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ABSTRACT 

As the completion of short-term tasks on online work platforms such as Amazon Mechanical 

Turk (MTurk; i.e., eLancing) continues to increase in popularity, it is important to establish an 

understanding of how traditional work design principles manifest in a digital, transient workforce 

(Colbert et al., 2016). Therefore, the present effort aimed to do so by empirically testing aspects 

of Schroeder et al.’s (2021) eLance work design theoretical model through the lens of the 

Attraction-Selection-Attrition (ASA) model (Schneider, 1987). Data were collected from 325 

MTurk workers to examine the mechanisms by which eLancers are attracted to tasks with 

specific work characteristics, select tasks to design their work, and intend to leave the eLance 

work role. Results of a path analysis indicated that a number of personality factors (e.g., 

prosociality) were predictive of increased attraction to specific task characteristics (e.g., task 

significance). With the exception of feedback from the job, attraction to all task characteristics 

was predictive of increased selection of tasks with those same characteristics. However, only one 

selection factor (i.e., feedback from the job) predicted turnover intentions from the eLance role, 

which was, unexpectedly, a positive effect. No indirect effects emerged for the full mediation 

model, but two perceptions of work factors (i.e., viewing MTurk work as a calling and a career) 

were found to interact with specific attraction factors (i.e., task significance and task variety) to 

predict selection of tasks. These results provide support for some aspects of both the ASA model 

in this context and Schroeder et al.’s (2021) eLance work design model. The findings of this 

study have important implications, as they provide information that MTurk requesters can use to 

attract desirable workers to their tasks (e.g., those high in conscientiousness). The findings are 

also beneficial to eLancers in that they are provided with increased insight into how to select 

tasks that align with their personal desires and characteristics.  
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CHAPTER ONE: Introduction 

In recent decades, continuous technological and economic advancements have led to 

substantial changes in the manner in which work is conducted (Kalleberg, 2000), resulting in the 

creation of a “new world of work” (Ashford et al., 2018, p. 2). For instance, an influx of novel 

Internet-enabled forms of work have emerged, such as the enablement of any individual to 

complete small freelance tasks posted on online work platforms, referred to as eLancing (Aguinis 

& Lawal, 2013). eLancing is unique in that it offers a seemingly endless pool of work 

opportunities with a wide variety of task characteristics, therefore gives workers an opportunity 

to select which tasks to complete and to engage in work design behaviors. As such, eLancing 

shares minimal similarities with the standard workplace (i.e., full-time, steady employment 

conducted at the hiring organization’s location; Kalleberg et al., 1997), which has been the focus 

of most workplace research to date. Therefore, scholars have noted that due to the novelty of a 

fully digital workforce comprised of individuals with a wide array of competencies, research 

investigating what work design looks like in this unprecedented work environment is crucial 

(Colbert et al., 2016).  

Notably, in an effort to better understand eLance work design, recent work has begun to 

investigate the applicability of standard work theories and models to the eLance work 

environment. Namely, Schroeder, Bricka, and Whitaker (2021) presented a theoretical eLance 

work design model, tailored from standard work design models, to specifically consider the 

eLance work environment. However, this model has not been empirically tested; therefore, the 

literature is lacking metrics to represent the factors influencing eLancer selection of work and its 

impact on important outcomes. A theory commonly used to explain the mechanisms by which 

standard workers select work is the Attraction-Selection-Attrition (ASA) model (Schneider, 
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1987), which may also explain the attraction, selection, and attrition patterns of eLancers. Thus, 

the purpose of the present effort is to empirically test Schroeder et al.’s (2021) model through the 

lens of the ASA framework. More specifically, this paper investigates the mechanisms by which 

eLancers on the online platform Amazon Mechanical Turk (MTurk) are attracted to tasks, select 

tasks, and intend to leave the eLance work role, which provides the information necessary to 

improve eLancer experiences and outcomes. 

Nonstandard Work 

For the majority of the 20th century, standard employment was the predominant work 

arrangement in the U.S. (Kalleberg, 2000). However, recent estimates suggest that between 10% 

and 20% of today’s U.S. workforce engages in work arrangements that fall outside of the 

standard employment structure (Appelbaum et al., 2019; Cappelli & Keller, 2013), referred to as 

nonstandard work (Ashford et al., 2007; Kalleberg et al., 2000). Further, due to the influx of 

individuals completing nonstandard work arrangements in the wake of COVID-19-related job 

layoffs (Semuels, 2020), it is likely that the number of individuals presently engaging in 

nonstandard work exceeds previous estimates.   

As nonstandard work encompasses all forms of work that differ from standard 

employment, there are a wide array of highly diverse work arrangements that fall within the 

umbrella of nonstandard work (Bricka & Schroeder, 2021). For example, nonstandard 

arrangements can range from long-term, stable roles which differ from standard work in terms of 

work location or hours worked (e.g., telecommuting, part-time work) to isolated, contingent roles 

that an individual is hired to complete on an as-needed basis, referred to as gig work (Torpey & 

Hogan, 2016). Further, among the types of arrangements that are classified as gig work, there is 

wide variation in types of roles as well. More specifically, as gig work encompasses all forms of 
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on-demand projects or tasks, individuals such as independent contractors, subcontracted vendors, 

rideshare drivers, Airbnb hosts, and online task workers are all completing various forms of gig 

work. The demand for gig work continues to increase, with projections that customers will 

increase their spending in the gig economy by 17% by 2023, resulting in an estimated $455 

billion industry (MasterCard, 2019).  

The continual shift from standard employment to more nontraditional roles is redefining 

work, thereby garnering attention in academic communities and the media. For instance, the 

changing nature of work (e.g., novel approaches in regard to who completes work, such as the 

rise of contractors and temporary workers) has been on the Society for Industrial and 

Organizational Psychology’s list of top 10 work trends for the past five years (Stark, 2021), and 

the gig economy was ranked third on the 2020 list (Haynes, 2020). In addition, the rapid growth 

of the gig economy has been the focus of articles from many mainstream popular press outlets 

(see, e.g., Arruda, 2020; Conklin, 2019; Eidelson, 2021; Iacurci, 2020), making claims such as 

“the gig economy is coming for your job” (Kim, 2020, para. 1).  

The popularization of gig work has also resulted in interest from parties such as 

government and international agencies (see, e.g., International Labour Organization, 2021; 

United Kingdom Parliament, 2017) in regard to factors such as labor rights and welfare benefits. 

For example, there have been recent controversial legal rulings regarding the labor rights of 

rideshare drivers in California and the United Kingdom (see, e.g., Browne, 2021; Conger, 2020), 

highlighting that gig work is a phenomenon of interest to a large number of differing entities. As 

such, this sector of work is becoming increasingly prevalent and garnering interest from many 

parties, which is a trend that is likely to continue in the future.  
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eLancing 

 Due to the wide variety of work arrangements that fall under the umbrella of the gig 

economy, grouping together these diverse work roles in an unspecific “gig work” category is 

problematic (Bricka & Schroeder, 2021). More specifically, as there is great discrepancy among 

these forms of work in regard to work environments and tasks, it is imperative to examine the 

subsets of gig work independently in order to avoid overgeneralization errors. One popular form 

of gig work is online task work, which has been referred to by terms such as crowdsourcing 

(Howe, 2008) or eLancing (Aguinis & Lawal, 2013).  

These terms are differentiated in that crowdsourcing refers to the general act of 

redistributing tasks once internally completed at an organization by making them publicly 

available to an external group of unspecified individuals (Howe, 2008). In turn, eLancing 

narrows in on this concept by describing a specific type of crowdsourcing work environment 

(Ford et al., 2015) in which individuals complete freelance tasks on a platform facilitated by the 

Internet (Aguinis & Lawal, 2013). Stated differently, eLancing is a form of crowdsourcing in 

which tasks are outsourced to a group of Internet-based workers (Ford et al., 2015), colloquially 

referred to as freelancing in a digital space (Cascio & Boudreau, 2017).  

eLance tasks can either be small-scale in nature (i.e., microwork), in which workers 

complete short, manual tasks such as image tagging or audio transcription that do not require 

specific knowledge or abilities, or large-scale projects that rely on niche professional skills 

(Webster, 2016). There are a number of online platforms on which eLance work is conducted, 

including sites that cater specifically to microwork tasks (e.g., MTurk), survey completion (e.g., 

Prolific), or longer-term projects for individuals with specific skills (e.g., Upwork). Taken 

together, the eLance work environment consists of boundless opportunities for workers and 
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offers tasks of any nature; therefore, workers have an opportunity to design their work in a way 

that adheres to their desired characteristics.  

Microwork represents a particularly interesting avenue of eLancing, as it often involves 

minimal or no interaction with the person requesting the work and entails anonymously 

completing work for very small sums of money (Webster, 2016). In contrast, project-based 

eLance work is often more similar in nature to standard work in which eLancers may be 

professionals in their field who work closely with the client for a long duration (Aguinis & 

Lawal, 2013). Due to the specific challenges posed for individuals completing microwork and 

the novelty of the work environment, the present effort focuses on eLancers completing 

microwork rather than project work. Further, as MTurk has been identified as one of the largest 

and most popular microwork platforms (Difallah et al., 2015; Smith & Leberstein, 2015), 

eLancers completing work on MTurk are the population of interest in the present effort. 

MTurk functions as a virtual marketplace in which parties that have work to be 

completed (i.e., requesters) post it in the form of a small, isolated task (i.e., human intelligence 

tasks; HITs) to be completed by workers (Amazon Mechanical Turk, 2018). Requesters upload 

information about the HIT for worker evaluation, such as a HIT title, summary of the task, 

amount of time allowed to complete work, and keywords or tags depicting the subject or nature 

of the HIT. The subject of each HIT typically can be categorized into seven key areas: data 

processing (e.g., entering data or verifying data entry), categorization (e.g., sorting products in 

catalog into similar groups), sentiment (e.g., evaluating tweets or comments for expressed 

attitudes), tagging (e.g., creating keywords for advertisements), content (e.g., creating, revising, 

or critiquing writing samples), business feedback (e.g., evaluating a new product), and academic 

research (e.g., engaging as a participant in a study; Deng & Joshi, 2016). As such, workers are 
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provided with information that suggests the task characteristics that may be present or absent in 

the work prior to selecting the HIT (e.g., a task categorized as data processing may signal to 

workers that autonomy will be low).  

After a worker has completed a HIT, requesters must review each submission and decide 

whether to accept the HIT, thereby paying the worker for completing the task, or rejecting the 

HIT, declining to pay the worker for reasons such as incorrect completion of the task, not 

adhering to instructions, or low-quality responses (Amazon Mechanical Turk, 2018). Workers 

remain anonymous while completing tasks on MTurk, as they are identifiable to requesters only 

by an MTurk identification number. High performing workers can achieve an exclusive status on 

the platform (i.e., master worker) by successfully completing a large number of accepted tasks 

for a variety of requesters, thereby receiving the ability to access HITs that require a master-level 

qualification to complete (Amazon Mechanical Turk, 2018).  

Due to MTurk’s unique work environment in which work is sliced into the smallest 

possible increments, some have referred to such online work contexts as reflecting Taylor’s 

(1911) principles of scientific management, which endorse task simplification (Deng et al., 2016; 

Duggan et al., 2020; Williams et al., 2019). However, in contrast to the scientific management 

perspective, MTurk also allows for work enrichment as individuals are able to design their work 

to fit their desired specifications (Deng et al., 2016). As such, the work design behaviors of 

workers functioning in an innately Tayloristic work environment offers a particularly interesting 

avenue for exploration.   

Notably, eLance work has been examined in previous empirical work, but the primary 

focus of a large subset of research on eLancers has been determining the quality of survey data 

collected from eLancers via sites such as MTurk (see, e.g., Buhrmester et al., 2011; Chmielewski 
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& Kucker, 2020; Smith et al., 2016). However, the departure of the eLance work context from 

standard workplace norms warrants specific investigation into this form of work in order to avoid 

disregarding eLancer work conditions and experiences (Webster, 2016). As such, additional 

research is needed on eLancers, aside from examining their utility as research participants. 

Further, as the eLance workforce is comprised of individuals with an array of skills, abilities, and 

digital experiences, research examining how individuals with diverse backgrounds design work 

in the face of innumerable opportunities is necessary (Colbert et al., 2016). Emphasizing this 

point, others have noted that the lack of attention given to online platform work and its notable 

contrast to standard work in the human resources and organizational behavior literature is 

surprising and should be rectified (Kuhn & Maleki, 2017).  

As such, recent work has begun to discuss the eLance work experience from a human 

resource management (HRM) perspective, exploring how crucial HRM functions such as work 

design, recruitment, and selection manifest in this work context. The first effort to specifically 

examine online platform work through an HRM lens was led by Aguinis and Lawal (2013), 

introducing a research agenda for eLancing research which called for a need to examine key 

HRM areas in this segment of the workforce. In later work, Meijerink and Keegan (2019) 

highlighted that HRM and online platform work are contradictory in that HRM is typically an 

activity executed by an employer to oversee their relations with their employees, yet online 

platforms do not engage in a formal employment relationship with workers. As such, they argue 

that HRM in this work context should be conceptualized as consisting of separate yet related 

entities (e.g., workers, platforms) functioning within a single ecosystem (Meijerink & Keegan, 

2019). Other efforts have similarly discussed the challenges of managing non-employees (Ford 

et al., 2015) and examined the relevance of existing HRM studies to an online platform work 
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environment (Buettner, 2015). In sum, the practice of HRM in online work environments poses 

significant challenges to existing HRM frameworks and conceptualizations; therefore, work is 

needed to determine the applicability of HRM concepts to emerging work contexts (Aguinis & 

Lawal, 2013; Cascio & Boudreau, 2017; Kuhn & Maleki, 2017).  

Additional work has been done to determine what is known about the key HRM functions 

of attraction and selection in online platform work and the generalizability of such concepts to 

new work contexts. Notably, Cascio and Boudreau (2017) examined the state of the literature in 

regard to overlap between nonstandard work and typical HRM functions. Their results indicated 

that the majority of literature examining HRM activities pertains to more longstanding forms of 

nonstandard work such as part-time workers and workers hired through temp agencies (Cascio & 

Boudreau, 2017). Further, they discovered that research on online platform workers has rarely 

investigated worker attitudes or actions taken by individuals completing such forms of work, 

whereas this was frequently the focus of research that focused on more common forms of 

nonstandard work (Cascio & Boudreau, 2017). This demonstrates that the focus of HRM 

research in regard to nonstandard workers has varied in scope depending on the form of work 

being examined and that research on eLancer attitudes and behavior is lacking.  

In addition, Williams et al. (2021) used the ASA model as a framework to examine the 

actions online platforms take to attract and select workers, making an important note that the 

attrition component of the ASA framework is less visible in this context. More specifically, a 

worker’s decision to stop engaging with a given work platform is typically not formally 

investigated or logged in the manner that an organization would handle a worker’s exit from a 

standard position (e.g., exit interviews, surveys). As such, attraction and selection may be more 

relevant to an online platform work context than attrition (Williams et al., 2021). Similarly, Dan 
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et al. (2021) discussed considerations for attracting and selecting digital talent, highlighting 

specific strategies that can be taken to attract digital workers (e.g., advertising the specific tasks 

that can be selected in the role as a mechanism to attract workers).  

Further, Bush and Balven (2021) discuss that in an online platform work context, the 

pairing of qualified workers with appropriate tasks is often up to the discretion of the worker, 

therefore the risk of misalignment between worker competencies and task requirements is high. 

As such, they recommend using increased vetting procedures to aid the worker’s ability to self-

select into tasks that are aligned well with their expertise and interests (Bush & Balven, 2021). 

However, on this note, it is important to highlight that HRM functions in this work context could 

have several conceptualizations. For instance, Kuhn and Maleki (2017) made an important 

observation that the meaning of selection in online platform work may range from receiving 

approval to begin work on a platform to worker selection of tasks from those available to them 

on the platform. As the present effort is focused on eLancers on MTurk who have conducted 

work on the site rather than those seeking a site to complete work on, selection in the present 

effort refers to worker selection of tasks on the MTurk platform.   

In other efforts discussing HRM in online work, scholars have noted that across many 

online labor platforms, HRM functions including selection are often carried out by pre-

programmed algorithms rather than following the standard workplace model of designating 

individuals to conduct such activities (Duggan et al., 2020; Kuhn & Maleki, 2017; Waldkirch et 

al., 2021). As such, Waldkirch et al. (2021) proposed that the use of algorithmic management on 

online work platforms has introduced a hybrid approach to HRM, such that workers are 

responsible for managing some of their own HRM functions (e.g., work design, training), yet are 

simultaneously under a level of intense algorithmic scrutiny in regard to other areas of HRM 
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(e.g., performance management). This use of algorithms to manage HRM activities has been 

argued to directly impact work design considerations (Parent-Rochelau & Parker, 2021). For 

instance, it has been posited that greater use of algorithmic management may have differential 

effects on job design, possibly resulting in less worker autonomy, yet greater feedback from the 

job (Parent-Rochelau & Parker, 2021). Such discussions highlight the potentially impactful role 

that algorithms may be playing in HRM in online platform work.  

Another disconnect between traditional HRM and HRM in online platform work pertains 

to work design. Several papers have acknowledged this difference, highlighting that the nature of 

the small, parsed apart tasks completed in online platform work settings are fundamentally 

different in nature from the way that the same work would be designed in standard work contexts 

(Durward et al., 2020; Kittur et al., 2013). Further, in traditional work settings, job design is 

often executed as an HRM function when recruiting for and selecting individuals for specific, 

pre-determined roles (Connelly et al., 2021). However, due to the lack of formal employment 

relationships in an online platform work context, task characteristics are often instead the 

mechanisms through which eLancers design their own work (Bush & Balven, 2021; Connelly et 

al., 2021).  

Similarly, others have noted the entrepreneurial nature of some forms of gig work, such 

as eLancing and app-based work, in which workers may be responsible for self-selection of tasks 

or upgrading their resources (e.g., vehicle) to offer better services (Barratt et al., 2020; Bricka & 

Schroeder, 2019). In doing so, workers are able to craft jobs that are specifically tailored to their 

criteria (Connelly et al., 2021; Ellmer & Reichel, 2018), whether that may be their available 

resources or their personal considerations and interests. As such, work design in online platform 

work represents a significant departure from work design in standard workplaces. Taken 
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together, much recent work has focused on the nuanced topic of HRM in online platform work. 

However, despite such efforts, there has been no empirical evidence demonstrating how selection 

takes places in this context, referring to how individuals select which work tasks to complete on 

sites such as MTurk.  

