set, when |u,q.| < 25, At = 0.1sec

As it can be seen in fig.(5.2) and fig.(5.3), the size of the reachable set also gets

affected and reduces for a lower At. However, this is the direct cause of truncation
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error, and is not a system property. The truncation error can be reduced by reducing

At. Thus, At = 0.01s shall be used in the considered perturbed system case.

Reachable Set for Linear (SMD) System

I/

Figure 5.3: Reachable Set, when |uq..| < 25, At = 0.01sec

It should be noted that the coarseness of the reachable set, isn’t because of
truncation errors, but because zonotope is a discrete realization of the actual reachable

set. Thus, lower time step allows for a finer realization of the actual reachable set.
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5.2.2 Effect of u,,,,; on Reachable Set

This is the direct result of what has been stated in section(4.2.2). The reachable
set develops into a zonotope of control input and has less effect of initial states for
higher run-time. In this case, |ux| < Umee = 5 is the constraint over control which

has been taken.

Reachable Set for Lmear (SMD) System

10 |-

e R Reachable Set

-10< X2§10
o
T

4

| } \\ \
L = )lm\\\\\\\\\\\\\\\\\\\\

4

-10< X1§10

Figure 5.4: Reachable Set, when |ug| < U =5, At = 0.01sec
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5.2.3 Maximal Positive Invariant and Maximal Control Invariant Set
As the system was stable, its maximal positive invariant set can be constructed.
This is just a sub-case of MCI set for when w,,,, — 0. Henceforth, the maximal

positive invariant set will be referred to as, MCI set with 0 control input.

MCI Set for Linear (SMD) System

10 - State Constraints .
Maximal Control Invariant Set

= | I

6 / |
| |
|

-10< x,<10
(=}
T

| | | | | | | | |
-10 -8 -6 -4 -2 0 2 4 6 8 10
-10< Xy <10

Figure 5.6: Maximal Positive Invariant Set
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Increasing the constraint of control input, can help us contain more states within
MCI Set. Furthermore, increasing it enough can make the total constraint set as MCI

set.

MCI Set for Linear (SMD) System

10 - State Constraints —
Maximal Control Invariant Set

-10< x,<10
o
T
I

| | | | | | | | | | |
-10 -8 -6 -4 -2 0 2 4 6 8 10
-10< X, <10

Figure 5.7: Maximal Control Invariant Set when |ug| < U0 = 25
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5.3 Perturbed Linear Dynamic System

The figure. (5.8), will be used to describe the scheme of the different reachable
sets, that shall be used to define the results in this section. The reason for this is,
four different sets will be focused upon in this section (not including state constraint
set). This color scheme will be used as reference to their respective set, and will be
used in the same manner throughout the section (5.3). The color/line-style scheme

is established for this section only.

Reachable Set for Perturbed (SMD) System

10 | I Perturbed System Reachable Set I -
Upper Bound Set State Constraints
| |(Computed Using™a,~-|= 2. [iatst rten Jom feschtl Sr|.
Algorithm 4.2.2 S e f— Linear System Reachable Set (Upper)
6 |with U = u+l = 30) Reachable Set of | A
Perturbed System

ar (Computed using | ]

5L . Algorithm 4.3.1 |

a "\t withu=15and | {15

<\ 0F / _
VI i
o :

T2 F ‘-._“ Vi =

Al Reachable Set of /'_5‘\ |

Linear Counterpart *. Total Reachable Set
6 (Computed using of Perturbed System| |
Al_gorlthm 4.2.2 :(-"Computed using
8 with u = 15) ...~ Algorithm 4.3.2 with | -
u=15and|=15)
-10 -
0 8 6 4 2 0 2 4 8 8 10

-10< X1§10

Figure 5.8: Reachable Set when ¢ = 15, |ug| < 15 at time T = 5s
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5.3.1 Estimation of Forward Reachable Set of Perturbed System at Different times

The procedure to obtain Forward Reachable Set at time 7" mentioned in algo-
rithm (4.3.1), computes an accurate reachable set, but has a drawback. For discussing
the drawback, the results of Forward Reachable Sets shall be observed at different
times. The figure (5.9), shows the FRS of perturbed system (in red) estimated at

different times.
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(c) Time T = 5s (d) Time T = 6s

Figure 5.9: Comparison of Forward Reachable Set of Perturbed System at different
times for |ug| < 15 and ¢ =15
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Listing the observations -

1. The reachable set of linear systems does not change over time but, the reachable
set of perturbed system, keeps changing over time.