Although this lack of empirical knowledge on how individuals select roles or tasks to 

complete extends to all forms of gig work, it is important to note that there has been investigation 

into the job search process for individuals engaging in nonstandard roles that fall outside of the 

gig work definition (i.e., part-time, temporary, and temporary-to-permanent positions). More 

specifically, Pedulla and Mueller-Gastell (2019) examined sociodemographic differences in 

applications to nonstandard work roles, finding that women and the youngest and oldest 

members of the workforce (i.e., ages 18-24 and 55-64) are the most likely to apply to 

nonstandard positions. In contrast, individuals with a college degree were more likely to apply 

for standard work roles than nonstandard positions, demonstrating that applications to 

nonstandard and standard work roles are disproportionately skewed towards certain subgroups. 

Despite this initial empirical investigation into the factors influencing selection of work for 

nonstandard workers, there is much work to be done to fully understand the mechanisms by 

which eLancers select which tasks to complete on platforms such as MTurk.  

Theory Relevant to eLancer Selection of Tasks  

Due to the recency of the emergence of gig work, there is a lack of existing theories 

specifically pertaining to such novel work contexts (Ryan & Wessel, 2015). Thus, it is often 

necessary to consider the applicability of standard workplace theories to nonstandard work 

contexts (Brawley, 2017). As such, in order to develop a greater understanding of the process by 

which eLancers select work on platforms such as MTurk, it is important to turn to theories 



ELANCE WORK DESIGN 18 

considering how individuals select work in standard work contexts. Namely, the ASA model is a 

person-centered framework (Schneider et al., 1995) that has commonly been used to explain the 

process by which people enter standard work arrangements. The ASA framework theorizes that 

individuals who are attracted to, selected by, and retained by organizations are likely to be 

similar in nature due to the selection of work environments that are congruent with their 

personalities. The theory also posits that individuals who are attracted to and selected by an 

organization that is not compatible with their personalities will voluntarily leave the organization 

(Schneider, 1987).  

The ASA theory builds upon earlier conceptual work pertaining to an individual’s fit with 

their work environment, such as person-environment (P-E) fit theory. P-E fit theory posits that 

behavior is determined by the fit of a person to their work environment (Schneider et al., 2000). 

This theory is derived from seminal work by researchers such as Lewin (1935) and Murray 

(1938), who introduced the rudimentary concept of behavior being determined by the interaction 

between a person and a given environment. P-E fit theory has been applied in a number of work 

contexts, including virtual organizations, to determine an individual’s fit with a virtual work 

environment (Shin, 2004). The literature has identified many forms of P-E fit, including person-

organization (P-O) and person-job (P-J) fit, with P-O fit referring to the congruence between an 

individual and an organization and P-J fit referring to the congruence between an individual and 

the tasks involved for a specific job (Carless, 2005).  

Discussions of the relevance of concepts such as P-O and P-J fit in online platform work 

contexts have highlighted some important considerations. Namely, Bush and Balven (2021) 

emphasized that in such forms of work, P-O fit is a rare consideration when matching individuals 

with tasks to complete due to worker anonymity. In turn, others believe that P-J fit is particularly 
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relevant to an MTurk work context, such that the fit between the worker and MTurk tasks has 

been theorized to predict intention to select tasks (Schulze et al., 2012). However, Buettner’s 

(2015) review of the crowdsourcing literature concluded that the lack of empirical research 

linking P-J fit to crowdsourcing outcomes limits the strength of conclusions that can be made 

about the applicability of P-J fit to crowdsourcing environments.   

It is important to note that there have been numerous criticisms of P-E fit theory, 

including the vague manner in which fit is operationalized, disagreement over best measurement 

practices, the lack of consideration of individual attributes in conceptualizing the work 

environment, and the neglect of any negative consequences that may arise from P-E fit, among 

many others (Schneider et al., 2000). As such, Schneider’s ASA model is proposed as an 

alternative to P-E fit theory that does not have such limitations.  

The first stage in the ASA model is the attraction stage, in which the founder of the 

organization determines its overarching goals, structure, and functions, thereby laying the 

groundwork for organizational attraction by creating factors that individuals can determine to be 

alike or dissimilar from their personalities (Schneider et al., 1995). Thus, recruitment activities 

are key to attracting candidates that align with the hiring organization (Schneider, 1987). In an 

eLance context, this first stage may be akin to an MTurk requester designing the task and 

creating the HIT description that workers evaluate when considering whether to select a HIT.  

The second phase of the ASA model, selection, refers to the process of determining 

which individuals in the pool of interested candidates have the organization’s desired attributes 

(Schneider et al., 1995). The ASA model posits that both the attraction and selection stages are 

the mechanisms by which organizations end up with a group of people that have similar 

personalities, but various competencies and skills (Schneider, 1987). Stated differently, at this 
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point organizations have selected a pool of individuals who are more similar to each other than 

they are to individuals employed at other organizations. As discussed previously, in an eLance 

work context, workers are responsible for designing their work experience by selecting work 

tasks of their choosing. Therefore, among eLancers, the selection phase of the ASA model is 

likely within the realm of control of the worker rather than an organization.  

However, as it is posited that workers select tasks that align with their personal 

characteristics, requesters may still obtain a pool of workers that are similar in nature in regard to 

personality, skill, or competency. Additionally, as requesters have the ability to accept or reject 

completed work, it is possible that rejected work may belong to individuals with characteristics 

that are dissimilar to those who had approved work (e.g., low conscientiousness for a data entry 

task). In such an instance, the selection phase would still parallel ASA’s initial conceptualization 

in which the authoritative party plays a role in curating a similar workforce.  

Lastly, the attrition phase of the ASA model describes the process by which individuals 

who are incongruent with the work environment realize that they were mistakenly attracted to the 

organization and exit the role (Schneider, 1987). Among eLancers, this is likely most similar to 

the point at which an individual exits the eLance work role by deciding to discontinue the 

completion of all work on the platform. Taken together, the ASA framework suggests that the 

attraction, selection, and attrition stages are affiliated mechanisms taking place over an extended 

period of time (Muchinsky, 2000) that collectively establish which types of people exist in an 

organization, which then impacts organizational characteristics, such as procedures and culture 

(Schneider et al., 1995).  

The ASA model has been empirically supported, as personality has been demonstrated to 

be related to organizational choice or preference (Judge & Cable, 1997; Lievens et al., 2001; 
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Schneider et al., 1998), and similarity in personality between members of the same organization 

has been established (Jordan et al., 1991; Schneider et al., 1998). Further, empirical studies have 

determined that job applicants often associate organizations with specific personality traits (e.g., 

identifying an organization to be helpful or creative) and use those traits to assess fit (Slaughter 

et al., 2004) and to determine whether to seek employment at that organization (Slaughter & 

Greguras, 2009).  

In addition, several studies have demonstrated that individuals with congruence between 

their personality and organization are more likely to remain at the organization than those with 

incongruence (O’Reilly et al., 1991; Posner, 1992; Posner et al., 1985). In sum, the ASA model 

is a useful framework for examining the general processes by which people are attracted to, 

selected at, and remain at an organization, as demonstrated by the vast number of research efforts 

that have used the ASA model to examine attraction, selection, and retention processes (see, e.g., 

Choi & Chung, 2017; Judge & Cable, 1997; Slaughter et al., 2005; Wilson, 2016; Wright & 

Christensen, 2010).  

Despite the utility of the ASA framework in explaining these mechanisms, the theory was 

developed in reference to this process occurring at one standard organization for a specific job 

role. As such, the tenets of this theory do not directly translate to an eLance work context due to 

the lack of a consistent organizational culture and work environment, which is dissimilar to 

standard workplaces. However, aspects of the ASA framework have been determined to be 

applicable to an eLance work context, as demonstrated by Williams et al.’s (2021) use of the 

ASA model to examine which HRM practices digital platforms implement to attract and select 

workers. Taken together, although the traditional manner in which the ASA model 

conceptualizes relations between workers and organizations is not identical to an eLance work 
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context, there are important tenets of ASA theory that can be used to examine the attraction, 

selection, and attrition patterns of eLancers. 

eLance Work Design 

As highlighted previously, recent efforts have discussed the disparate nature of work 

design in traditional and online platform work contexts, yet more work is needed to provide 

empirical evidence of the work design process among eLancers. Thus, it is necessary to draw 

from existing work design principles to understand the considerations of eLancers in designing 

their work (i.e., choosing which HITs to complete). One popular work design principle in a 

standard work context is job crafting (i.e., a bottom-up process in which an employee modifies 

their role to more closely align with their desired tasks), which often results in greater 

perceptions of meaningfulness and the employee identifying more strongly with their work 

(Tims & Bakker, 2010; Wrzesniewski & Dutton, 2001).  

There is notable overlap between job crafting principles and the eLance work role, in 

which work design is entirely under the discretion of the eLancer who selects each task 

(Schroeder et al., 2021). To this point, work examining job crafting behaviors among online 

platform workers has found job crafting to be positively linked to worker outcomes such as 

increased career commitment and resilience (Wong et al., 2021). As such, the personality factors 

that have been demonstrated to be related to job crafting behaviors are likely to be similarly 

predictive of eLancer work selection behaviors (Schroeder et al., 2021).   

In order to develop a greater understanding of the mechanisms by which eLancers engage 

in digitized work, Schroeder et al. (2021) set forth a theoretical model of eLance work design 

that built upon previous standard work design frameworks (Morgeson & Campion, 2003; 

Morgeson & Humphrey, 2006) to specifically consider this novel work context (see Figure 1). In 
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this model, the authors proposed that several categories of eLance work antecedents (i.e., social 

[e.g., eLance network social cues], structural [e.g., technology], and personal [e.g., proactive 

personality]) influences predict work characteristic design factors (i.e., motivational [e.g., 

feedback from the job] and social [e.g., social support] characteristics). These work characteristic 

design factors were expected to predict several key mediating mechanisms (e.g., 

meaningfulness), with that relationship being moderated by relevant contextual characteristics 

(e.g., work conditions). 

Lastly, the mediating mechanisms were posited to predict several categories of outcomes 

(i.e., behavioral [e.g., turnover intentions], attitudinal [e.g., job satisfaction], role perception 

[e.g., role ambiguity], and well-being [e.g., stress]). However, this model has not been 

empirically tested to verify the proposed mechanisms of eLance work design. Nevertheless, 

aspects of this work design model may offer crucial insight into the factors involved in worker 

selection of tasks on MTurk. As such, the present effort aims to conduct an initial empirical test 

of specific aspects of this eLance work design framework that pertain to worker attraction to and 

selection of tasks.  

Revisions to Schroeder et al.’s (2021) Framework 

Examination of Schroeder et al.’s (2021) eLance work design model through the lens of 

the ASA framework suggests that revisions to the model may be necessary in order to adhere to 

the scope of the present effort. Therefore, a modified version of Schroeder et al.’s (2021) model 

was tested in this paper in order to focus on the factors most relevant to the ASA theory and to 

incorporate important additional theoretical considerations. As depicted in Figure 2, the proposed 

model for the present effort involves Schroeder et al.’s (2021) personal growth and prosociality 

factors (referred to subsequently as personality factors) predicting attraction to task 
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characteristics (i.e., autonomy, task variety, task significance, task identity, feedback from the 

job, task clarity). Attraction to these six task characteristics is expected to predict actual selection 

of tasks with these characteristics, with this relationship being moderated by work essentiality 

factors (i.e., financial need and perceptions of work). Lastly, selection of tasks with those 

characteristics is posited to predict turnover intentions from the eLance role. Justification for this 

proposed model is provided below, along with the study hypotheses.  

Personality Predicting Attraction to Tasks 

Consideration of this work design model from an ASA theory perspective reveals that 

certain subsets of Schroeder et al.’s (2021) work design framework are likely to be more relevant 

to the attraction, selection, and attrition processes of eLancers than other aspects of the model. 

For instance, as the premise of the ASA model is that an individual’s personality is predictive of 

attraction to an organization, the personality factors (i.e., proactive personality, learning goal 

orientation, need for achievement, self-efficacy, psychological capital, the Big Five traits, 

prosociality) of the antecedents proposed by Schroeder et al. (2021) are particularly relevant in 

the context of the ASA framework. Additionally, as the emphasis of the ASA model is on an 

individual’s homogeneity with their work environment, the motivational characteristics most 

consistent with the ASA theory in this work design framework are task characteristics (i.e., 

autonomy, task variety, task significance, task identity, feedback from the job, task clarity).  

Notably, as Schroeder et al. (2021) emphasized, knowledge-related factors may be more 

relevant to high-skilled project-based eLance work rather than microwork on MTurk. As such, 

the knowledge characteristics subfactor of the motivational characteristics category is less 

appropriate to assess in an MTurk setting, as it is a platform that facilitates the completion of 

small, individual tasks. Further, as the purpose of the present effort is to empirically test 
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Schroeder et al.’s (2021) model through the lens of the ASA framework, the mediating 

mechanisms section of the original model and the moderating contextual characteristics have 

been excluded, as they fall outside of the guiding framework of the ASA model. 

The most significant revision to the original eLance work design model is the insertion of 

attraction to task characteristics in between the personal influences antecedents category and 

selection of tasks with specific characteristics. The ASA process has been established to be 

linear, in that attraction to a role must precede selection and attrition (Muchinsky, 2000). This 

suggests that attraction should predict selection of tasks, rather than the direct link between 

specific personality traits and relevant task characteristics depicted in Schroeder et al.’s (2021) 

model. As such, the incorporation of this ASA theory tenet into Schroeder et al.’s (2021) eLance 

work design model is necessary in order to fully understand the mechanisms by which eLancers 

are attracted to and select work.  

The rationale for adding attraction to tasks as a mediator between personality 

characteristics and selection of tasks is further supported by the many instances in the literature 

of personality factors predicting an individual’s attraction to an organization or specific tasks. In 

addition to personality factors being predictive of organizational attraction, Kristof-Brown et 

al.’s (1996) meta-analytic findings demonstrated that compatibility between an individual’s 

characteristics and the characteristics of a specific job predicted greater attraction to the 

organization. A description of each of each task characteristic of interest in this study, as well as 

the personality factors and their relations to attraction is included below.  

The six motivational task characteristics compiled by Schroeder et al. (2021) are 

autonomy (i.e., the extent to which a worker has freedom and discretion over the completion of a 

task; Hackman & Oldham, 1976), task variety (i.e., the extent to which a wide array of work 
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activities are involved in a job; Hackman & Oldham, 1976), task significance (i.e., the degree to 

which the job tasks are believed to impact the lives of others; Hackman & Oldham, 1976), task 

identity (i.e., the extent to which a job involves completing an easily identifiable task in its 

entirety; Hackman & Oldham, 1976), feedback from the job (i.e., the degree to which 

information about a worker’s performance is clearly communicated in the job; Hackman & 

Oldham, 1976), and task clarity (i.e., the extent to which a task’s instructions are clearly denoted; 

Schroeder et al., 2021).  

Notably, these characteristics, with the exception of task clarity, have long been factors of 

interest among workplace researchers. More specifically, these five task characteristics were 

central to Hackman and Oldham’s (1976) Job Characteristics Theory, in which they were 

considered to be core job dimensions that impacted psychological states (e.g., work 

meaningfulness), which then impacted relevant work outcomes (e.g., turnover). These 

characteristics were also included in later standard work design models (e.g., Morgeson & 

Campion, 2003; Morgeson & Humphrey, 2006), demonstrating their centrality to work design 

efforts. Task clarity was included in Schroeder et al.’s (2021) model as a task characteristic 

alongside the five core task characteristics, as many efforts have noted its important role in an 

eLance work environment. Further, many of these factors have been reported as desirable 

characteristics of eLance work that encourage participation in this form of work (Deng & Joshi, 

2016).  

Previous research has demonstrated links between each of these personality factors and 

organizational or task attraction. For instance, proactive personality, referring to the tendency to 

take action to introduce meaningful change in one’s environment (Bateman & Crant, 1993), has 

been positively linked to job search behaviors (e.g., preparing application materials), job search 
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effort, and entrepreneurial intentions (Brown et al., 2006; Prieto, 2010). Likewise, some have 

posited that individuals with high levels of proactive personality will experience greater 

organizational attraction, as they will envision opportunities in which they can be of service to 

the organization (Zhang et al., 2019).  

Another personality factor that has been linked to task and organizational attraction is 

learning goal orientation, which refers to one’s desire to seek out opportunities to complete 

difficult tasks that enhance learning (Wood & Bandura, 1989). Notably, one’s intention to learn 

has been positively linked to task attraction (Seegers & Boekaerts, 1993). In addition, learning 

goal orientation was found to be an important moderator of the relationship between mentorship 

programs and organizational attraction, such that individuals with a greater learning orientation 

reported greater attraction to organizations that offered formal mentoring programs than those 

that did not (Allen & O’Brien, 2006).  

Similarly, need for achievement, which is characterized by a tendency to push oneself to 

accomplish challenging tasks and meet a high performance standard (Jackson, 1974), has been 

found to predict attraction to an organization or a specific field (Turban & Keon, 1993; Wilson, 

2016). Further, organizational attraction has been found to differ according to an individual’s 

levels of need for achievement (Bretz et al., 1989; Slaughter et al., 2005).  

In turn, self-efficacy refers to an individual’s belief in their capabilities to perform well in 

a specific area (Bandura, 1997). Scholars have posited that self-efficacy is likely to play an 

important role in an individual’s attraction to an organization, as those with high levels of self-

efficacy will have an expectation of succeeding at the organization, and therefore will likely 

evaluate it more critically (Ehrhart & Ziegert, 2005). Further, an individual’s knowledge self-
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efficacy for a particular task has been positively linked to both personal interest in the task and 

motivation to contribute to task completion (de Vreede, 2016).  

Psychological capital, a composite factor that encompasses an individual’s self-efficacy, 

hope, optimism, and resiliency (Luthans & Youssef, 2004), is also an important factor in 

determining organizational attraction. As psychological capital has been found to moderate the 

relationship between work engagement and organizational commitment, scholars have argued 

that organizations that value work engagement and organizational commitment should invest in 

development of psychological capital in order to increase organizational attraction (Robyn & 

Mitonga-Monga, 2017).  