2. The outer reachable set always behaves as an upper bound to the reachable set
of perturbed system.

Analysing these observation -

1. Reachable set of perturbed system obtained using this method, never realises
the “Total Reachable Set”. In other words, even if the reachable set at time
T, is computed, the reachable set at time 75 > 717 cannot be confirmed to be
contained within the the reachable set of T7.

2. The reachable set of perturbed system will never go outside those bounds, thus,
utilising the upper bound set can be helpful. However, the upper bound set
also contains the states which are not reachable by the perturbed system. Thus,
usage of the upper bound set, can mislead into thinking of a certain unreachable
state as a reachable state.

This led to the problem of, How to estimate the ‘Total Reachable Set’ of the perturbed
system? This set is discussed in the next subsection, where, a different approach over

building the reachable set is used.
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5.3.2 Method 2 - Estimation of Forward Reachable Set of Perturbed System

The Method-2 approach follows the idea of union of sets rather than intersec-
tion. Therefore, this method requires a small initiating subset of the reachable set,
rather than a larger initial set, as the union method will never estimate a set bound-
ary within the initial set itself. This reachable set of perturbed system obtained, will

be called ‘Total Reachable Set” (in green/dashed).

Reachable Set for Perturbed (SMD) System
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Figure 5.10: Reachable Set using Method-2 for |u,| < 15 and ¢ = 15
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The reason for calling it “Total Reachable Set’ is, that the set boundary esti-
mated using this method, takes into account all the states reachable at any given
time ¢ < T'. This enables us to take into account, all the possible reachable sets of
perturbed system within time 7" and build a union of all these sets.

The total reachable set provides the states which are reachable within time T'. This
eliminates all the unwanted unreachable states in the upper bound set.

Although, this method can determine all the reachable states, it has a drawback. The
set of all reachable states does not imply all these states are reachable at time 1. The

comparison will be done and shown in the next subsection.
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5.3.3 Comparison of both Reachable Sets
Having computed both these sets, the results can be combined and be sub-
jected to comparison. This comparison is carried out to demonstrate that the FRS

of perturbed system, beyond settling time, remains within the total reachable set.
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Figure 5.11: Comparison of Forward Reachable Set of Perturbed System and Total
Reachable Set of Perturbed System at different times for |ug| < 15 and ¢ =15
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Looking at these sets it can be confirmed that the algorithm produces an accu-
rate Total Reachable set.
Comparing the result -

1. The primary reason, the upper bound set was discarded as an approximate
set, was because, apart from containing the reachable states, it also contained
non-reachable states. The total reachable set eliminates all the unreachable
states.

2. The total reachable set, cannot guarantee that all the states contained in it can
be reached at a given time 7', the only way to know which state is reachable at
time 7', is to build the exact reachable set for that time.

3. The total reachable set, can guarantee that all states contained in it are reach-
able within time T, thus, even if that state is not reachable at time T < T, it
might be reachable at time T, < T, if it’s contained in the total reachable set
at time 7.

Thus, total reachable set and the forward reachable set both have their usage depend-

ing upon the need.
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5.3.4 Size of Reachable Set with increasing ¢ for same Control Constraint

As discussed in the linear system, the size of the FRS of linear system depends
upon the size of constraint on control input. Larger the control, larger is our forward
reachable set. For the perturbed system, the size of the FRS also depends upon the

value of perturbation bound (which in our case is £). This was formulated in section

(4.3.2).
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Figure 5.12: Comparison of Size of Total Reachable Set of Perturbed System for

different ¢ where |ug| < 15
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5.3.5 Maximal Control Invariant (MCI) Set of the Perturbed System

The MCI set of the Perturbed System is built on the same lines as Maximal

Robust Control Invariant Set. The reason for doing so was, that building a precursor

set of a system with sin(z) is highly complex. sin(z) is a many-to-one function,

thus, for any desired value of fsin(z5), infinite possibility of x state exists, whose x,

will satisfy the desired value.
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Figure 5.13: MCI Set of Perturbed System for different ¢ and |u]
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Although, these are Robust MCI sets, they are still subsets of the actual MCI
sets. This implies that the states in these sets, will never violate the state constraint.
Thus, it satisfies the conditions needed for the MCI set to follow.

A few things to observe -

1. The size of the MCI set obtained grows larger when control input constraints
are increased. This implies that with high enough control input the whole state
constraint set can become an MCI set. This follows in line with the linear MCI
set.

2. The value of ¢ also affects the size of MCI set as the robustness was taken into

account. Thus, the size decreases as the value of / is increased.
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5.4  Perturbed Linear Dynamic System (Compensation)

Following the procedure, FRS of the linear error counterpart will be estimated
first. Then the norm of correction error at each step will be estimated. The norm
itself can be interpreted as an equation of a circle, implying that the correction error
set will be a circular set. The Minkowski sum of both these sets will yield us the total
FRS of perturbed error system. These errors are centred around the reference position
of that time step. Thus, each of these errors will be plotted around the respective
reference position. The size of the set guarantees how close to the reference trajectory

the multi-rotor will be.
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5.4.1 FRS of the Linear Counterpart

All the states in FRS of a linear system tend to zero. The system which we

have, has states which are errors of position and velocity. The error states will tend

to 0 with increasing time. This implies that the reachable set of multi-rotor will tend

to

position in'y [m]

reference trajectory and converge on it.
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Figure 5.14: Reachable Set of &y, for the Linear system
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position in 'y [m]
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Figure 5.15: Reachable Set of &gy, for the Linear System
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5.4.2 FRS of the Perturbed System (with and without compensation) for the Initial

Set 608

The values of A taken are mentioned in the legend. The initial set &y, is used

to plot the total error profile of the system for different values of A.

For the initial set of errors &y,, the error is seen to grow, but is bounded despite the

growth.
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Figure 5.16: Error profile of position error and velocity error over time, for |¢4| = 0.35

and initial error sets : & and different values of A[m s72]
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The FRS of the initial set &, is estimated. Comparing the results of each initial set
for two different cases - Uncompensated case and Compensated case.

The FRS of errors, for the initial set &ys (uncompensated) - The size of the reachable

set grows and stabilizes after a certain time. This, implies that the errors will grow

but remain bounded.
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Figure 5.17: Reachable Set of &35 uncompensated case
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The FRS of errors, for the initial set &y, (compensated) - The compensated case pro-

duces a much more smaller FRS. This implies that, the errors will be much less

compared to the uncompensated case.
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Figure 5.18: Reachable Set of &y, compensated case
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5.4.3 FRS of the Perturbed System (with and without compensation) for the Initial
Set &op
The values of A taken are mentioned in the legend. The initial set &g, is used
to plot the total error profile of the system for different values of A.
The error profile for the initial set &y, - the error is seen to reduce over time, and

converge, but doesn’t converge to 0.
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Figure 5.19: Error profile of position error and velocity error over time, for |¢4| = 0.35
and initial error sets : &y, and different values of Alm s72
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The FRS of errors, for the initial set &y, (uncompensated) - The set gradually decreases

in size, but never converges with reference trajectory. This implies that, the size of

set of final error does not depend upon initial set.
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Figure 5.20: Reachable Set of &y, uncompensated case
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The FRS of errors, for the initial set &y, (compensated) - For the compensated case,

the size of the FRS reduces much more before stabilizing, compared to uncompensated

case. This implies that, the compensation does affect the size of the set of final errors.
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Figure 5.21: Reachable Set of &y, compensated case
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Final Remarks -

The error profile shows error converging in both the cases, for all the values of A.
The values at which the respective errors of both initial sets {&ps, op} converge, seem
to be independent of the initial set and show dependence over A.

All the combination of cases, proceed to show a similarity with the plot of error pro-
file.

In both the cases (Compensated and Uncompensated), the compensated case, pro-
duces a smaller sized FRS. This shows that in the compensated case, errors of the
multi-rotor will be lesser, thus, it will be closer to the reference trajectory, compared
to the uncompensated case.

As defined earlier, ¢, is estimation of the coefficient of first order aerodynamics effect,
thus, better estimation and compensation of this effect implies lesser error. Therefore,
depending upon desired error bound, the compensation should be chosen appropri-

ately.
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CHAPTER 6
SUMMARY AND CONCLUSION

The aim of the thesis, was solely to build methods to compute reachable and
invariant sets for dynamic systems. These methods were constructed in the form of
algorithms and two different aspects of computation of reachable sets was focused
upon.