The Big Five traits include neuroticism (i.e., a predisposition to have high anxiety), 

openness to experience (i.e., a propensity to be imaginative and demonstrate originality), 

extraversion (i.e., one’s tendency to be sociable and talkative), agreeableness (i.e., one’s 

inclination to be cooperative and courteous), and conscientiousness (i.e., one’s tendency to be 

organized and responsible; Barrick & Mount, 1991). The Big Five traits have been linked to 

differences in organizational attraction and have been shown to predict attraction to 

organizations (Judge & Cable, 1997; Slaughter et al., 2005). In addition, the Big Five traits have 

been found to interact with variables such as organizational personality and characteristics to 

predict greater attraction to the organization (Lievens et al., 2001; Slaughter & Greguras, 2009).   

Lastly, prosociality refers to the extent to which an individual desires to aid others (Grant, 

2008a). Notably, organizational engagement in prosocial attitudes and behavior was found to 

predict greater organizational attraction via the mediating mechanism of applicant perceived fit 

with the organization's values, highlighting that applicants shared a prosocial orientation with the 

organization (Jones et al., 2014). Further, roles that were perceived by applicants to consist of 



ELANCE WORK DESIGN 29 

prosocial characteristics (e.g., helping others, contributing to society) were positively linked with 

greater applicant intentions to apply (Asseburg et al., 2020).  

As eLancers engage in job crafting practices and have significant autonomy over which 

tasks to select, Schroeder et al. (2021) argued that average levels of task characteristics present in 

work may be reflective of a worker’s personal characteristics, such as their goals and 

preferences. As such, it is likely that the aforementioned personality factors will not only predict 

attraction to tasks, but more specifically will predict attraction to tasks with high levels of 

generally desirable task characteristics. Taken together, the following is hypothesized:  

Hypothesis 1 (H1): Personality factors will predict attraction to task characteristics, such 

that individuals with high levels of proactive personality, learning goal orientation, need 

for achievement, self-efficacy, psychological capital, the Big Five traits, and prosociality 

will experience greater attraction to the specified task characteristics.  

As it is expected that personality factors will predict attraction to the specified task 

characteristics, below is a discussion of evidence that personal influence factors are linked to 

specific eLance task characteristics. 

Scholars have argued that proactive personality is likely to influence the levels of task 

characteristics present in one’s work (Tornau & Frese, 2013). This proposition has been 

supported, as a meta-analysis demonstrated a positive relationship between proactive personality 

and autonomy (Tornau & Frese, 2013). Further, learning goal orientation has been positively 

linked to feedback seeking behaviors (Whitaker & Levy, 2012), as individuals with a high 

learning goal orientation rely on feedback as a critical tool to improve performance (VandeWalle 

et al., 2001). In addition, learning goal orientation has been positively linked to job autonomy 

(Zhang et al., 2017). In turn, individuals with a high need for achievement have been found to 
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have higher performance on work that requires autonomy and task variety (Steers & Spencer, 

1977) and require greater feedback on tasks (Steers, 1987) compared to those with a low need for 

achievement.  

Further, self-efficacy and psychological capital have been found to be positively related 

to autonomy, task variety, task significance, task identity, and feedback (Cai et al., 2019; Kao, 

2017; Malik & Dhar, 2017; Todd & Kent, 2006). Various relationships have been demonstrated 

between the Big Five traits and task characteristics, such as the relationships between emotional 

stability and autonomy (Barrick & Mount, 1993) and conscientiousness and skill variety (Kim et 

al., 2009). In addition, Grant (2007) posited that completing work with high levels of task 

significance may be related to an individual’s prosocial orientation. Therefore, in light of both 

the ASA theoretical tenet of personality driving attraction to work roles and Schroeder et al.’s 

(2021) eLance work design framework that expected personality traits to be linked to specific 

task characteristics, the question is proposed on an exploratory basis:  

Research Question 1 (RQ1): Which specific work characteristics (i.e., autonomy, task 

variety, task significance, task identity, feedback from the job, and task clarity) are 

predicted by personality factors? 

Attraction to Tasks Predicting Selection of Tasks 

 Further, there is evidence to suggest that work attraction is predictive of work selection. 

Namely, Tikhonov (2019) found that one of the most important considerations for workers when 

selecting a work role is the attractiveness of the specific tasks offered in that position. Further, 

previous work has demonstrated that attraction to work roles with high levels of job security is 

predictive of working in an employment sector that provides job security (Choi & Chung, 2017). 

In the same vein, individuals who reported attraction to work that is beneficial to others were 
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more likely to be employed in a job that provides an opportunity to help others than one that does 

not (Wright & Christensen, 2007). In addition, Carless (2005) found that during a selection 

process, attraction to the organization was positively related to job acceptance intentions. These 

findings demonstrate the likelihood of attraction to specific task characteristics predicting 

selection of tasks with those same characteristics (e.g., attraction to tasks with autonomy 

predicting selection of tasks with autonomy). As such, the following hypothesis is proposed:  

Hypothesis 2 (H2): Attraction to task characteristics will predict selection of tasks with 

corresponding characteristics, such that a) autonomy attraction will predict greater 

selection of tasks with autonomy, b) task variety attraction will predict greater selection 

of tasks with task variety, c) task significance attraction will predict greater selection of 

tasks with task significance, d) task identity attraction will predict greater selection of 

tasks with task identity, e) feedback from the job attraction will predict greater selection 

of tasks with feedback from the job, and f) task clarity attraction will predict greater 

selection of tasks with task clarity. 

In addition to the personality factors discussed previously, Schroeder et al. (2021) also 

included two work essentiality factors (i.e., financial need and perceptions of work) in their 

personal influences antecedents category. Although they fall outside of the personality 

considerations suggested by the ASA framework, they are important factors that are likely to 

impact the relationships between attraction to tasks and actual selection of tasks. For instance, in 

an eLance work context there is a potential for variation between attraction to and actual 

selection of tasks, such as an individual being attracted to tasks with desirable work 

characteristics, yet selecting undesirable tasks that offer greater compensation due to financial 
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need. This demonstrates just one instance in which the relationships between attraction and 

selection may be impacted by work essentiality factors.   

Financial need refers to the role of monetary income in a worker’s life, such as the extent 

to which an individual relies upon a source of income to meet basic needs (Shaw & Gupta, 

2001). As may be expected, a desire to earn money has been identified as the greatest motivator 

for participating in platform work (Chen et al., 2019). However, it is important to note that not 

all MTurk workers are completing such work due to financial motives. Financial need among 

MTurkers has been demonstrated to vary, such that perhaps up to one-third of workers on the 

platform are largely dependent on MTurk for income (Berg, 2016; Kuhn & Maleki, 2017). 

However, others with presumably lower levels of financial need participate on the site for 

purposes such as entertainment (Ipeirotis, 2010), learning potential (Chen et al., 2019), or to 

experience a break from the pressures of daily life or standard employment (Gray & Suri, 2019).  

Previous work has argued that an individual’s level of financial need may impact the 

extent to which individuals are accessible for work opportunities, such that those with higher 

levels of financial need are less likely to uphold personal boundaries on digital connectivity 

(Ollier-Malaterre et al., 2019). For example, Gray and Suri (2019) labeled one subset of platform 

workers as “always on,” referring to individuals that remain constantly tethered to the platform 

in order to avoid missing new work opportunities, often due to high levels of financial need. 

Further evidence for Ollier-Malaterre et al.’s (2019) proposition is provided through interviews 

with one form of gig workers (i.e, rideshare drivers), discussing the dilemma many drivers face 

in which they must choose between spending the most profitable hours (i.e., 6 – 9 am, 5 – 7 pm) 

driving or with their children (Rosenblat, 2018).  
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Financial need has been shown to impact the type of work an individual is drawn to 

(Vohs et al., 2006) and has been determined to be the most common motivation for individuals to 

pursue eLance tasks (Deng & Joshi, 2016). Further, among a sample of gig workers, the extent to 

which an individual was dependent on that source of income was found to have a direct impact 

on work experiences, such that those with lower financial dependence had greater satisfaction 

and control over work hours (Schor et al., 2020). Notably, the amount of financial compensation 

provided in a task has been shown to moderate previous relationships in an online platform work 

context, such as the relationships between task characteristics (i.e., autonomy, task variety, task 

identity, feedback) and satisfaction (Durward et al., 2020).  

 Attraction to tasks may differ among individuals with various levels of financial need, as 

workers seeking supplemental income may value favorable work practices (e.g., high levels of 

communication) more than those completing work out of dire financial need (Cassady et al., 

2018). In other words, individuals who have high financial need are likely to place greater 

emphasis on the income received than the characteristics of the work, whereas workers low in 

financial need can afford to select attractive work tasks rather than strictly completing tasks with 

high compensation to meet income needs. As such, high levels of financial need may weaken 

relationships between attraction and selection.  

Perceptions of work refers to the meaning that a work role holds in one’s life (Rosso et 

al., 2010). Work meaning has been categorized into three conceptualizations: viewing work as a 

job (i.e., a focus on rewards rather than personal fulfillment), a career (i.e., a focus on 

progressing to higher status positions), and a calling (i.e., a focus on completing fulfilling work; 

Wrzesniewski et al., 1997). Although conceptualizing the term “job” slightly differently than 

Wrzesniewki et al.’s (1997) categorization, Keith et al. (2019) explored whether or not MTurk 
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workers viewed their work on the platform as a job, in contrast to viewing MTurk work as a gig 

or side hustle. Results indicated that viewing MTurk work as a job was related to having a set 

schedule for work and completing more HITs per week and hours per week on the site than those 

who did not (Keither et al., 2019). As such, the way an individual views their MTurk work has 

been demonstrated to impact their behavior on the site.  

In turn, scholars have argued that individuals may experience attraction to a specific field 

or type of work due to experiencing a sense of calling (Thompson & Christensen, 2018), with 

this sense of calling allowing individuals to focus on the innate meaning and value of their work 

(Hakala, 2009). Whereas individuals who view their work as a calling are likely to only select 

tasks that they experience strong attraction to, workers who view their work as a job or career 

may demonstrate a weaker relationship between attraction to and selection of tasks. As the 

interactions between attraction to task characteristics and work essentiality factors on selection of 

specific task characteristics has not been explored in previous research, the following research 

question is proposed on an exploratory basis:  

Research Question 2 (RQ2): Do work essentiality factors (i.e., financial need and 

perceptions of work) interact with attraction to task characteristics to predict selection of 

task characteristics?  

Selection of Tasks Predicting Turnover Intentions 

Recent work discussing the inconsistent nature of HRM in online platform work (i.e., 

high performance monitoring yet self-managed work design and training) has emphasized that 

research examining worker outcomes is imperative to monitor the effects of such work 

environments (Waldkirch et al., 2021). A variable that is of utmost interest in a traditional HRM 

environment is employee turnover, yet the applicability of turnover to nonstandard work contexts 
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has been questioned (Cappelli & Keller, 2013). As such, the turnover intentions of individuals 

participating on online platforms has not received much attention to date (Ma et al., 2018). 

However, Kuhn and Maleki (2017) purport that the inflow and outflow of workers on such 

platforms is important to consider. For instance, they suggest that the global nature of MTurk in 

which large volumes of workers are constantly both entering and exiting the platform could be 

seen as a natural work cycle rather than high levels of turnover (Kuhn & Maleki, 2017).  

In regard to Schroeder et al.’s (2021) proposed eLance work design outcomes, this effort 

will focus specifically on turnover intentions in the behavioral outcomes category in order to 

examine the attrition behavior of eLancers. Notably, in an online platform work context, some 

previous work has conceptualized turnover intention as a worker’s desire to discontinue work on 

a specific platform entirely, rather than the discontinuation of a task for one requester to begin 

work for another (Ma et al., 2016). As such, the current effort adopts this perspective, with 

turnover intentions referring to intent to discontinue the completion of eLance work on MTurk 

entirely.  

Turnover intentions are a construct of interest in the context of the ASA model and 

eLance research efforts alike. For instance, Shin (2004) theorized that in virtual organizations, 

compatibility between the characteristics of the person and their organization, work group, or job 

would result in decreased turnover intentions. In addition, Ma et al. (2018) found that active 

participation on MTurk (e.g., communicating with other members of the MTurk community, 

providing information to other MTurk workers) was negatively related to turnover intentions, 

which is a trend that continued across a period of several months.  

From an eLance work design perspective, there is evidence to suggest that eLancers find 

certain work characteristics desirable, and therefore may be less likely to leave the role if those 
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characteristics are present. For instance, Brawley and Pury (2016) found that task feedback 

predicted greater job satisfaction among some eLancers, which, in turn, predicted lower turnover 

behavior. As autonomy, task variety, task significance, and task clarity have been reported by 

eLancers as factors that motivate their participation and engagement in an eLance work 

environment (Deng & Joshi, 2016), it is likely that similar trends will occur for each task 

characteristic, such that higher levels of these characteristics will result in lower turnover 

intentions. As such, the following hypothesis is proposed:  

Hypothesis 3 (H3): Selection of tasks with autonomy, task variety, task significance, task 

identity, feedback from the job, and task clarity will predict turnover intentions, such that 

performing work with higher levels of these characteristics will be linked to lower 

turnover intentions.  

Mediating Effects 

A key aspect of Schroeder et al.’s (2021) framework is the mediation effect that is 

expected to occur between phases of the eLance work design model. More specifically, the 

model is arranged such that the antecedent variables are proposed to predict worker outcomes via 

work characteristic design factors and mediating mechanisms. As the present effort aims to 

incorporate core ASA theory principles into this eLance work design model, thereby following 

the overall structure set forth by Schroeder et al. (2021), the following indirect effect is 

proposed:  

Hypothesis 4 (H4): Personality factors are expected to predict turnover intentions via the 

mediating mechanisms of attraction to task characteristics and selection of task 

characteristics.  
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CHAPTER TWO: Method 

Participants 

Data were collected from 343 MTurk workers in the United States across two separate 

data collection efforts conducted 14 days apart. After removing outliers, the final sample was 

comprised of 325 individuals with an average age of 41.42 (SD = 12.11). The sample had almost 

equivalent representation of gender (52.6% male, 45.8% female), but not race (80.3% white). 

The most common education level was attainment of a Bachelor’s degree (45.5%), followed by a 

Master’s degree (16.9%) and having attended some college, but not obtaining a degree (15.1%). 

The sample was comprised of highly experienced MTurk workers, with the average number of 

approved HITs being 36,083.31 (SD = 144,204.81).  

In order to account for attrition, the first round of data collection garnered approved 

responses from 524 individuals, ultimately retaining 343 of those respondents in the second 

survey effort, or 65% of the sample. This aligns with Keith et al.’s (2017) findings that 

longitudinal studies on MTurk typically experience an attrition rate around 30%. This sample 

size was determined based on the results of an a priori power analysis conducted using G*Power 

(Faul et al., 2009), which indicated that a sample of 242 participants was necessary to detect a 

medium effect size (f2 = 0.15) with an alpha level of .05 and power level of 0.95. As the number 

of participants that would complete both surveys was unknown a priori due to attrition, the final 

sample size of 325 participants exceeds the minimum requirements of the power analysis. 

As suggested by Deng et al. (2016), the sample was restricted to individuals in the United 

States in an effort to mitigate any confounds that many occur from cultural influences due to the 

fact that the desirability of task characteristics may differ across cultures. Further, in order to 

increase the likelihood that the sample would be representative of the eLancer work population 
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and to avoid the risk of range restriction that arises from only sampling experienced, high-

performing workers, minimal restrictions were applied for individuals to participate in the study. 

More specifically, in order to ensure that workers had experience evaluating and selecting tasks 

on MTurk, the only eligibility requirement for participants was the completion of 50 approved 

HITs in order to participate in the study. However, as the lack of enforcing strict performance 

requirements in order to participate in the study was likely to drastically increase the number of 

poor submissions and illegitimate survey completions by bots, a number of quality control 

assessments were included in various formats (see Appendix A). The final sample of participants 

includes only individuals who passed the screening measures implemented in Appendix A. 

In addition, measures were taken in the survey to discourage bot participation, such as 

requiring respondents to complete a reCAPTCHA verification question and enabling a feature to 

prevent ballot box stuffing (i.e., several survey responses from the same IP address). Survey 

responses that failed two or more of the quality control questions by providing an incorrect 

survey response or an incoherent open-ended response were rejected and not included in the final 

sample. Each participant with an approved submission by the researcher was paid $1.80 upon 

completion of the first survey, which adheres to U.S. federal minimum wage standards, as the 

survey took the majority of respondents approximately 15 minutes to complete. For the second 

survey, workers with approved submissions received $1.20 for completing the survey, which 

took 10 minutes to complete, on average. Taken together, respondents who completed both 

surveys were compensated $3 each.  

Design and Procedure 

 This study assessed participant demographics, personality, work essentiality, attraction to 

tasks, selection of tasks, and turnover intentions by way of a two-wave survey study design. Data 
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were collected from participants at two different time points approximately 14 days apart, as 

longitudinal study designs are necessary when testing for mediation effects (Cole & Maxwell, 

2003). The latency period between participant completion of both surveys was on par with the 

intended 14-day gap, as results indicated that an average of 14.28 days (SD = 0.64) elapsed 

between participant completion of both surveys.  

It is important to note that in an eLance context there are unique concerns when 

conducting a time-series study, particularly in regard to measurement of turnover intentions. For 

example, high levels of turnover intentions in the first survey could result in eLancers exiting the 

work role prior to completion of the second survey, or range restriction of turnover intention 

scores may occur in the second survey, as all participants will have been eLancers for a 

continued period of time, therefore collectively exhibiting low turnover intentions.  

In an attempt to mitigate these confounds, the first survey included measures of all 

variables (i.e., demographics, personality factors, attraction to task characteristics, selection of 

task characteristics, work essentiality factors, and turnover intentions), and the second survey 

assessed attraction to task characteristics, selection of task characteristics, work essentiality 

factors, and turnover intentions. Additional analyses, described below in the results section, were 

conducted to determine if turnover intentions in the first survey predicted completion of the 

second survey and to assess range restriction in turnover intentions during the second survey. 

Measures 

A description of each measure that was used is included below. Unless stated otherwise, 

each measure used a seven-point Likert scale ranging from 1 (strongly disagree) to 7 (strongly 

agree). Intercorrelations between all variables are provided in Table 1.  
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Personality Factors 

 For each personality factor, participants were asked to assess the extent to which each 

item described them in general. All personality factor measures are provided in Appendix B. 

Proactive personality was assessed with Seibert et al.’s (2001) 10-item scale. An example item is 

“I am constantly on the lookout for new ways to improve my life,” and the Cronbach’s alpha 

reliability coefficient for the scale was 0.90. Learning goal orientation was measured with the 

five-item scale developed by Brett and VandeWalle (1999), which had an alpha coefficient of 

0.90. An example item is “I am willing to select a challenging work assignment that I can learn a 

lot from.”  