Initially, this thesis concentrated upon computation of reachable set of linear
systems, and algorithms to compute these sets were constructed. The effect of time
step At and control input |ug| < e, Was observed in the process of computing
reachable sets. Choice over At was made by taking the results into consideration s.t.,
errors due to truncation would be reduced and improved computation of reachable
sets could be performed. Furthermore, effects of control input was also observed to
confirm the result with the literature.

The construction of algorithms for perturbed systems, were a result of extension
of the reachable set theory of linear systems to perturbed systems. The extended
method, produced the set which was exact computation of reachable set at time T
but wasn’t constant, i.e. it eliminated all the states which can be stated as reachable
with other definitions of reachable state. The reason being the vagueness in definition
of the term “Reachable State”: “Reachable at time T, “Reachable within time T”.
The literature of reachable set tackles this problem by assuming both the ideas of
reachable state whichever necessary. Therefore, Method-2 was constructed keeping

in mind the second definition of reachable state.
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The reachable sets were computed using both these methods and their results
were compared. The comparison was made to show the difference in reachable set
depending upon which definition of reachable state is assumed. The reachable sets
at time 7', could be stated as a subset of reachable set within time 7. The usage of
both these methods depend upon which definition of reachable state is accurate for
a given circumstance.

The multi-rotor under first-order aerodynamic effect problem was adopted from
[12] to utilise the theory of reachable set which was constructed. The challenge was
to compute these forward reachable sets using ellipsoidal sets, rather than polytopes
and zonotopes. The mathematical formulation was done so as to have a prior idea
regarding the computation of these sets. The formulation was then implemented
into the algorithm, which constructed forward reachable sets of error bounds of the
multi-rotor. The obtained results showed decrease in error when compensation was
implemented. Error profile was also generated to discuss implementation of compen-
sation based on the desired error threshold.

Thus, the algorithms constructed in this thesis can be implemented to compute

reachable set of the system, which can later be utilised to produce desired results.
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CHAPTER 7
FUTURE WORK

All the work presented in this thesis can be extended to fulfill a number of
specific reachability criteria. Some of the models, for which, these algorithms can be
extended to are -

1. Trajectory Planning - Method-2 can compute all possible reachable states needed
prior to trajectory planning. Thus, implementing other conditions over control
can refine the method to provide accurate and robust trajectories.

2. Obstacle Avoidance - The primary algorithm was built upon the requirement of
estimating reachable states at time 7. Having the information over these exact
states can improve implementation of obstacle avoidance maneuver.

3. Cooperative Control - Precomputing reachable set for all the unmanned vehicle
can provide information of safety and feasibility. Implementing the idea of
reachability would be extremely useful in this field, however, the complexity of
building the algorithm increases drastically.

The condition which was derived for controllability of perturbed systems, given
the perturbation is Lipschitz kind, can be extended to perturbation of Holder’s kind.

Thus, controllability of higher order perturbation can be tackled.
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The input data and algorithm used to obtain results from section(5.2) to sec-
tion(5.3) are mentioned in this appendix.

All the input data that will be needed to produce these results are mentioned below,

Time steps (At) - Three different sizes of time steps are used,

At; = 0.01s, Aty =0.05s and At3 =0.1s

e Total runtime (7") - All the runtime will be mentioned. The number of step
(k¢) will then be mentioned as ratio of 7" and At, i.e., kf = Altl.

Ty =3s, Ty=4s, T3 =>5sand T, =06s

e State transition matrices (®) - Three different state transition matrices are
used,
1 0.01 1 0.1 I3 0.0515
¢, = , By = and ®; =
—0.1 0.95 -1 05 —0.5I; 0.7I3

Input matrix (I') - Three different input matrices are used,

0 0
Fl = s FQ = and F3 =

0.01 0.1 0.051,
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e Initial constraints (Xp) - All the initial constraints are mentioned below,

XOZ{XGRni
AXOZ{XERni
«Pmm>={awe5

aP%ﬁ>={awe5

1 0 10
0 1 10 }
x <
-1 0 10
0 -1 10
1 0 0.1
0 1 0.1 }
X <
-1 0 0.1
0 -1 0.1
10013 03,3
€ < 1}
0335 2513
1.56I3 033
€ < 1}
033 0.3913

e Control input constraints (&) - All the control input constraints are mentioned

below,

U ={ur eR:
Us = {ur, eR:
Us ={ur eR:
Uy ={u, eR:

|uk| < Umaz,1 = O}
|uk| S Umaz,2 = 5}
|uk| < Umaz,3 = 15}

|uk| < Umaz,3 = 25}

e Lipschitz constant (£) - All the value of Lipschitz constant are mentioned below,