Need for achievement was assessed using Eisenberger et al.’s (2005) eight-item measure, 

which had an alpha reliability coefficient of 0.90. An example item is “I get the most satisfaction 

when completing job assignments that are fairly difficult.” Self-efficacy was measured using 

Chen et al.’s (2001) eight-item New General Self-Efficacy Scale, which had an alpha reliability 

coefficient of 0.93. An example item is “I will be able to achieve most of the goals that I have set 

for myself.” Psychological capital was assessed with a modified version of Luthans et al.’s 

(2006) Psychological Capital Questionnaire, which consists of 24 items and had a reliability 

coefficient of 0.93. Some items were modified in order to generally pertain to work, rather than 

context-specific statements such as “this job.” An example item is “There are lots of ways 

around any problem.” 

The Big Five traits were evaluated using the Mini-IPIP developed by Donnellan et al. 

(2006). This scale consists of 20 items, with four items measuring each of the Big Five 

dimensions, and Cronbach’s alpha reliability coefficients ranged from 0.70 to 0.80 for each 

subscale. Notably, the originators of this scale titled the construct traditionally referred to as 
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“openness” instead as “intellect/imagination,” but note that the intellect/imagination factor maps 

onto the construct of openness and that previous work has used the two terms interchangeably 

(John & Srivastava, 1999). In the present effort, the construct is referred to as openness for the 

sake of familiarity. Example items include “I sympathize with others’ feelings” (agreeableness) 

and “I have a vivid imagination" (openness). Lastly, prosociality was measured using Grant’s 

(2008b) three-item prosocial motivation scale, which demonstrated an alpha reliability 

coefficient of 0.94. An example item is “It is important to me to make a real difference in 

people’s lives through my work.” 

Work Essentiality Factors 

Financial need was assessed both using an objective metric and a self-report measure. 

The objective metric was calculated using an index developed by Shaw and Gupta (2001) 

evaluating relevant factors assessed in the demographic questions (i.e., marital status, number of 

children under the age of 18 in the household, other sources of income and financial support). 

The index scoring involved weighting married participants and those with children more heavily 

than single, non-parent respondents (i.e., respondents are assigned a score of 1 for being married 

and for each child in the household). In addition, a value of 0.5 was subtracted from the total for 

each individual in the house that works at least 20 hours per week and for each 20 hours worked 

by the participant in a role other than their MTurk work. After scoring took place, these values 

were summed for each participant, with scores ranging from -3.50 to 3.50, in which higher 

scores indicated greater financial need.  

Participants were also asked to indicate their financial need on a self-report measure by 

indicating how they would classify their financial need without the income provided by their 

work on MTurk. The question was preceded with directions stating that when answering the 
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question, they should consider essential expenses to be bills such as utilities or rent/mortgage, 

and nonessential expenses to be voluntary expenditures such as concert tickets. They were then 

provided with the statement “I would be able to pay for…,” with response options for essential 

and nonessential expenses listed separately, ranging from “no essential [nonessential] expenses” 

to “all essential [nonessential] expenses”, which were combined to represent an average self-

reported financial need score. See Appendix C for all work essentiality items.  

Perceptions of work were measured using the Work-Life Questionnaire developed by 

Wrzesniewski et al. (1997). Participants were provided with three separate paragraphs describing 

a job, career, and calling perspective of work, then rated their similarity to the situation on a 

scale from 1 (very unlike me) to 7 (very like me). For example, a section of the calling paragraph 

states, "Person C feels good about their work because they love it, and because they think it 

makes the world a better place."  

Attraction to Task Characteristics 

 Attraction to task characteristics was measured by administering a measure for each 

characteristic and asking participants to indicate how attractive they find each of the HIT 

characteristics on MTurk on a scale ranging from 1 (not at all attractive) to 7 (extremely 

attractive). Autonomy (consisting of work scheduling, decision-making, and work methods 

subscales), task variety, task significance, task identity, and task feedback were measured using a 

modified version of Morgeson and Humphrey’s (2006) Work Design Questionnaire scale, which 

was revised to reference HITs rather than a specific job role and to add item stems that were 

germane with the prompt. Cronbach’s alpha reliability coefficients ranged from 0.88 to 0.95 for 

each of Morgeson & Humphrey’s five task characteristic scales across both survey efforts. Task 

clarity was assessed using a modified five-item role ambiguity scale from Peterson et al. (1995), 
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with a reliability coefficient of 0.91 for both surveys. Each of these measures are provided in 

Appendix D.  

Selection of Task Characteristics 

 To assess average selection of task characteristics, the same measures located in 

Appendix D were administered, but participants were instead instructed to indicate how often 

they complete tasks with those characteristics in the first survey and how often they had done so 

over the past 14 days in the second survey. Participants responded to these questions on a scale 

from 1 (never) to 7 (always). Cronbach’s alpha reliability coefficients ranged from 0.91 to 0.96 

for all task characteristic scales across both survey efforts. Notably, following the administration 

of these items in the second survey, participants were given an opportunity to note if there were 

factors that had prevented them from participating in HITs with certain characteristics (e.g., no 

HITs that allowed for decision-making were available in the past 14 days). 

Turnover Intentions 

Turnover intentions were measured using an adapted version of Nissly et al.’s four-item 

scale (2005; see Appendix E). This measure was revised to reference intentions to stop working 

through MTurk, rather than intentions to quit a job role. The Cronbach’s alpha reliability 

coefficients across both survey efforts was 0.77. 

Demographics 

 Basic demographic information was also collected from participants, such as age, gender, 

race, and education level. In addition, the previously mentioned information necessary to 

calculate the financial need index (i.e., marital status, number of children under the age of 18 in 

the household, number of individuals in house working 20 hours per week, number of sources of 

income outside of MTurk, hours per week individual has worked in non-MTurk jobs) was 
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included in the demographic questions. Participants were also asked to provide details about 

what types of HITs they typically complete on MTurk (e.g., surveys, image tagging). Further, in 

the first survey, individuals were asked to provide the number of approved HITs they have 

completed on MTurk in order to meet eligibility criteria, and in the second survey were asked to 

provide the number of approved HITs they have completed in the last 14 days in order to be 

included as a covariate in analyses. In order to increase the likelihood that the reported number 

of HITs completed in the last 14 days was accurate, both survey phases were initially posted on 

MTurk on a Sunday, and participants were instructed to check their worker dashboard for 

accurate numbers, which shows HITs completed Sunday through Saturday of each week. All 

demographic questions are provided in Appendix F.  

CHAPTER THREE: Results  

Preliminary Analyses 

Several preliminary analyses were conducted prior to testing hypotheses. Namely, it was 

important to confirm that the aforementioned complications with turnover intentions did not 

occur. Therefore, a logistic regression was conducted to determine if high turnover intentions in 

the first survey resulted in lower completion rates of the second survey. In examining the results, 

several indicators suggested that the logistic regression model was a poor fit for the data. For 

instance, turnover intention scores from the first survey were found to explain only 3% of 

variance in whether the second survey was completed (Nagelkerke R2 = .03) and the Hosmer and 

Lemeshow Test yielded a significant chi-square, χ2(8) = 18.21, p = .02, indicating that the data 

(i.e., observed frequencies) were a poor fit to the model (i.e., estimated expected frequencies).  

This poor fit between observed and expected frequencies is exemplified by the 

classification table, which demonstrated that the model only accurately predicted 0.6% of cases 
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in which the second survey was not completed and predicted 100% of cases in which the second 

survey was completed, resulting in an overall classification accuracy rate of 65.6%, which falls 

below the typically acceptable threshold of 80% (Heidel, 2022). This poor model fit is 

problematic in that inferences drawn from such models may be incorrect due to unreliable 

estimates (Hosmer et al., 1991). This may be attributed to the low mean of turnover intent in the 

first survey (M = 2.84, SD = 1.35), indicating that there was limited variance in intent to 

turnover. In addition, the poor fit of this model could be due to the large number of factors that 

could contribute to failure to complete the second survey aside from having turned over in the 

survey timeframe, such as disliking the survey content or length.  

Although logistic regression did not produce an interpretable result, the turnover intention 

scores from the second survey were examined for evidence of range restriction. This is likely to 

occur if all participants who completed the second survey demonstrated low intent to turnover. It 

was determined that turnover intention scores from the second survey did not demonstrate 

additional evidence of range restriction when compared to those from the first survey, as 

turnover intentions from the second survey effort (M = 2.85, SD = 1.41) demonstrated the same 

range in scores (i.e., scores ranged from 1 to 5.75 in both efforts) as the first survey effort (M = 

2.84, SD = 1.35). As such, both efforts depicted a similarly wide array of perspectives regarding 

intent to turnover. Taken together, these results suggest that the turnover intention scores from 

the second survey were satisfactory to use in subsequent analyses. 

Further, to determine if the number of paths in the model could be reduced, the 

dimensionality of the independent variables was tested to determine if parceling of variables was 

appropriate. Parceling (i.e., the combination of items) involves testing a group of items to 

determine if there is a unidimensional factor structure (Holt, 2004). If the items are determined to 
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comprise one factor, all items can be parceled; however, if the items are determined to have a 

multidimensional factor structure, the items may be parceled into their appropriate factors or 

remain unparceled (Holt, 2004). Parceling is considered to be a valuable practice for testing 

models, as parceling can increase the stability of parameter estimates (Bandalos & Finney, 

2001).  

Notably, this approach has been used in instances of multicollinearity among variables in 

order to avoid reduced statistical power (Rosopa et al., 2013). As such, the personality factors 

(i.e., proactive personality, learning goal orientation, need for achievement, self-efficacy, 

psychological capital, the Big Five traits, and prosociality) and the work essentiality factors (i.e., 

financial need and perceptions of work) were tested for unidimensionality to determine if 

parceling was appropriate. Results of the tests of dimensionality indicated that the work 

essentiality items loaded on two disparate factors, therefore should not be parceled. In turn, 

examination of the factor loadings of all personality items revealed that the only constructs in 

which all items loaded onto the same factor with loadings greater than .30 were learning goal 

orientation and need for achievement. Therefore, those two constructs were parceled in 

subsequent analyses.  

Model Comparisons 

After these preliminary analyses were completed, a number of alternative path models 

were tested to determine which one represented the best fit to the data. Path analysis is an 

advanced form of multiple regression which permits testing of complex models (Streiner, 2005), 

and is a form of structural equation modeling that examines relationships between observed 

variables (Barbeau et al., 2019). Path analysis was determined to be more appropriate in the 

present effort than structural equation modeling (i.e., modeling latent factors) for a number of 
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reasons. Namely, path analysis is recommended when testing models with smaller sample sizes, 

as it results in a smaller number of parameters estimated than a structural model, which includes 

additional paths between indicator and latent variables (Zacher & de Lange, 2011). In addition, 

all multi-item scales used in the study had been previously validated, therefore the structural 

equation modeling approach of testing the integrity of the measurement model through 

confirmatory factor analysis prior to the structural model was not necessary.  

Prior to testing the path model, it was necessary to determine which measures of 

moderating variables collected should be used in the analyses (i.e., financial need index versus 

self-reported scores and job, career, or calling perceptions of work). Unexpectedly, as displayed 

in Table 1, the calculated financial need index and the self-reported financial need measure were 

found to be unrelated to one another (i.e., correlation coefficients ranged from .03 to .06 between 

measures at both time points). Examination of the relationships for each measure revealed that 

the self-reported financial need measure displayed expected trends across both survey waves 

(e.g., positively related to perceptions of MTurk work as a job, negatively related to attraction 

and selection of some task characteristics, positively related to turnover intentions).  

This aligns with expectations, as people with high levels of financial need are likely to 

view MTurk as just a source of income that they plan to stop completing after financial needs are 

met, and it is likely less of a priority to them to ensure that their work is enriched with desirable 

task characteristics. However, in contrast, the financial need index demonstrated inconsistent 

findings across survey efforts (e.g., being positively related to viewing MTurk work as a calling 

in the first survey only and a career in the second survey only). As the former demonstrated a 

more reliable, anticipated pattern of results across surveys and as an individual’s perceptions of 
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financial need are likely more relevant to their work selection decisions than objective metrics of 

need, the self-reported measure of financial need was used in subsequent analyses.  

For the sake of parsimony in the number of paths estimated, it was also necessary to 

determine which variable should be used to test the moderating effects of perceptions of work 

(i.e., viewing MTurk work as a job, career, or calling). As noted previously, individuals who 

view their work as a calling may be likely to only select tasks that they experience strong 

attraction to, whereas workers who view their work as a job or career may demonstrate a weaker 

relationship between attraction to and selection of tasks. As self-reported financial need was 

found to be positively related to holding a job perspective on MTurk work, therefore 

demonstrating some level of similarity between those factors, calling was selected as the variable 

that would be used in analyses in order to diversify the moderating factors. Notably, following 

the methodology set forth by Konze et al. (2017) in which a similar analysis was conducted, the 

interaction terms to test moderation were created by multiplying the centered independent 

variables by the centered selected moderator variables from the first survey effort.  

It is also critical that to ensure that six key assumptions of path analysis have been met 

prior to model testing (Barbeau et al., 2019). First, the data must consist of endogenous variables 

that are continuous or categorical in nature. This assumption is met in the present study as all 

endogenous variables were continuous. Second, there is an assumption that missing data have 

been deleted or imputed to ensure that same sample size for all regression equations. In the 

present study, the dataset was comprised only of participants that had completed both survey 

waves and had no missing data in responses.  

Third, there is an assumption of normality. With the exception of the covariate (i.e., 

number of HITs completed in the last 14 days), the data were determined to be normal, with all 
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variables adhering to the skewness (i.e., values ranging from -2 to 2) and kurtosis parameters 

(i.e., values ranging from -7 to 7) established in several efforts (Byrne, 2010; Hair et al., 2010; 

Kim, 2013). The covariate demonstrated indicators of non-normality, with a skewness value of 

4.82 and a kurtosis value of 31.42. As these values of HITs completed in the last 14 days provide 

potentially valuable information about the activity level of participants during the survey latency 

period, a log transformation was conducted on this variable in order to ensure that it met the 

assumptions necessary for it to be incorporated into analyses. This transformation resulted in 

normality statistics within the acceptable range; therefore, the transformed variable was included 

as a covariate in subsequent analyses.  

Fourth, there is an assumption that there are no outliers in the data. Examination of the 

Mahalanobis values indicated that there were 18 multivariate outliers, or cases that were outliers 

when accounting for multiple variables at once (Leys et al., 2019). These cases were removed 

from the dataset, resulting in a final sample size of 325. Notably, deletion of outliers was deemed 

appropriate for these cases, as they were determined to not be erroneous values due to data-entry 

or transcription errors (i.e., all outliers stemmed from scale-based variables in which an option 

was selected by participants rather than those in which they an open-ended text response; 

Aguinis et al., 2013).  

Fifth, there is an assumption of low collinearity between variables. As no variables 

included in the path analysis had correlation coefficients greater than .85 (Kline, 2005), it was 

determined that multicollinearity was not a concern. It is important to note that the correlation 

coefficient between learning goal orientation and need for achievement exceeded this threshold, 

but those variables were previously determined to be unidimensional and were parceled in path 

analyses. As both the original and parceled versions of the variables appear in Table 1, those 
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correlations also exceed .85, yet only the parceled variable was used in analyses. The parceled 

variable did not demonstrate correlation coefficients exceeding .85 with any other variables. 

Finally, the last assumption is that of adequate sample size, which was taken into consideration 

via the power analysis. Taken together, these assumptions were determined to be met.  

All path analyses were conducted in R with the lavaan package (Rosseel, 2012), and 

models were tested using the maximum likelihood estimator, as is appropriate when normality of 

variable distributions has been demonstrated (Hayashi et al., 2010). In addition, parameter 

estimates were generated via 1000 bootstrapped iterations. Further, as was recommended by 

Konze et al. (2017), the alternative model testing process took place to determine the best-fitting 

structural model prior to adding code to test more advanced hypotheses (e.g., indirect effects). A 

summary of the model comparisons discussed below is provided in Table 2.  

Models were evaluated on a number of fit statistics, including the comparative fit index 

(CFI), Tucker-Lewis Index (TLI), standardized root mean square residual index (SRMR), and 

root mean square error of approximation (RMSEA). Higher CFI and TLI values indicate better 

fit, with acceptably fitting models represented by values of .90 or higher, whereas lower SRMR 

and RMSEA values indicate better fitting models, with values below .08 considered to be 

acceptable (Bentler, 1990; 1995; Hu & Bentler, 1999; Kline, 2005; Steiger, 1990). The chi-

square goodness-of-fit statistic is also reported and used to compare alternative models; however, 

there are some issues with using this test as a basis to evaluate models (e.g., sensitivity to sample 

size) without also considering the indices discussed previously (Bentler, 1990). With that being 

said, the lower the chi-square to degrees of freedom ratio is, the better the model fit is considered 

to be.  
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The first series of models tested were intended to examine substantive effects of the 

proposed model, prior to examining changes in effects over time. The first model tested, Model 

1a, tested the fit of the model without moderation paths added, following suit with Konze et al. 

(2017). More specifically, in this model, personality and attraction to task characteristic scores 

from the first survey were used to predict selection of task characteristics and turnover intention 

scores from the second survey. The lapse between surveys was modeled between attraction to 

and selection of characteristics, as there was no reason to expect that the relationships between 

personality and attraction to task characteristics would vary over time. However, attraction to a 

characteristic and actual selection of that characteristic is a relationship that needs time to take 

place, as the ASA framework is a process that takes place over an extended period of time 

(Muchinsky, 2000).  

As such, participants reported their baseline attraction, then the extent to which they 

actually selected that characteristic over a 14-day period. In addition, the number of HITs 

completed in the last 14 days was included as a covariate on the paths predicting variables 

collected in the second survey. All exogenous variables (i.e., personality) were allowed to 

covary, and the residual covariances between relevant endogenous variables were modeled (i.e., 

attraction variable residuals covaried with one another, as did selection variables). 

The results of Model 1a indicated that this model demonstrated an excellent fit to the 

data: χ2(46) = 80.95, p < .001, CFI = .99, TLI = .95, SRMR = .03, RMSEA = .05. Examination 

of general trends across the parameter estimates indicated that various personality factors 

predicted attraction to task characteristics (e.g., prosocial orientation predicted greater attraction 

to task significance), and that attraction to task characteristics predicted increased selection of 

corresponding task characteristics, with the exception of feedback from the job. The only 
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selection variable that predicted turnover intentions was feedback, which interestingly, had a 

positive coefficient.  

The next model tested, Model 1b, was the originally hypothesized moderated serial 

mediation model (see Figure 2), which built upon Model 1a by incorporating the hypothesized 

moderating variables. Subjective financial need and calling were modeled as moderators on the 

relationship between attraction to and selection of task characteristics. In addition to the model 

covariances described in Model 1a, this model was specified such that additional exogenous 

variables were allowed to covary within their relevant groups (i.e., interaction terms including 

calling, interaction terms including financial need), in addition to specified covariation between 

interaction terms and variables that contained the same task characteristics. For example, the 

interaction term between calling and attraction to autonomy was specified to covary with the 

interaction term between financial need and attraction to autonomy.  

Paths between disparate sets of exogenous variables (e.g., personality and the interactions 

between perceptions of work and attraction to task characteristics) were fixed to zero (i.e., 

covariances between these variables were not estimated in the model), as there is no theoretical 

reason to expect that there was a relationship that should be accounted for in the model. Results 

indicated that the initially hypothesized moderation model (Model 1b) represented a good fit to 

the data: χ2(340) = 544.01, p < .001, CFI = .97, TLI = .94, SRMR = .05, RMSEA = .04. 

Examination of the interaction terms revealed that the only significant interaction term was that 

between calling and attraction to task significance in predicting selection of tasks with task 

significance.  

Notably, it is customary when testing complex models to test several competing versions 

of the model and compare the output to determine which represents the best fit to the data 
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(Werner & Schermelleh-Engel, 2010). Thus, in order to determine if steps could be taken to 

specify a model that represented a better fit to the data, the modification indices were examined. 

It is important to note that in the lavaan package, the modification indices only provide 

suggestions of parameters that are currently fixed in the model that can be freed to improve 

model fit (Rosseel, 2022). The modification indices output suggested modeling variables within 

relevant predictor groups to predict one another (e.g., selection of task clarity predicting selection 

of task identity), which does not have theoretical backing according to ASA or Schroeder et al.’s 

(2021) frameworks. As such, there was no theoretical justification to make these modifications to 

Model 1b in order to improve model fit.  

However, in addition to examining which fixed paths can be freed to improve model fit, 

it is also important to consider which freely estimated paths can be fixed to determine if it results 

in a better fitting model. Examination of the parameter estimates revealed that psychological 

capital and the covariate variable (i.e., number of HITs completed in the last 14 days) did not 

significantly predict any paths in Model 1b. Therefore, Model 1c was tested in which these non-

significant paths were fixed to zero (i.e., not estimated) to determine if it resulted in improved 

model fit. Results indicated that there was a significant difference between the models, ∆χ2 = 

530.71, ∆df = 28. Model 1c resulted in a much larger chi-square value (1074.71) compared to the 

previous model (544.01). Therefore, Model 1b with these paths freely estimated was retained 

moving forward, as smaller chi-square to degrees of freedom ratios are indicative of better model 

fit.  

On an exploratory basis, in order to confirm that the placement of the moderators in the 

model represented to the best fit to the data, an alternative model (Model 1d) was tested in which 

work essentiality variables were specified to moderate both the a paths (personality factors 
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predicting attraction to task characteristics) and the b paths (attraction to task characteristics 

predicting selection of task characteristics). This recommendation was not made by the 

modification indices discussed for Model 1b, as it requires the addition of specific interaction 

terms between the moderating variables (i.e., calling and financial need) and personality factors 

into the model that were not previously present in Model 1b.  

With the exception of the addition of the new interaction terms on the a paths and the 

specification of covariances between the personality moderators, personality moderators and 

personality variables, all calling moderators, and all financial need moderators, the remainder of 

the model was specified exactly the same as Model 1b. As the inclusion of the additional 

personality and moderator interaction variables resulted in an increased covariance matrix, 

thereby changing the degrees of freedom in the model, conducting a chi-square difference test 

between Model 1b and this model was not appropriate, as the models were not nested. However, 

the fit statistics for this model indicated that the Model 1d had worse fit than Model 1b, χ2(890) = 

1434.97, p < .001, CFI = .95, TLI = .91, SRMR = .08, RMSEA = .04. Therefore, Model 1b was 

retained over Model 1d, and the additional moderation paths were not added.  

After determining the best-fitting version of the originally hypothesized path model, more 

complicated models testing cross-lagged effects were examined. Cross-lagged path analysis is a 

form of path analysis that allows for examination of directional relationships between variables 

across time periods using longitudinal data (Kearney, 2017). Previous work has identified cross-

lagged modeling as one of the most common approaches for analyzing longitudinal data 

(Jöreskog, 1970; 1979), offering benefits such as the ability to make stronger inferences about 

directionality of variables than cross-sectional models and the reduction of parameter bias (Selig 

& Preacher, 2009). Following the methodology set forth by Hakanen et al. (2008), a series of 
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competing structural models were tested in order to investigate the nature of effects across time 

points. As the purpose of testing these competing models was to examine how to most 

appropriately model cross-lagged effects, Konze et al.’s (2017) methodology was mirrored, in 

which moderation effects were excluded from the model comparison process until the best-fitting 

model was selected.  

The first time-series model tested was the stability model, which tested the effects of 

autoregressive paths between variables over time without any cross-lagged relations. 

Autoregressive paths in cross-lagged path analysis refer to the modeling of previous values of 

each variable as a predictor of later values to control for those effects and provide information on 

construct stability over time (Cain et al., 2018). Therefore, in this model, each variable collected 

across time points (i.e., all attraction and selection factors and turnover intent) was modeled such 

that the scores from the first survey predicted scores from the second survey. Variables within 

time points were allowed to covary, following Hakanen et al.’s (2008) and Konze et al.’s (2017) 

methodologies.  

The stability model (Model 2a) demonstrated less than acceptable fit, χ2(156) = 429.77, p 

< .001, CFI = .92, TLI = .88, SRMR = .10, RMSEA = .07. Examination of the autoregressive 

effects indicated that each variable from the first survey significantly predicted their subsequent 

values. The autoregressive effects were moderate to strong, with regression coefficients ranging 

from 0.39 (attraction to task identity) to .80 (turnover intent). This indicates that variance 

between time points was minimal; therefore, variables were relatively stable over time (Kearney, 

2017).  

The next model tested was the causal model (Model 2b), in which the causal paths were 

added to the autoregressive effects from the stability model. It is important to note that 
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personality factors were added to the following models to allow for examination of all modeled 

predictive effects, which had only been measured in the first survey. As such, subsequent models 

were non-nested from Model 2a. Exogenous variables and residuals of endogenous variables 

were specified to covary within their relevant groups (e.g., personality factors, time one 

attraction factors, time one selection factors) and corresponding attraction and selection factors 

were allowed to covary (e.g., attraction to autonomy at time one and selection of autonomy at 

time one). The causal model was determined to have less than acceptable fit, χ2(374) = 1260.61, 

p < .001, CFI = .89, TLI = .80, SRMR = .20, RMSEA = .09.  

Next, a reverse causality model (Model 2c) was tested in which the ordering of the 

mediator and outcome variables were switched. More specifically, this model examined if 

personality predicted turnover intentions, which then predicted attraction to and selection of 

tasks. The reverse causality results revealed that there was no significant difference between this 

model and the causal model, ∆χ2 = 2.43, ∆df = 0. Therefore, the causal model was retained, as it 

had stronger theoretical backing than the reverse causality model. This adheres to Kline’s (2005) 

recommendation that in the event of models fitting the data similarly, the model that aligns with 

theoretical expectations is preferable.  

Finally, a reciprocal model was tested (Model 2d), which combines the causal and 

reverse causality models. The reciprocal model was not determined to be significantly different 

from the causal, ∆χ2 = 10.49, ∆df = 12, or reverse causality, ∆χ2 = 12.92, ∆df = 12, models. 

Therefore, it was determined that neither the reverse causality nor the reciprocal model improved 

model fit beyond the causal model. This adheres to the logic used by Hakanen et al. (2008) and 

Konze et al. (2017) in similar efforts, in which the causal model was selected when neither 

alternative model significantly improved fit; therefore, it was determined to be the best fitting 
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model due to the law of parsimony. However, it is important to note that none of the cross-

lagged models tested represented a particularly good fit to the data.  

Thus, in order to determine if combining the best-fitting cross-lagged model with the 

best-fitting previously tested set of models resulted in acceptable model fit, Model 3a was tested. 

More specifically, this model combined the best-fitting originally proposed model (Model 1b) 

and the causal cross-lagged model (Model 2b). This model resulted in the best-fitting cross-

lagged model, yet still fell below acceptable fit cutoffs, χ2(824) = 1813.04, p < .001, CFI = .89, 

TLI = .85, SRMR = .16, RMSEA = .06. Despite the methodological advantages offered by the 

cross-lagged analysis, Schimmack (2020) purports that it is difficult to justify interpreting 

parameters and drawing conclusions from a model that has been demonstrated to be a poor fit to 

the data. Therefore, the best-fitting model, Model 1b, was selected to test the hypotheses.  

Hypothesis Testing 

After the best-fitting model was selected, the hypotheses and research questions were 

tested. In testing H1 (i.e., anticipating that personality factors would predict attraction to task 

characteristics, such that individuals with high levels of proactive personality, learning goal 

orientation, need for achievement, self-efficacy, psychological capital, the Big Five traits, and 

prosociality would experience greater attraction to tasks with more positive work design 

characteristics), the a paths in the path analysis were examined.  

Results indicated that H1 was partially supported, as almost all personality factors 

predicted attraction to at least one task characteristic (see Table 3 and Figure 3).  However, 

unexpectedly, extraversion predicted decreased attraction to specific task characteristics (i.e., 

task identity and task clarity). Notably, psychological capital and proactive personality did not 

predict attraction to any task characteristics. All other personality factors significantly predicted 
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increased attraction to at least one task characteristic. The learning goal orientation and need for 

achievement parceled variable and agreeableness were the factors that predicted attraction to the 

greatest number of characteristics, as they predicted attraction to four out of the six task 

characteristics. Again, these findings demonstrate partial support for H1.  

These relationships were examined more closely in relation to RQ1, which sought to 

explore which specific attraction work characteristics (i.e., autonomy, task variety, task 

significance, task identity, feedback from the job, and task clarity) were predicted by personality 

factors. Results revealed that all six task attraction characteristics were significantly predicted by 

a minimum of two personality factors, although those factors differed across task characteristics. 

More specifically, increased attraction to autonomy was predicted by the learning goal 

orientation/need for achievement parceled variable and openness. In turn, increased attraction to 

task variety was predicted by greater learning goal orientation/need for achievement, self-

efficacy, agreeableness, and prosociality. Further, increased attraction to task significance was 

predicted by greater agreeableness and prosociality. In turn, when examining attraction to 

feedback from the job, results indicated that greater learning goal orientation/need for 

achievement, self-efficacy, and neuroticism predicted increased attraction. 

However, a few situations demonstrated differing effects of personality factors on 

attraction to task characteristics. For example, agreeableness and prosociality predicted increased 

attraction to task identity, whereas extraversion predicted decreased attraction to task identity. 

Likewise, agreeableness and conscientiousness predicted increased attraction to task clarity, 

whereas extraversion predicted decreased attraction. However, as discussed in more detail below, 

it is likely that this effect was spurious in nature. As such, in answering RQ1, all attraction work 
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characteristics were predicted by select personality factors, although effects pertaining to 

extraversion were in an unanticipated direction.  

Next, the results were examined in relation to H2, which proposed that attraction to task 

characteristics would predict selection of tasks with corresponding characteristics, such that a) 

autonomy attraction will predict greater selection of tasks with autonomy, b) task variety 

attraction will predict greater selection of tasks with task variety, c) task significance attraction 

will predict greater selection of tasks with task significance, d) task identity attraction will 

predict greater selection of tasks with task identity, e) feedback from the job attraction will 

predict greater selection of tasks with feedback from the job, and f) task clarity attraction will 

predict greater selection of tasks with task clarity. As depicted in Table 3 and Figure 3, the 

results indicated that each of the attraction characteristics positively predicted their 

corresponding selection characteristic, with the exception of feedback from the job. As such, H2 

was partially supported, as H2a, H2b, H2c, H2d, and H2f were supported, but H2e was not.  

Next, to examine RQ2, which questioned if work essentiality factors (i.e., financial need 

and perceptions of work) interact with attraction to task characteristics to predict selection of task 

characteristics, the interactions between the attraction factors and moderators were tested. One 

significant interaction emerged, which was the interaction between calling and attraction to task 

significance in predicting selection of task significance.  

In order to examine the possibility of additional untested significant interactions, Model 

1b was rerun with the remaining perceptions of work variables included (i.e., interactions 

between holding a career perspective of MTurk work and attraction to task characteristics and 

those between holding a job perspective and attraction to task characteristics). This analysis 

resulted in one significant interaction term, which was that between having a career perspective 



ELANCE WORK DESIGN 60 

of MTurk work and attraction to task variety in predicting selection of task variety (p = .03). 

There were no significant interactions involving holding a job perspective on work.  

The simple slopes of both significant interactions were plotted to probe these interactions 

at low (-1 SD) and high (+1 SD) levels of calling and career perceptions of work. Results 

indicated that attraction to task significance was significantly related to selection of task 

significance at low, β = .84, p < .001, mean, β = .75, p < .001, and high levels of calling, β = .66, 

p < .001 (see Figure 4). However, these results are surprising in that they demonstrate that 

attraction to task significance became a weaker predictor of selection of task significance as 

perceptions of viewing MTurk work as a calling increased. In turn, attraction to task variety was 

found to be significantly related to selection of task variety at low, β = .71, p < .001, mean, β = 

.75, p < .001, and high levels of the career perception of work, β = .79, p < .001 (see Figure 5). 

This indicates that viewing MTurk work as a career strengthened the relationship between 

attraction to and selection of task variety, such that attraction to task variety became a stronger 

predictor of selection of task variety as career perceptions increased. Taken together, these 

results aid in answering RQ2, revealing that specific perceptions of work factors (i.e., calling and 

career perceptions) interacted with attraction factors (i.e., task significance and task variety, 

respectively) to predict selection of those task characteristics. 

In turn, H3 proposed that selection of tasks with autonomy, task variety, task 

significance, task identity, feedback from the job, and task clarity would predict turnover 

intentions, such that performing work with higher levels of these characteristics would be linked 

to lower turnover intentions. Interestingly, the results indicated that only selection of one task 

characteristic, feedback from the job, predicted increased turnover intentions. This represented a 
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departure from the expected trend of this relationship, which was that increased feedback from 

the job would predict decreased turnover intentions. Therefore, H3 was not supported.  

Next, H4 was tested, which proposed that personality factors would predict turnover 

intentions via the mediating mechanisms of attraction to task characteristics and selection of task 

characteristics. To test this, indirect effects involving only significant paths were examined, 

which resulted in the testing of 19 indirect effects. Examination of the results (see Table 4) 

revealed that there were no significant indirect effects. This is not surprising, as only one 

selection factor (i.e., feedback from the job) was predictive of turnover intentions, and selection 

of tasks that provided feedback from the job was not predicted by attraction to that task 

characteristic. As such, H4 was not supported.  

However, given the strength of predictors in the portions of the mediation model prior to 

the paths predicting turnover intentions, additional indirect effects were tested on an exploratory 

basis. More specifically, abbreviated versions of the previous indirect effects were tested that 

only included personality traits, attraction, and selection factors, thereby removing the latter 

paths to turnover intentions. This revealed a number of significant indirect effects. Namely, the 

learning goal orientation/need for achievement parcel, self-efficacy, and extraversion each 

individually predicted selection of task variety via attraction to task variety. Further, learning 

goal orientation/need for achievement, agreeableness, and prosociality predicted selection of task 

identity via attraction to task identity, and extraversion and agreeableness predicted selection of 

task clarity via attraction to task clarity. Finally, prosociality predicted selection of task 

significance via the mediating mechanism of attraction to task significance. Although these 

findings do not provide support for H4, they do reveal important information about the nature of 

the personality, attraction, and selection links.  
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CHAPTER FOUR: Discussion 

The purpose of the present effort was to empirically test Schroeder et al.’s (2021) eLance 

work design theoretical model through the lens of the ASA framework. More specifically, the 

mechanisms by which eLancers on MTurk are attracted to tasks, select tasks, and intend to leave 

the eLance work role were investigated. Study results indicated that an eLancer’s personality was 

predictive of attraction to specific task characteristics in a number of cases and that attraction to a 

given task characteristic was predictive of greater selection of that characteristic, with the 

exception of one factor (i.e., feedback from the job).  

However, selection of desirable task characteristics did not predict decreased turnover 

intentions. There were no indirect effects of personality on turnover intentions via attraction and 

selection factors, but there were indirect effects of personality on selection factors via attraction. 

Finally, two significant interactions emerged, demonstrating that one’s perceptions of work (i.e., 

holding a calling or career perspective on MTurk work) can, in certain cases, impact the 

relationships between attraction and selection of task characteristics. Taken together, this 

information begins to demonstrate the extent to which ASA theory is applicable to an eLance 

work context and serves as an initial empirical test of Schroeder et al.’s (2021) theoretical 

eLance work design framework. 

However, there were some unexpected results that warrant discussion. For instance, 

variable intercorrelations revealed that the two financial need measures (i.e., an objective index 

and a subjective self-rating) had different effects and were not significantly related to one 

another. Roll et al. (2019) note that most research examining financial need uses objective 

metrics, but argues that this is problematic because subjective evaluations may be more accurate 

because they allow participants to assess factors that may fall outside of the data points used to 



ELANCE WORK DESIGN 63 

calculate financial need. Further, self-evaluations of financial need may be more impactful on 

work decisions than objective factors, as an individual’s perceptions of the severity of their 

financial state presumably impacts their work selection behaviors to a greater extent than clear-

cut facts about income. Therefore, the objective index used in the present effort may not have 

captured all necessary information needed to align with subjective assessments, and the use of 

the subjective measure in analyses likely was more relevant because it captured participant 

perceptions, which is likely to impact behavior. However, even the subjective measure did not 

result in any significant interactions involving financial need, which may be due to the low levels 

of financial need and minimal variation between participants reported in the sample (i.e., average 

scores of 2.34 and 2.36 with standard deviations of 0.85 on a 7-point scale). 