0, =5, fy=10,

63 =15 and €4 =20
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e Constraints for nonlinearity as disturbance (W) - These constraints are men-

tioned below,

0 0 0
le{MERZ < < }

—10 w 10

0 0 0
WQZ{WGRZ < < }

—20 w 20

Remark A.1. U, , will be used to denote control input constraints, whose 4, =
Umaz,a + -
List of results:
1. Figure (5.2) is obtained from algorithm (4.2.2).
Data : Xy, Uy, Po, I'y, ky = A%'
2. Figure (5.3) is obtained from algorithm (4.2.2).
Data : Xy, Uy, 1, 'y, kf = A%ll.
3. Figure (5.4) is obtained from algorithm (4.2.2).
Data : Xy, U, @1, Ty, ky = 2.
4. Figure (5.5) is obtained from algorithm (4.2.2).
Data : Xy, Us, @1, Ty, ky = 2=
5. Figure (5.6) is obtained from algorithm (4.1.1).
Data : &y, U;, @, T'y.
6. Figure (5.7) is obtained from algorithm (4.1.1).
Data : &y, Uy, P, T'y.
7. e Figure (5.9)(a) is obtained from algorithm (Linear - 4.2.2, Perturbed -
4.3.1, Upper - 4.2.2).

Linear Data : Xy, Us, 1, I't, ky = AT_tll.
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Perturbed Data : &, Us, ®1, T'y, l38inAty, ky = AT—L}l.
Upper Data : Xy, Us ¢y, 1, T'1, ky = Aiél‘
e Figure (5.9)(b) is obtained from algorithm (Linear - 4.2.2, Perturbed -
4.3.1, Upper - 4.2.2).
Linear Data : Xy, Us, 1, I't, kf = AL;.
Perturbed Data : &y, Uz, @1, T'y, l35inAty, ky = AT—;.
Upper Data : Xy, Us 1¢,, 1, I'y, ky = AL;'
e Figure (5.9)(c) is obtained from algorithm (Linear - 4.2.2, Perturbed -
4.3.1, Upper - 4.2.2).
Linear Data : Xy, Uz, Py, I'1, ky = AL;.
Perturbed Data : &, Us, @4, I'y, l38inAty, ky = AT—;.
Upper Data : Xy, Us ¢y, 1, T'1, ky = ALZ.
e Figure (5.9)(d) is obtained from algorithm (Linear - 4.2.2, Perturbed -
4.3.1, Upper - 4.2.2).
Linear Data : Xy, Us, @1, Ty, ky = 2.
Perturbed Data : &y, Us, @1, T'y, l38inAty, ky = AT_é'
Upper Data : Xy, Us 1o, 1, I'1, kf = AL;*I.
8. Figure (5.10) is obtained from algorithm (Linear - 4.2.2, Total - 4.3.2, Upper -
42.2).
Linear Data : Xy, Uz, Py, I'y, kf = AT—tll.
Total Data : Xo, AXy, Us, By, Ty, lesinAty, ky = 2.
Upper Data : Xy, Uz 1y, P1, T'1, by = AL;I.
9. e Figure (5.11)(a) is obtained from algorithm (Linear - 4.2.2, Perturbed -
4.3.1, Total - 4.3.2, Upper - 4.2.2).

Linear Data : Xy, Us, @1, I'y, kf = AT—tll.
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10.

Perturbed Data : Xy, Us, @1, Iy, l3sinAAty, ky = Alt’l.
Total Data : Xy, AXy, Us, @1, Ty, l3sinAty, ky = AT—tll.
Upper Data : Xy, Us 14y, 1, T'1, ky = Ait!l‘
Figure (5.11)(b) is obtained from algorithm (Linear - 4.2.2, Perturbed -
4.3.1, Total - 4.3.2, Upper - 4.2.2).
Linear Data : Xy, Us, ®1, Ty, ky = 2.
Perturbed Data : Xy, Us, B1, Ty, lesinAty, ky = 2=

Total Data : Xy, AXy, Us, 4, T'y, l3sinAty, kf = Alfl.