Furthermore, an iterative model testing process revealed that models including cross-

lagged effects demonstrated poorer fit than non-cross-lagged models. This is likely because of 

the high stability of effects over time that were demonstrated, such that minimal changes in 

scores occurred across study time periods. As such, it was not necessary to model the variables 

across time points, and doing so resulted in a less parsimonious model without much value 

added. Stated differently, it complicated the model without adding additional explanatory 

information regarding changes in effects over time. Therefore, the better-fitting model without 

autoregressive paths was used to test hypotheses.  

In turn, the nature of the predictive effects of extraversion on attraction factors was 

contrary to expectations, with extraversion predicting decreased attraction to task identity and 

task clarity. As extraversion was not predictive of increased attraction to any task characteristics, 

it is possible that the sociable and talkative nature of extraverts resulted in decreased attraction to 

the MTurk work environment in general, which manifested in these specific relationships. 
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However, as these relationships were not significant in Table 1, it is likely that extraversion 

served as a suppressor effect in the path analysis. Stated differently, the negative predictive 

effects of extraversion on attraction to task identity and task clarity may be spurious in nature, 

therefore should be interpreted with extreme caution. On another note, Table 1 demonstrated that 

the mean for extraversion was notably lower than the means for the remainder of the Big Five 

items (excluding neuroticism), therefore there may have been range restriction of extraversion in 

this sample.  

Another surprising finding was that feedback attraction was the only attraction task 

characteristic that did not predict subsequent selection of that task characteristic. When 

indicating if there were any factors that prevented them from selecting a specific type of HIT 

over the past 14 days, a number of participants noted that there were few HITs available to them 

in that time frame in general, which could have impacted their ability to select HITs that provide 

feedback from the job. In addition, it is possible that even if HITs were available to workers, 

there was still a lack of HITs specifically providing feedback from the job. Alternatively, as 

feedback in standard roles is often sought out in order to improve performance, it is possible that 

HITs offering feedback from the job were not selected by workers as they do not have an 

incentive to improve (e.g., promotion) or a consistent party monitoring for improvement in task 

performance over time.  

An additional unexpected finding pertaining to feedback from the job was that it 

predicted increased turnover intent. Related to this, it is interesting to note that attraction to 

feedback was the only attraction characteristic to predict turnover intent, and it predicted 

decreased intent to turnover, whereas selection of feedback was the only significant selection 

characteristic, which predicted increased intent to turnover. It is possible that desired feedback 
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from the job (e.g., a signal at the end of a HIT indicating performance) is attractive to 

participants, thereby decreasing turnover intent, whereas actual feedback received from the job is 

not what participants anticipated, thereby increasing turnover intent. An example of this may be 

if feedback on HIT performance was only received in the event of rejected work, therefore 

resulting in frustration and increased intent to stop completing work on MTurk. Stated 

differently, the nature of feedback received could result in differential effects, such that desired 

feedback (i.e., attraction to feedback) may differ from actual feedback received (i.e., selection of 

feedback). This may explain these differential effects of attraction to and selection of feedback 

on turnover intent.   

It was also contrary to expectations that the majority of selection factors did not predict 

turnover intent. However, given that Williams et al. (2021) noted in their investigation of the 

ASA framework within eLance work that the attrition aspect of the ASA model is less visible in 

this work context, it is not entirely surprising that there were not strong links to intent to turnover 

from the eLancer role. These findings provide support for Williams et al.’s (2021) conclusion 

that attraction and selection are more relevant to an eLance work context than attrition. Another 

potential explanation for this finding could be that there are external factors impacting intent to 

turnover from the eLancing role that were not assessed in this study (i.e., those outside of work 

design or work essentiality factors) or that long-term intent to turnover is present regardless of 

the nature of the tasks completed, therefore the type of work selected was not the strongest 

predictor of this intent.  

In addition, it is important to consider that in the present effort, turnover intent spanned 

all HITs to reference intent to leave the eLance role. This more closely mirrors the ASA 

framework in a standard work context, but is also the only aspect of the model tested in this 
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study that refers to the role collectively, which could explain the lack of demonstrated predictors 

of turnover intent. Alternatively, although turnover intention scores from the second survey were 

not found to be more range-restricted than those from the first survey, it is still possible that 

range restriction occurred. More specifically, as the mean turnover intention scores ranged from 

2.84 to 2.85 on a 7-point scale across both survey efforts, it is evident that turnover intentions 

were collectively low for this sample. When considering the high level of experience with this 

sample, which had an average of over 36,000 completed HITs, it is not surprising that this 

sample had low intent to turnover, as they would likely have done so prior to gaining this level of 

experience. Taken together, there are a number of potential explanations for the lack of support 

for this segment of the model.  

On this note, it is important to consider that perhaps unlike the manner in which turnover 

intent is conceptualized in a standard work context, high turnover intentions from the eLance 

work role may not always be considered a negative outcome. As the work environment has been 

considered by some to be exploitative and unjust (e.g., Gray & Suri, 2019; Pittman & Sheehan, 

2016), not to mention low-paying and not requiring expertise in a particular area (Webster, 

2016), individuals may view eLance work as a stepping stone to more skilled work or simply an 

avenue in which one can make money in a pinch. As such, feedback from the job predicting 

increased intent to turnover may not be problematic, as it could mean that eLancers are gaining 

experience needed to move on to more highly skilled and higher paying work. Stated differently, 

increased intent to turnover could actually be a positive outcome for eLancers.  

The last unexpected effect was the manner in which calling moderated the relationship 

between attraction to and selection of task significance, finding that this relationship was 

weakened as the extent to which an individual viewed MTurk work as a calling increased. A 
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potential explanation for this finding could be that at high levels of calling, attraction to all types 

of task characteristics is important to such individuals, as they view their work on MTurk to be 

extremely meaningful in general. However, for those with low levels of calling, they may need 

strong significance of tasks in order to experience attraction to a form of work. This could 

explain why individual with low levels of calling demonstrated the strongest relationship 

between attraction to and selection of task significance, rather than those that reported high 

levels of a calling perspective on work. It is important to note that given the number of 

interactions tested and the small number of significant interactions that emerged, it is possible 

that this was a spurious effect that occurred by chance rather than a meaningful effect.  

Theoretical Implications 

 It is important to consider how the findings of this study align with each stage of the ASA 

process, as well as Schroeder et al.’s (2021) theoretical eLance work design framework. The 

present effort provided support for ASA’s proposition that individuals select work environments 

that are congruent with their personalities. This is demonstrated by the strong links between 

specific personality traits and attraction to certain task characteristics. For instance, the finding 

that prosocial individuals have increased attraction to MTurk HITs that provide task significance 

aligns with ASA theory’s expectation of homogeneity with one’s work environment, such that 

individuals will choose work environments that align with their personal characteristics. In 

addition, this provides support for Schroeder et al.’s proposition that average levels of task 

characteristics present in work may be reflective of a worker’s personal characteristics.  

Furthermore, for all factors except feedback from the job, attraction to task characteristics 

was predictive of subsequent selection of those characteristics. This demonstrates partial support 

for the attraction to selection link of the ASA framework. However, there was little to no support 
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provided for the selection to attrition aspect of the model. As mentioned previously, this aligns 

with Williams et al.’s (2021) conclusion that the attrition aspect of the framework is less relevant 

than the attraction and selection components within this specific segment of workers. As such, 

these findings suggest that it cannot be said that the ASA model is fully applicable to this unique 

work context. 

Schroeder et al.’s (2021) model suggested both an indirect effect of personality on 

outcomes via work characteristics and proposed that work essentiality factors would be 

predictors of work characteristics. Although the order of mediators differs in the present effort to 

what was proposed in the original model, the evidence provided here does demonstrate that no 

indirect effects involving the outcome of turnover intentions were present. However, the findings 

do demonstrate that personality is predictive of the work characteristics present in one’s work, as 

theorized by the work design model. Although modeled as predictors rather than moderators in 

the original model, career and calling perceptions of work were found to interact with attraction 

to some characteristics to predict the presence of specific task characteristics in one’s work. As 

such, this effort provides support for and serves as the first empirical test of aspects of Schroeder 

et al.’s (2021) eLance work design model.  

 It is also important to note that these findings may also provide indirect support for P-J 

theory in an MTurk work context. Notably, Schulze et al. (2012) had posited that in regard to P-J 

fit’s applicability to this work context, the fit between the worker and MTurk tasks may predict 

intention to select tasks (Schulze et al., 2012). Given the alignment between specific personality 

traits and task characteristics noted above (e.g., prosociality and task significance), this could 

demonstrate a form of fit between the individual and the task. Further, as select indirect effects 

were found among the personality, attraction, and selection links, this could indicate that the 
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alignment between personality and attraction could, perhaps, jointly be predictive of selection. 

To reiterate, P-J theory was not directly being tested in this study, but these findings demonstrate 

interesting alignment with Schulze’s propositions regarding how P-J fit may manifest in an 

MTurk work context.  

Practical Implications 

Taken together, these results shed valuable light on the work design considerations of 

eLancers. The findings of this study have important implications, as they provide information 

that MTurk requesters can use to benefit workers by designing their tasks in order to be 

enjoyable and beneficial to workers. To this point, several efforts have taken the stance that 

requesters on MTurk should be motivated, and perhaps even ethically obligated, to create the 

best work environment possible for workers, as well as design work to meet worker needs and 

specific skill sets (see, e.g., Parent-Rouchelau & Parker, 2021; Parker & Grote, 2020; Schroeder 

et al., 2021). As the eLance workforce houses individuals with innumerable skills, abilities, and 

digital experiences (Colbert et al., 2016), MTurk is a conduit for work enrichment, as workers 

can design their work to fit their desired specifications (Deng et al., 2016). However, workers 

cannot do such if they do not have tasks with these characteristics available to them, or if such 

HITs are available yet poorly described, thereby failing to highlight the presence of these task 

characteristics in the work.  

eLancers being unaware of the task characteristics provided by a potential HIT appears to 

be a prevalent issue, as highlighted frequently by participants in the present effort when sharing 

information about factors that prevented them from selecting HITs with specific characteristics. 

This issue offers valuable insight into the link between attraction to and selection of tasks, as 

participants may be unable to intentionally select tasks. This was certainly exemplified in the 
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present effort, as the strongest link between attraction to and selection of a given characteristic 

was with task identity, resulting in a coefficient of .34. As task characteristics are often the 

mechanisms through which eLancers design their own work (Bush & Balven, 2021; Connelly et 

al., 2021), this is a pressing issue that is perhaps resulting in poor worker-task fit, which would 

be detrimental to eLancers and requesters alike.  

As such, MTurk requesters should ensure that they take all possible measures needed to 

allow eLancers to engage in job crafting behaviors. The benefits of job crafting in other work 

arrangements were detailed previously, including increased career commitment and resilience 

(Wong et al., 2021), greater perceptions of meaningfulness, and stronger identification with work 

(Tims & Bakker, 2010; Wrzesniewski & Dutton, 2001). Therefore, in the spirit of promoting 

well-being among eLancers, requesters should make an intentional effort to provide workers 

with information that enables them to job craft, thereby providing an avenue for these beneficial 

outcomes. Such behaviors requesters can take to do so include being extremely detailed in the 

HIT descriptions, specifically describing not only the task but also the work characteristics 

provided in it to provide workers with the information needed to make meaningful work 

decisions. Doing so would, in addition, decrease the risk of misalignment between workers and 

tasks highlighted by Bush and Balven (2021), and enable eLancers to select tasks that are well-

aligned with their expertise and interests.  

In addition, the findings of this study provide information that requesters can use to 

attract specific types of workers to their tasks that hold desirable characteristics (e.g., 

conscientiousness). ASA theory posits that recruitment activities are key to attracting candidates 

that align with the hiring organization (Schneider, 1987), therefore the methods by which 

requesters recruit eLancers (i.e., HIT descriptions) are key to which types of workers they attract. 
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This aligns with Dan et al.’s (2021) recommendation that strategies that can be taken to attract 

digital workers include providing information about specifically what can be expected in the role 

in regard to task specifications. As such, if a requester wanted to make an effort to attract 

conscientious workers, the results of this study suggest that they should not only post tasks with 

high levels of task clarity, but also advertise the HIT as one that is clearly defined in regard to 

expectations.  

In order to aid researchers in thoughtfully designing their HITs and understanding the 

implications of their work design decisions, a guide is presented in Table 5 that provides a quick 

reference point to inform researchers about which task characteristics were demonstrated to 

attract specific types of worker personalities. This will not only aid in enactment of the 

recommendations above, but also can inform researchers about the types of workers that they 

may be unintentionally attracting when posting a specific type of HIT. This information can also 

make researchers aware of potential range restriction of participants in their work, as these 

findings show that some personality factors demonstrated decreased attraction to specific types 

of work. Taken together, the findings of this study have significant implications for practice in 

the manner that eLance work is designed, advertised, and selected.  

Limitations and Future Directions 

Despite the strengths of this study, there are limitations to note. Notably, causation should 

not be solely determined from models using observational data (see, e.g., Selig & Little, 2012); 

however, the present effort deployed a longitudinal design in an effort to strengthen the causal 

inferences that can be made from these findings. Nevertheless, future work should attempt a 

cross-lagged model with additional time points and perhaps with longer time periods elapsed 

between survey waves to provide stronger evidence for causation. It is also important to 
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highlight that as the reverse causality model demonstrated similar fit statistics to the causality 

model, there may be additional ways to model the variables examined in the present effort, 

which is an area of exploration for future work. In addition, there is much to be done in future 

work in regard to examining additional moderation options. For instance, as the model with 

additional moderation paths included (Model 1d) was ultimately not retained, future work should 

examine not only moderators not included in this study, but also various placement of 

moderation paths to determine if there are meaningful interactions taking place.  

In turn, the sample size of this study offers an additional limitation. Although the 

literature suggests having between 10 and 20 participants per model parameter estimated, this is 

not particularly feasible for an effort such as this, in which a large model with hundreds of 

parameters is estimated and resources are limited. As such, this may impact the reliability of 

parameter estimates (Suhr, 2008). Future work should evaluate this model with larger sample 

sizes to confirm the replicability of parameter estimates.  

Further, a common concern when collecting data about eLancers via a survey-based HIT 

is that the HIT may oversample individuals who have an innate preference for survey work 

(Gray et al., 2016), therefore there is a potential for selection bias. To mitigate this concern, the 

HIT was posted on MTurk with tags for a wide array of work, which is a practice that has been 

used in similar efforts (Gray et al., 2016). Therefore, if a worker was searching MTurk only 

looking for image tagging work, for example, the HIT would still appear on their dashboard, 

thereby capturing a broader audience of workers. In addition, future research should examine the 

differential effects of types of feedback provided from HITs on eLancer outcomes, such as 

turnover intentions.  
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 An additional consideration is that due to the nature of the study in which the full eLance 

population was of interest, the study HIT could not have stringent qualifications placed on 

participation, as is typical for most MTurk HITs. For example, a significant number of MTurk 

HITs are specified such that they are only available workers with a 99% approval rate, or those 

that have completed thousands of approved HITs. If that tactic were used in the posting of this 

study’s HIT, the risk of range restriction would be extremely high, as participants would consist 

of only high-quality, experienced workers. As such, it is possible that careless respondents 

slipped through the numerous quality control precautions used to screen responses, potentially 

reducing the quality of the data. An additional limitation to note is that participants may have 

experienced survey fatigue due to the large number and repetitive nature of survey items, 

therefore responses provided towards the end of the survey may be of lower quality than those 

answered at an earlier point.  

Another area of consideration for studies examining this unique population is that 

perhaps the levels of personality characteristics present in this sample differ from the broader 

U.S. population, given the unexpected direction of extraversion’s effects on attraction to task 

characteristics and the range restriction of extraversion in comparison to other Big Five 

characteristics. As such, future MTurk research efforts should examine levels of personality traits 

(e.g., introversion and extraversion) among this sample to determine if representativeness differs 

in this environment.  

Although this study represents an initial empirical examination of eLance work design 

practices, there is still much work to be done. Namely, some factors in Schroeder et al.’s (2021) 

theoretical model were excluded due to the lack of alignment with the ASA model, which was 

the guiding framework for the selection of variables to be included in this study. As such, future 
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empirical efforts to examine additional variables in the conceptual eLance work design model 

are needed to further explore the concepts presented in the Schroeder et al. (2021) article. An 

additional avenue for work investigating the applicability of existing theory to eLance work 

should directly test P-J theory among MTurk workers, given the indirect evidence provided by 

these findings.  

Conclusion 

Taken together, this study offers novel insight into how eLancers are attracted to and 

select eLance work tasks. As eLancing is a nontraditional selection process in which individuals 

self-select into work tasks by way of job crafting practices, testing an existing eLance work 

design model while acknowledging additional considerations raised by the ASA theory is 

necessary to understand this unique work process and the mechanisms by which it takes place. 

Such investigation is particularly timely, as the number of individuals engaging in gig work is 

increasing as a result of job loss from the COVID-19 pandemic (Semuels, 2020) and as research 

is lacking on eLancer attitudes and behavior (Cascio & Boudreau, 2017). As such, it is becoming 

increasingly important to understand the process by which eLancers select work tasks.  

The results of this study indicate that an eLancer’s personality does, in many cases, 

predict which types of task characteristics they are attracted to and select. In addition, for the 

majority of task characteristics, attraction to task characteristic predicts increased selection of 

that characteristic. These findings provide some support for portions of the ASA model within an 

eLancing context and aspects of Schroeder et al.’s (2021) eLance work design model. Notably, 

increased knowledge on this topic is likely to have significant implications for eLancers and 

MTurk requesters alike. For instance, the findings of this study can not only help workers select 

tasks that are most closely aligned with their personal characteristics, but can also inform 
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requesters about which characteristics should be present in work to attract a specific group of 

workers (e.g., workers with high levels of self-efficacy). Taken together, these findings have the 

potential to benefit many parties in the eLance work environment.  
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Appendices 

Appendix A – Quality Control Assessments 

1. What factors do you consider when selecting HITs on MTurk? 

a. Response format is open ended 

2. For quality control purposes, please select the response that is second from the left. 

a. Response format is on a seven-point Likert scale 

3. Please skip this question and move on to the next question. Do not click on any of the 

responses. This is just to screen out random clicking. 

a. Response format is on a seven-point Likert scale 

4. Which of the following words rhymes with “shoe”?  

a. Sky 

b. Hand 

c. Blue 

d. Phone 
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Appendix B – Personality Measures 

Proactive Personality  

1. I am constantly on the lookout for new ways to improve my life. 

2. Wherever I have been, I have been a powerful force for constructive change. 

3. Nothing is more exciting than seeing my ideas turn into reality. 

4. If I see something I don’t like, I fix it. 

5. No matter what the odds, if I believe in something I will make it happen. 

6. I love being a champion for my ideas, even against others’ opposition. 

7. I excel at identifying opportunities.  

8. I am always looking for better ways to do things. 

9. If I believe in an idea, no obstacle will prevent me from making it happen. 

10.  I can spot a good opportunity long before others can.  

Learning Goal Orientation 

1. I am willing to select a challenging work assignment that I can learn a lot from.  

2. I often look for new opportunities to develop new skills and knowledge.  

3. I enjoy challenging and difficult tasks at work where I’ll learn new skills. 

4. For me, development of my work ability is important enough to take risks. 

5. I prefer to work in situations that require a high level of ability and talent. 

Need for Achievement 

1. I am pleased when I can take on added job responsibilities.  

2. I am always looking for opportunities to improve my skills on the job. 

3. I like to set challenging goals for myself on the job.  
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4. I enjoy situations at work where I am personally responsible for finding solutions to 

problems. 

5. I try very hard to improve on my past performance at work.  

6. I get the most satisfaction when completing job assignments that are fairly difficult. 

7. I want frequent feedback on how I am doing on the job. 

8. I do my best work when my job assignments are fairly difficult. 

Self-Efficacy 

1. I will be able to achieve most of the goals that I have set for myself. 

2. When facing difficult tasks, I am certain that I will accomplish them. 

3. In general, I think that I can obtain outcomes that are important to me. 

4. I believe I can succeed at most any endeavor to which I set my mind. 

5. I will be able to successfully overcome many challenges.  

6. I am confident that I can perform effectively on many different tasks. 

7. Compared to other people, I can do most tasks very well. 

8. Even when things are tough, I can perform quite well.  

Psychological Capital 

1. I feel confident analyzing a long-term problem to find a solution. 

2. I feel confident in representing my work area in meetings with management. 

3. I feel confident contributing to discussions about the company’s strategy. 

4. I feel confident helping to set targets/goals in my work area. 

5. I feel confident contacting people outside the company (e.g., suppliers, customers) to 

discuss problems. 

6. I feel confident presenting information to a group of colleagues. 



ELANCE WORK DESIGN 104 

7. If I should find myself in a jam at work, I could think of many ways to get out of it. 

8. At the present time, I am energetically pursuing my work goals. 

9. There are lots of ways around any problem. 

10. Right now I see myself as being pretty successful at work. 

11. I can think of many ways to reach my current work goals. 

12. At this time, I am meeting the work goals that I have set for myself.  

13. When I have a setback at work, I have trouble recovering from it, moving on. (R) 

14. I usually manage difficulties one way or another at work. 

15. I can be “on my own,” so to speak, at work if I have to. 

16. I usually take stressful things at work in stride. 

17. I can get through difficult times at work because I’ve experienced difficulty before. 

18. I feel I can handle many things at a time in my job. 

19. When things are uncertain for me at work, I usually expect the best. 

20. If something can go wrong for me work-wise, it will. (R) 

21. I always look on the bright side of things regarding my job. 

22. I’m optimistic about what will happen to me in the future as it pertains to work.  

23. In my job, things never work out the way I want them to (R). 

24. I approach my job as if “every cloud has a silver lining.” 

(R) indicates a reverse coded item 

The Big Five Traits 

1. I am the life of the party.  

2. I sympathize with others’ feelings.  

3. I get chores done right away.  
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4. I have frequent mood swings. 

5. I have a vivid imagination. 

6. I don’t talk a lot. 

7. I am not interested in other people’s problems. 

8. I often forget to put things back in their proper place. 

9. I am relaxed most of the time. 

10. I am not interested in abstract ideas. 

11. I talk to a lot of different people at parties. 

12. I feel others’ emotions. 

13. I like order. 

14. I get upset easily. 

15. I have difficulty understanding abstract ideas. 

16. I keep in the background.  

17. I am not really interested in others.  

18. I make a mess of things.  

19. I seldom feel blue. 

20. I do not have a good imagination. 

Prosociality 

1. It is important to me to make a real difference in people’s lives through my work. 

2. At work, I care about improving the welfare of other people. 

3. One of my objectives at work is to make a positive difference in others’ lives.  
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Appendix C  - Work Essentiality Measures 

Financial Need Self-Report 

When answering the following questions, consider essential expenses to be bills such as utilities 

or rent/mortgage and nonessential expenses to be voluntary expenditures such as concert tickets.  

Without the income provided by your work on MTurk, how would you classify your financial 

need?  

I would be able to pay for... 

1. All essential expenses 

2. Most essential expenses 

3. Some essential expenses 

4. No essential expenses  

I would be able to pay for... 

1. All nonessential expenses 

2. Most nonessential expenses 

3. Some nonessential expenses 

4. No nonessential expenses 

Perceptions of Work 

1. Job – Person A works primarily to earn enough money to support their life outside of 

their job. If they were financially secure, they would no longer continue with their 

current line of work, but would really rather do something else instead. Person A’s 

job is basically a necessity of life, a lot like breathing or sleeping. They often wish the 

time would pass more quickly at work. They greatly anticipate weekends and 

vacations. If Person A lived their life over again, they probably would not go into the 
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same line of work. They would not encourage their friends and children to enter their 

line of work. Person A is very eager to retire. 

2. Career – Person B basically enjoys their work, but does not expect to be in their 

current job five years from now. Instead, they plan to move on to a better, higher 

level job. They have several goals for their future pertaining to the positions they 

would eventually like to hold. Sometimes their work seems a waste of time, but they 

know that they must do sufficiently well in their current position in order to move on. 

Person B can’t wait to get a promotion. For them, a promotion means recognition of 

their good work, and is a sign of their success in competition with their coworkers.  

3. Calling – Person C’s work is one of the most important parts of their life. They are 

very pleased that they are in this line of work. Because what they do for a living is a 

vital part of who they are, it is one of the first things they tells people about themself. 

They tend to take their work home with them and on vacations, too. The majority of 

their friends are from their place of employment, and they belong to several 

organizations and clubs relating to their work. Person C feels good about their work 

because they love it, and because they think it makes the world a better place. They 

would encourage their friends and children to enter their line of work. Person C 

would be pretty upset if they were forced to stop working, and they are not 

particularly looking forward to retirement.  
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Appendix D – Task Characteristic Items 

Work Scheduling Autonomy 

1. HITs that allow me to make my own decisions about how to schedule my work. 

2. HITs that allow me to decide on the order in which things are done on the job. 

3. HITs that allow me to plan how I do my work. 

Decision-Making Autonomy 

1. HITs that give me a chance to use my personal initiative or judgment in carrying out the 

work. 

2. HITs that allow me to make a lot of decisions on my own. 

3. HITs that provide me with significant autonomy in making decisions. 

Work Methods Autonomy 

1. HITs that allow me to make decisions about what methods I use to complete my work. 

2. HITs that give me considerable opportunity for independence and freedom in how I do 

the work. 

3. HITs that allow me to decide on my own how to go about doing my work. 

Task Variety 

1. HITs that involve a great deal of task variety. 

2. HITs that involve doing a number of different things. 

3. HITs that require the performance of a wide range of tasks. 

4. HITs that involve performing a variety of tasks. 

Task Significance  

1. HITs in which the results are likely to significantly affect the lives of other people. 
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2. HITs in which the HIT itself is very significant and important in the broader scheme of 

things. 

3. HITs that have a large impact on people outside the organization/requester. 

4. HITs in which the work performed has a significant impact on people outside the 

organization/requester. 

Task Identity 

1. HITs that involve completing a piece of work that has an obvious beginning and end.  

2. HITs that are arranged so that I can do an entire piece of work from beginning to end. 

3. HITs that provide me the chance to completely finish the pieces of work I begin. 

4. HITs that allow me to complete work I start.  

Feedback from the Job 

1. HITs in which the HIT itself provides direct and clear information about the effectiveness 

(e.g., quality and quantity) of my performance. 

2. HITs in which the HIT itself provides feedback on my performance. 

3. HITs in which the HIT itself provides me with information about my performance. 

Task Clarity 

1. HITs in which there are clear planned goals and objectives. 

2. HITs in which I know exactly what is expected of me. 

3. HITs in which I know what my responsibilities are. 

4. HITs in which I feel certain about how much responsibility I have. 

5. HITs in which my responsibilities are clearly defined. 

Included in second survey only following the selection of task characteristic items: If desired, 

use the space below to share any factors that may have prevented you from participating in HITs 
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with the above characteristics (e.g., no HITs that allowed for decision-making were available in 

the past 14 days).  
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Appendix E - Turnover Intentions 

1. In the next few months I intend to stop working through MTurk. 

2. In the next few years I intend to stop working through MTurk. 

3. I occasionally think about stopping my work through MTurk. 

4. I’d like to continue completing work through MTurk until I reach retirement age (R). 
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Appendix F - Demographics 

1. Please report your age in years.  

Text response: _________ 

2. Please select which best describes you: 

Male 

Female 

Non-binary  

Prefer to self-describe: _______________ 

Prefer not to say  

3. Please select all of the following that apply to you: 

White 

Black or African American 

Hispanic or Latino 

Asian  

American Indian and Alaska Native 

Native Hawaiian and Other Pacific Islander 

Other (please specify): _______________ 

4. Please identify your highest level of education. 

Some high school 

High school degree/GED 

Some college, no degree 

Associate's degree 

Bachelor's degree 
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Master's degree 

Doctoral degree 

Professional degree 

5. What is your marital status?  

Single, never married 

Married or domestic partnership 

Widowed  

Divorced 

Separated  

6. How many children under the age of 18 reside in your household?  

Text response: _________ 

7. How many individuals in your household work at least 20 hours per week?  

Text response: _________ 

8. How many hours per week do you typically work on MTurk?  

Text response: _________ 

9. How many hours per week do you typically work in jobs outside of MTurk?  

Text response: _________ 

10. Aside from working on MTurk, how many other sources of work-related income do you 

have?  

Text response: ______ 

11. How many approved HITs have you completed on MTurk? 

Text response: ______ 
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12. What types of HITs do you typically complete on MTurk (e.g., image tagging, surveys, 

audio transcription HITs)? 

13. How many approved HITs have you completed on MTurk in the last 14 days? (question 

included in second survey only) 

Text response: ______ 
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Tables 
Table 1 
Descriptive Statistics and Scale Reliabilities for all Study Variables 
 

Variable M SD 1 2 3 4 5 6 7 8 
1. Proactive personality 5.18 0.98 -- -- -- -- -- -- -- -- 
2. Learning goal orientation 5.42 1.10 .70** -- -- -- -- -- -- -- 
3. Need for achievement 5.30 1.02 .73** .87** -- -- -- -- -- -- 
4. Learning goal 

orientation/Need for 
achievement parcel 

5.36 1.02 .74** .97** .96** -- -- -- -- -- 

5. Self-efficacy 5.50 0.95 .72** .63** .61** .64** -- -- -- -- 
6. Psychological capital 5.26 0.88 .70** .69** .68** .71** .82** -- -- -- 
7. Extraversion 3.75 1.43 .38** .39** .35** .38** .38** .43** -- -- 
8. Agreeableness 5.24 1.19 .26** .29** .35** .33** .29** .38** .25** -- 
9. Conscientiousness 5.18 1.17 .23** .12* .15** .14* .36** .40** .06 .33** 
10. Neuroticism 3.30 1.44 -.24** -.22** -.19** -.21** -.44** -.54** -.21** -.18** 
11. Openness 5.06 1.34 .22** .28** .25** .27** .23** .29** .23** .46** 
12. Prosociality 5.40 1.28 .59** .59** .61** .62** .45** .48** .36** .46** 

13. Financial need index  
-0.14 (T1) 
-0.16 (T2) 

1.23 
1.19 .08 .07 .06 .07 .10 .02 .09 -.17** 

14. Financial need self-report  
2.34 (T1) 
2.36 (T2) 

0.85 
0.85 -.19** -.26** -.26** -.27** -.28** -.36** -.07 -.12* 

15. Perceptions of work – job  
3.82 (T1) 
3.88 (T2) 

1.78 
1.90 -.21** -.27** -.22** -.25** -.31** -.42** -.17** -.20** 

16. Perceptions of work – career  
4.10 (T1) 
4.13 (T2) 

1.74 
1.75 .22** .18** .21** .20** .11* .03 .25** -.03 

17. Perceptions of work – calling  
3.81 (T1) 
3.81 (T2) 

1.87 
1.91 .35** .38** .36** .38** .32** .30** .23** -.01 

18. Attraction – autonomy  
5.73 (T1) 
5.63 (T2) 

0.87 
0.85 .43** .42** .46** .46** .37** .38** .23** .31** 

19. Attraction – task variety  
5.29 (T1) 
5.18 (T2) 

1.27 
1.25 .47** .54** .56** .57** .48** .46** .32** .32** 
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Table 1 (continued) 

Variable M SD 1 2 3 4 5 6 7 8 

20. Attraction – task significance 
5.28 (T1) 
5.32 (T2) 

1.16 
1.21 .44** .46** .48** .48** .34** .37** .27** .41** 

21. Attraction – task identity  
5.89 (T1) 
5.84 (T2) 

0.89 
0.91 .27** .34** .38** .38** .30** .32** .04 .35** 

22. Attraction – feedback  
5.69 (T1) 
5.69 (T2) 

1.07 
1.03 .29** .34** .37** .37** .30** .24** .06 .22** 

23. Attraction - task clarity  
5.99 (T1) 
6.01 (T2) 

0.88 
0.83 .24** .25** .27** .27** .27** .27** -.01 .34** 

24. Selection – autonomy  
4.86 (T1) 
4.77 (T2) 

1.29 
1.27 .43** .35** .39** .39** .38** .31** .25** .04 

25. Selection – task variety 
4.84 (T1) 
4.70 (T2) 

1.26 
1.31 .43** .41** .45** .44** .41** .33** .27** .10 

26. Selection – task significance  
4.51 (T1) 
4.36 (T2) 

1.45 
1.46 .41** .31** .39** .36** .29** .24** .21** .09 

27. Selection – task identity  
5.57 (T1) 
5.55 (T2) 

1.01 
1.04 .30** .32** .33** .33** .30** .32** .16** .14* 

28. Selection – feedback  
4.68 (T1) 
4.54 (T2) 

1.37 
1.39 .37** .32** .37** .36** .36** .29** .23** -.04 

29. Selection – task clarity  
5.50 (T1) 
5.49 (T2) 

0.92 
0.93 .33** .34** .33** .35** .39** .34** .20** .21** 

30. Turnover intentions 
2.84 (T1) 
2.85 (T2) 

1.35 
1.41 -.15** -.15** -.21** -.20** -.24** -.28** -.02 -.20** 

31. Number of HITs completed 
in the last 14 days 
(transformed) 

2.27 0.58 .06 .06 .10 .08 .02 .04 -.06 .02 
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Table 1 (continued) 
Variable 9 10 11 12 13 14 15 16 17 18 

1. Proactive personality -- -- -- -- .09 -.18** -.22** .28** .31** .38** 
2. Learning goal orientation -- -- -- -- .09 -.19** -.25** .26** .33** .39** 
3. Need for achievement -- -- -- -- .07 -.20** -.24** .25** .31** .37** 
4. Learning goal orientation/Need for 

achievement parcel 
-- -- -- -- .08 -.21** -.25** .26** .33** .39** 

5. Self-efficacy -- -- -- -- .10 -.26** -.30** .17** .25** .35** 
6. Psychological capital -- -- -- -- .05 -.27** -.37** .09 .27** .31** 
7. Extraversion -- -- -- -- .08 -.14** -.11 .22** .23** .26** 
8. Agreeableness -- -- -- -- -.10 -.13* -.27** -.01 .05 .20** 
9. Conscientiousness -- -- -- -- -.16** -.18** -.20** -.17** -.05 .06 
10. Neuroticism -.42** -- -- -- .07 .26** .28** .11* -.18** -.08 
11. Openness .25** -.22** -- -- -.17** -.08 -.19** -.02 -.01 .18** 
12. Prosociality .10 -.07 .21** -- .12* -.18** -.18** .19** .32** .36** 
13. Financial need index  -.17** .07 -.22** .08 .84** .03 -.02 .14** .08 .12** 
14. Financial need self-report -.17** .25** -.07 -.07 .06 .61** .20** -.03 -.15** -.13* 
15. Perceptions of work – job -.24** .37** -.20** -.16** -.03 .20** .59** -.05 -.34** -.06 
16. Perceptions of work – career  -.14** .10 .02 .11* .10 .09 .12* .46** .11 .08 

17. Perceptions of work – calling -.06 -.09 -.10 .40** .17** -.06 -.28** .09 .57** .20** 

18. Attraction – autonomy  .15** -.13* .30** .40** -.01 -.11* -.10 .07 .16** .63** 
19. Attraction – task variety  .13* -.17** .15** .48** .07 -.18** -.11 .17** .29** .49** 
20. Attraction – task significance  .09 -.04 .24** .61** -.04 -.13* -.12* .08 .26** .44** 
21. Attraction – task identity  .20** -.06 .21** .36** -.08 -.15* -.07 .02 .12* .61** 
22. Attraction – feedback  .14* .02 .12* .32** .05 -.11* -.05 .05 .17** .48** 
23. Attraction - task clarity .24** -.09 .24** .22** -.15** -15** -.10 -.04 -.02 .55** 
24. Selection – autonomy -.03 -.04 .05 .37** .12* -.05 -.10 .18** .26** .49** 
25. Selection – task variety -.01 -.07 .05 .44** .13* -.02 -.12* .20** .37** .40** 
26. Selection – task significance  -.05 .04 .03 .41** .07 .00 -.07 .16** .25** .40** 
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Table 1 (continued) 
Variable 9 10 11 12 13 14 15 16 17 18 

27. Selection – task identity  .11 -.17** .16** .25** .01 -.06 -.13* .05 .14* .47** 
28. Selection – feedback -.09 -.04 -.03 .31** .15** -.06 -.11* .23** .30** .31** 
29. Selection – task clarity .12* -.11 .15** .30** .03 -.11 -.14* .11* .16** .51** 
30. Turnover intentions  -.28** .19** -.16** -.09 -.03 .16** .24** .05 -.06 -.20** 
31. Number of HITs completed in the 

last 14 days (transformed) 
.01 .04 -.02 .00 -.03 .08 -.01 -.01 -.05 .10 
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Table 1 (continued) 