Upper Data : Xy, Us 14, 1, I'y, ky = AL;.

Figure (5.11)(c) is obtained from algorithm (Linear - 4.2.2, Perturbed -
4.3.1, Total - 4.3.2, Upper - 4.2.2).

Linear Data : Xy, Uz, Py, I'1, ky = AL;.

Perturbed Data : Xy, Us, ®1, I'y, l3sinAty, ky = AT—;.

Total Data : Xy, AXy, Us, @1, T'y, l3sinAty, ky = AT—fl.

Upper Data : Xy, Us 14y, 1, T'1, ky = ALZ.

Figure (5.11)(d) is obtained from algorithm (Linear - 4.2.2, Perturbed -
4.3.1, Total - 4.3.2, Upper - 4.2.2).

Linear Data : Xy, Us, @1, Ty, ky = 2.

Perturbed Data : &y, Us, @1, T'y, l38inAty, ky = AT_é'

Total Data : Xy, AXy, Us, @1, Ty, lesinAty, ky = 4.

Upper Data : Xy, Us 14, 1, I'y, kf = AL;*I.

Figure (5.12)(a) is obtained from algorithm (Linear - 4.2.2, Total - 4.3.2,
Upper - 4.2.2).

Linear Data : Xy, Uz, 1, I'1, ky = ALtll'
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11.

Total Data : Xy, AXy, Us, @4, T'y, £1sinAty, kf = AL;'

Upper Data : Xy, Us ¢, 1, T'1, ky = AL;‘

Figure (5.12)(b) is obtained from algorithm (Linear - 4.2.2, Total - 4.3.2,
Upper - 4.2.2).

Linear Data : Xy, Us, 1, I't, kf = AL;'

Total Data : Xy, AXy, Us, 1, T'1, losinAty, kf = Altll.

Upper Data : Xy, Us 1¢,, @1, I'1, kf = A%ll.

Figure (5.12)(c) is obtained from algorithm (Linear - 4.2.2, Total - 4.3.2,
Upper - 4.2.2).

Linear Data : Xy, Uz, Py, I'1, ky = A%ll.

Total Data : Xy, AXy, Us, @1, T'y, l3sinAty, ky = AT—tll.
Upper Data : Xy, Us 14y, 1, T'1, ky = ALtll.

Figure (5.12)(d) is obtained from algorithm (Linear - 4.2.2, Total - 4.3.2,
Upper - 4.2.2).

Linear Data : Xy, Us, @1, Ty, ky = 2.

Total Data : Xy, AXy, Us, @1, Ty, lusinAty, ky = 2=

Upper Data : Xy, Us 1¢,, 1, I'1, kf = ALtll.
Figure (5.13)(a) is obtained from algorithm (4.3.3).
Data : &y, Uy, Wy, @4, T'y.

Figure (5.13)(b) is obtained from algorithm (4.3.3).
Data : Xy, Uy, W, @4, T'.

Figure (5.13)(c) is obtained from algorithm (4.3.3).
Data : Xy, Uy, Wy, D4, Ty.

Figure (5.13)(d) is obtained from algorithm (4.3.3).
Data : Xy, Uy, Wo, P4, T'y.
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12.

13.

14.

15.

16.

17.

Figure (5.14) is obtained from algorithm (4.4.1).

Data : £(Pos,0), ®3, T3, A=0, 55 =0, ky = 3=, Pr, Dr-
Figure (5.15) is obtained from algorithm (4.4.1).

Data : £(Pg,0), ®3, I's, A=0, 5,=0, kf = AL;”Q, Pr, Pr-
Figure (5.17) is obtained from algorithm (4.4.1).

Data : £(Py,,0), @5, Ty, A =285, 5,=0.052, ks = 2, p,, p.
Figure (5.18) is obtained from algorithm (4.4.1).

Data : £(Pos,0), ®3, T3, A =1.1, 5, =0.052, ky = 2=, pr, Ps-
Figure (5.20) is obtained from algorithm (4.4.1).

Data : £(Pg,0), ®3, Ts, A =285, 5, =0.052, ky = 3=, p,, Dr-
Figure (5.21) is obtained from algorithm (4.4.1).

Data : £(P,0), @3, T, A =11, 55 =0.052, kf = 3=, p,, Dr-
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