Variable 19 20 21 22 23 24 25 26 27 28 
1. Proactive personality .34** .36** .20** .26** .21** .36** .41** .43** .25** .38** 
2. Learning goal orientation .39** .38** .20** .27** .18** .31** .37** .29** .24** .30** 
3. Need for achievement .42** .40** .23** .34** .24** .32** .42** .36** .23** .34** 
4. Learning goal orientation/Need for 

achievement parcel 
.42** .40** .22** .31** .22** .33** .40** .33** .24** .33** 

5. Self-efficacy .32** .25** .24** .19** .25** .33** .34** .27** .25** .25** 
6. Psychological capital .25** .23** .20** .15** .22** .23** .26** .21** .24** .18** 
7. Extraversion .19** .19** .08 .00 -.05 .20** .20** .20** .10 .21** 
8. Agreeableness .15** .25** .19** .11 .27** .02 .05 .00 .12* -.04 
9. Conscientiousness -.05 -.04 .07 .08 .17** -.08 -.02 -.08 .12* -.07 
10. Neuroticism -.08 .06 -.06 .03 -.10 -.01 -.01 .06 -.12* .10 
11. Openness .03 .14* .08 .08 .20** .03 .00 -.02 .13* .03 
12. Prosociality .35** .44** .22** .23** .23** .33** .42** .32** .20** .32** 
13. Financial need index  .12* .06 .01 .04 .00 .16** .17** .12** .07 .19** 
14. Financial need self-report -.09 -.10 -.11* -.09 -.06 -.06 .01 .02 -.05 -.02 
15. Perceptions of work – job -.06 -.12* -.04 -.03 -.05 -.02 -.02 -.03 .01 .09 
16. Perceptions of work – career  .21** .17** .02 .16** .03 .28** .32** .32** .04 .33** 
17. Perceptions of work – calling .29** .26** .10 .08 .02 .27** .26** .31** .08 .16** 
18. Attraction – autonomy  .44** .51** .54** .39** .46** .51** .32** .37** .41** .30** 
19. Attraction – task variety  .59** .46** .28** .33** .15** .40** .62** .39** .25** .35** 
20. Attraction – task significance  .50** .63** .40** .37** .33** .39** .37** .52** .32** .32** 
21. Attraction – task identity  .43** .38** .53** .46** .64** .28** .16** .15** .54** .14* 
22. Attraction – feedback  .38** .37** .58** .51** .47** .29** .26** .30** .41** .36** 
23. Attraction - task clarity  .25** .29** .70** .60** .64** .19** .12* .12* .45** .10 
24. Selection – autonomy .35** .29** .25** .29** .18** .67** .66** .69** .44** .70** 
25. Selection – task variety  .59** .40** .30** .34** .19** .71** .71** .65** .32** .65** 
26. Selection – task significance  .39** .50** .21** .30** .17** .63** .65** .70** .36** .67** 
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Table 1 (continued) 
Variable 19 20 21 22 23 24 25 26 27 28 

27. Selection – task identity  .26** .25** .46** .32** .42** .49** .41** .38** .56** .41** 
28. Selection – feedback  .37** .27** .13* .31** .08 .70** .70** .67** .42** .63** 
29. Selection – task clarity  .34** .32** .40** .31** .47** .56** .46** .45** .61** .36** 
30. Turnover intentions  -.22** -.14** -.28** -.29** -.29** -.07 -.11* -.06 -.15** -.06 
31. Number of HITs completed in the 
last 14 days (transformed) 

.04 .02 .10 .14* .17** .04 .10 .09 -.08 .04 
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Table 1 (continued) 
Variable 29 30 

1. Proactive personality .34** -.19** 
2. Learning goal orientation .30** -.23** 
3. Need for achievement .29** -.21** 
4. Learning goal orientation/need for achievement parcel .30** -.22** 
5. Self-efficacy .36** -.29** 
6. Psychological capital .30** -.33** 
7. Extraversion .22** -.05 
8. Agreeableness -.04 -.24** 
9. Conscientiousness .14* -.30** 
10. Neuroticism -.09 .26** 
11. Openness .16** -.16** 
12. Prosociality .24** -.11 
13. Financial need index  .07 -.04 
14. Financial need self-report -.10 .11* 
15. Perceptions of work – job -.01 .30** 
16. Perceptions of work – career  .12* .08 
17. Perceptions of work – calling .08 -.01 
18. Attraction – autonomy  .39** -.18** 
19. Attraction – task variety  .27** -.08 
20. Attraction – task significance  .32** -.12* 
21. Attraction – task identity  .39** -.18* 
22. Attraction – feedback  .29** -.10 
23. Attraction - task clarity  .39** -.19** 
24. Selection – autonomy .52** -.06 
25. Selection – task variety  .36** -.03 
26. Selection – task significance  .42** -.02 
27. Selection – task identity  .69** -.19** 
28. Selection – feedback  .49** .06 
29. Selection – task clarity .57** -.14** 
30. Turnover intentions  -.15** .78** 
31. Number of HITs completed in the last 14 days (transformed) .00 -.09 
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Note. N = 325 for all study variables. M and SD are used to represent mean and standard deviation, respectively. Time 1 scores are 
reported below the diagonal, Time 2 scores are reported above the diagonal for applicable measures. Relationships between Time 1 
and Time 2 measures are reported in the diagonal, when applicable, and are bolded for visibility. * p < .05. ** p < .01.  
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Table 2 
Summary of models tested and comparison statistics 
 

Model 
Number 

Model χ2 df CFI TLI SRMR RMSEA Model 
Comparison 

∆χ2 ∆df 

1a Original model with no 
moderators 

80.95 46 .99 .95 .03 .05 -- -- -- 

1b Original model with 
moderators  544.01 340 .97 .94 .05 .04 -- -- -- 

1c 

Original model with 
variables that had no 
significant paths fixed to 
zero 

1074.71 368 .88 .80 .09 .08 1b to 1c 530.71* 28 

1d 

Original model with 
moderators added on 
personality -> attraction 
paths 

1434.97 890 .95 .91 .08 .04 -- -- -- 

2a  Stability model 429.77 156 .92 .88 .11 .07 -- -- -- 
2b Causal model 1260.61 374 .89 .80 .20 .09 -- -- -- 
2c Reverse causality model 1263.04 374 .89 .80 .20 .09 2b to 2c 2.43 0 

2d Reciprocal model 1250.12 362 .89 .80 .20 .09 
2b to 2d 10.49 12 
2c to 2d 12.92 12 

3a 
Combination of Models 1b 
and 2b 

1813.04 824 .89 .85 .16 .06 -- -- -- 

Note. * indicates a significant difference at the p < .05 level. The bolded text indicates the model that was ultimately was retained for 
hypothesis testing. 
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Table 3  
Parameter estimates for Model 1b 
 

Predictor 
Attraction to 
Autonomy 

Attraction to 
Task Variety 

Attraction to 
Task 

Significance 

Attraction to 
Task Identity 

Attraction to 
Feedback from 

the Job 

Attraction to 
Task Clarity 

b SE b SE b SE b SE b SE b SE 
Proactive personality .10 .08 -.07 .10 .08 .09 -.12† .07 -.05 .09 .00 .08 
Learning goal 
orientation/Need for 
achievement 

.18* .09 .46** .10 .15 .11 .19* .08 .32** .11 .11 .09 

Self-efficacy .06 .09 .30* .13 .03 .12 .12 .09 .29* .13 .12 .10 
Psychological 
capital -.05 .11 -.15 .15 -.02 .16 .10 .14 -.19 .17 .04 .16 

Extraversion -.01 .03 .06 .04 .01 .04 -.11** .04 -.09† .04 -.12** .04 
Agreeableness .07 .05 .13* .06 .14* .06 .13** .05 .07 .06 .16** .05 
Conscientiousness .02 .04 .00 .06 -.02 .06 .07† .04 .09† .05 .09* .04 
Neuroticism .00 .04 .00 .06 .06 .06 .07† .04 .10* .05 .06 .04 
Openness .09* .04 -.05 .06 .04 .05 .02 .04 .01 .05 .06 .04 
Prosociality .10† .06 .14* .07 .35** .07 .12* .05 .10 .07 .01 .05 
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Table 3 (continued)  

Predictor 
Selection of 
Autonomy 

Selection of Task 
Variety 

Selection of Task 
Significance 

Selection of Task 
Identity 

b SE b SE b SE b SE 
Proactive personality .13 .10 .20 .13 .58** .13 .10 .10 
Learning goal orientation/Need for achievement .02 .12 .07 .11 .01 .13 .08 .10 
Self-efficacy .42** .13 .21 .15 .15 .17 .09 .12 
Psychological capital -.20 .16 -.21 .18 -.16 .19 -.02 .14 
Extraversion .04 .05 .01 .05 .07 .06 .01 .05 
Agreeableness -.14* .07 -.19* .07 -.16† .08 -.06 .06 
Conscientiousness -.15* .06 -.03 .07 -.11 .08 .01 .06 
Neuroticism .03 .06 .05 .06 .09 .07 -.03 .05 
Openness -.02 .06 -.04 .05 -.08 .07 .03 .05 
Prosociality .19* .08 .24** .07 .00 .09 .02 .06 
Attraction to autonomy .24** .07 -- -- -- -- -- -- 
Calling x Attraction to autonomy  -.06 .06 -- -- -- -- -- -- 
Financial need x Attraction to autonomy -.03 .06 -- -- -- -- -- -- 
Attraction to task variety  -- -- .29** .06 -- -- -- -- 
Calling x Attraction to task variety -- -- -.10 .07 -- -- -- -- 
Financial need x Attraction to task variety  -- -- .02 .06 -- -- -- -- 
Attraction to task significance -- -- -- -- .27** .06 -- -- 
Calling x Attraction to task significance -- -- -- -- -.16* .06 -- -- 
Financial need x Attraction to task significance   -- -- -- -- -.06 .06 -- -- 
Attraction to task identity -- -- -- -- -- -- .34** .07 
Calling x Attraction to task identity -- -- -- -- -- -- -.02 .06 
Financial need x Attraction to task identity -- -- -- -- -- -- -.02 .06 
Number of HITs completed in last 14 days .15 .11 .20 .13 .18 .14 -.04 .11 
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Table 3 (continued) 

Predictor 
Selection of Feedback 

from the Job 
Selection of Task 

Clarity 
Turnover Intentions 

b SE b SE b SE 
Proactive personality .36** .12 .13 .08 .05 .14 
Learning goal orientation/Need for achievement .10 .12 .03 .09 -.09 .13 
Self-efficacy .15 .15 .24** .09 -.04 .15 
Psychological capital -.15 .17 -.11 .12 -.25 .19 
Extraversion .11† .06 .07 .04 .06 .06 
Agreeableness -.25** .08 .05 .06 -.10 .09 
Conscientiousness -.04 .08 .01 .05 -.17* .08 
Neuroticism .15* .06 .04 .04 .06 .06 
Openness .03 .06 .01 .04 -.01 .07 
Prosociality .20* .08 -.02 .06 .10 .10 
Attraction to autonomy -- -- -- -- .12 .12 
Attraction to task variety -- -- -- -- -.10 .09 
Attraction to task significance -- -- -- -- .01 .09 
Attraction to task identity -- -- -- -- -.01 .14 
Attraction to feedback from the job .05 .05 -- -- -.19* .09 
Attraction to task clarity -- -- .19** .06 -.07 .13 
Selection of autonomy -- -- -- -- -.15 .09 
Selection of task variety -- -- -- -- .05 .10 
Selection of task significance -- -- -- -- -.02 .09 
Selection of task identity -- -- -- -- -.14 .10 
Selection of feedback from the job -- -- -- -- .19* .08 
Selection of task clarity -- -- -- -- .03 .12 
Calling x Attraction to feedback from the job -.04 .06 -- -- -- -- 
Financial need x Attraction to feedback from the job -.04 .05 -- -- -- -- 
Calling x Attraction to task clarity -- -- .00 .06 -- -- 
Financial need x Attraction to task clarity -- -- -.07 .05 -- -- 
Number of HITs completed in last 14 days .12 .15 -.02 .08 -.01 .12 

Note. ** denotes significance at the p < .01 level, * denotes significance at the p < .05 level, and † denotes marginal significance at the 
p < .10 level. 
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Table 4 
Indirect effects tested for the mediation model 
 

Indirect effect b SE CI (lower, 
upper) 

Learning goal orientation/Need for achievement ® Attraction to autonomy ® Selection of autonomy 
® Turnover intentions 

-.01 .01 -.02, .00 

Learning goal orientation/Need for achievement ® Attraction to task variety ® Selection of task 
variety ® Turnover intentions 

.01 .02 -.02, .04 

Learning goal orientation/Need for achievement ® Attraction to task identity ® Selection of task 
identity ® Turnover intentions 

-.01 .01 -.03, .00 

Learning goal orientation/Need for achievement ® Attraction to feedback from the job ® Selection of 
feedback from the job ® Turnover intentions 

.00 .00 .00, .01 

Self-efficacy ® Attraction to task variety ® Selection of task variety ® Turnover intentions .01 .01 -.01, .03 
Self-efficacy ® Attraction to feedback from the job ® Selection of feedback from the job ® Turnover 
intentions 

.00 .00 .00, .01 

Extraversion ® Attraction to task variety ® Selection of task variety ® Turnover intentions .01 .01 .00, .02 
Extraversion ® Attraction to feedback from the job ® Selection of feedback from the job ® Turnover 
intentions 

.00 .00 -.01, .00 

Extraversion ® Attraction to task clarity ® Selection of task clarity ® Turnover intentions .00 .00 -.01, .01 
Agreeableness ® Attraction to task variety ® Selection of task variety ® Turnover intentions .00 .00 -.01, .01 
Agreeableness ® Attraction to task significance ® Selection of task significance ® Turnover 
intentions 

.00 .00 -.01, .01 

Agreeableness ® Attraction to task identity ® Selection of task identity ® Turnover intentions -.01 .01 -.02, .00 
Agreeableness ® Attraction to task clarity ® Selection of task clarity ® Turnover intentions .00 .00 -01, .01 
Conscientiousness ® Attraction to task clarity ® Selection of task clarity ® Turnover intentions .00 .00 .01, .00 
Neuroticism ® Attraction to feedback from the job ® Selection of feedback from the job ® Turnover 
intentions 

.00 .00 .00, .01 

Openness ® Attraction to autonomy ® Selection of autonomy ® Turnover intentions .00 .00 -.01, .00 
Prosociality ® Attraction to task variety ® Selection of task variety ® Turnover intentions .00 .01 -.01, .02 
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Table 4 (continued)  

Indirect effect b SE CI (lower, 
upper) 

Prosociality ® Attraction to task significance ® Selection of task significance ® Turnover intentions .00 .01 -.02, .02 
Prosociality ® Attraction to task identity ® Selection of task identity ® Turnover intentions -.01 .01 -.02, 00 
Learning goal orientation/Need for achievement ® Attraction to autonomy ® Selection of autonomy  .04 .02 .00, .11 
Learning goal orientation/Need for achievement ® Attraction to task variety ® Selection of task 
variety  

.13** .04 .06, .23 

Learning goal orientation/Need for achievement ® Attraction to task identity ® Selection of task 
identity  

.06* .03 .01, .14 

Learning goal orientation/Need for achievement ® Attraction to feedback from the job ® Selection 
of feedback from the job  

.02 .02 -.02, .05 

Self-efficacy ® Attraction to task variety ® Selection of task variety  .09* .04 .01, .17 
Self-efficacy ® Attraction to feedback from the job ® Selection of feedback from the job  .02 .02 -.01, .06 
Extraversion ® Attraction to task variety ® Selection of task variety  -.04* .02 -.07, -.01 
Extraversion ® Attraction to feedback from the job ® Selection of feedback from the job  -.01 .01 -.02, .00 
Extraversion ® Attraction to task clarity ® Selection of task clarity  -.02* .01 -.04, -.01 
Agreeableness ® Attraction to task variety ® Selection of task variety  .04 .02 .00, .08 
Agreeableness ® Attraction to task significance ® Selection of task significance .04 .02 .00, .09 
Agreeableness ® Attraction to task identity ® Selection of task identity .05* .02 .02, .09 
Agreeableness ® Attraction to task clarity ® Selection of task clarity  .03* .01 .01, .06 
Conscientiousness ® Attraction to task clarity ® Selection of task clarity  .02 .01 .00, .04 
Neuroticism ® Attraction to feedback from the job ® Selection of feedback from the job  .01 .01 .00, .02 
Openness ® Attraction to autonomy ® Selection of autonomy  .02 .01 .00, .05 
Prosociality ® Attraction to task variety ® Selection of task variety  .04 .03 .00, .10 
Prosociality ® Attraction to task significance ® Selection of task significance  .10** .03 .05, .15 
Prosociality ® Attraction to task identity ® Selection of task identity  .04* .02 .01, .09 

Note. Indirect effects were only examined for significant regression paths in the path analysis. * denotes significance at the p < .05 
level and ** denotes significance at the p < .01 level.  
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Table 5 

Researcher guide to designing MTurk HITs, summarizing which task characteristics were 

demonstrated to attract specific types of worker personalities 

 

Attraction characteristic Personality factor Relationship 

Autonomy 

Learning goal orientation/Need 

for achievement composite 
Positive 

Openness Positive 

Task variety 

Learning goal orientation/Need 

for achievement composite 
Positive 

Self-efficacy Positive 

Agreeableness Positive 

Prosociality Positive 

Task significance 
Agreeableness Positive 

Prosociality Positive 

Task identity 

Learning goal orientation/Need 

for achievement composite 
Positive 

Extraversion Negative 

Agreeableness Positive 

Prosociality Positive 

Feedback from the job 

Learning goal orientation/Need 

for achievement composite 

Positive 

Self-efficacy Positive 

Neuroticism Positive 

Task clarity 

Extraversion Negative 

Agreeableness Positive 

Conscientiousness Positive 
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Figures 

 

Figure 1. An eLance work design framework proposed by Schroeder, Bricka, & Whitaker (2021).  

Reprinted from Human Resource Management Review, Volume 31, Work Design in a Digitized Gig Economy, p. 100692, Copyright 

(2021). https://doi.org/10.1016/j.hrmr.2019.100692. Permission not required from Elsevier due to reproduction of author’s own 

material.  
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Figure 2. The proposed eLance work design model which incorporates ASA theory tenets into aspects of Schroeder et al.’s (2021) 

model. 
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Figure 3. The results of Model 1b, with only significant paths depicted in the figure.  
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Figure 4. Interactive effects of holding a calling perception of work and attraction to task significance on selection of task 

significance.  
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Figure 5. Interactive effects of holding a career perception of work and attraction to task variety on selection of task variety.   
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